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Abstract

Many researchers have tried to compare the vallevarece of accounting
information under national GAAP with that of thewlg implemented IFRS in EU
countries. However, due to the unavailability otad#hey limited their studies to
either analysing reconciliations from national GA&APIFRS or examining firms that
voluntarily adopted IFRS before th& January 2005.

The novelty of this research is that it comparesuahaccounts of firms for the pre
and post IFRS period and examines the change inale relevance of accounting
information. The theoretical framework of the reggion model comes from Ohlson
(1995). The data consists of 50 firms in each otegkrcountry (i.e. the UK, the
Netherlands, Germany, and France) that are testexd4 year period (2003-2006).
The results of this study are intriguing. Thereamsobserved overall increase in the
value relevance of accounting information. Howetee magnitude of the change is
not the same for all countries. Countries likenf€ég which were initially sceptical to
the idea of applying international standards, iat#id higher levels of value relevance
of accounting information than the UK and the Nddrmds. Germany was the
country with the highest number of early IAS adogpteAlthough such firms were
excluded from the sample, Germany emphatically ne@taone of the countries with
the highest level of value relevance of accouniigrmation. On the other hand, the
UK and the Netherlands were the countries withhiglest positive change in value
relevance between the pre and post IFRS periodsurd-research will tell whether
the observed overall increase, during the tramsiIFRS period, in the value
relevance of accounting information will become andg-term trend for these

countries.
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CHAPTER 1 - OVERVIEW OF THE STUDY

1.1. Introduction

Accounting culture and legislation developed inudtegdistinct way around Europe.
This fact obliged users of the accounts that ne¢d@xXamine financial statements in
another country to have to be educated about davatianal GAAPS. In many cases
investors found it extremely demanding and difficid make judgements about a
foreign firm’s financial reporting or even make ssecountry firm comparisons.

As international trade increased and multinatioaeaterprises started to expand
around the globe, the need to harmonise accoumtiagtices started to emerge.
International companies with subsidiaries in maoyrdries also found it expensive to
prepare financial reports in each country. In addijt accounting legislation was
different, making it very difficult for MNE’s compaes to cope with transforming
their subsidiary’s accounts each time to matcledffit accounting practices.
International Financial Reporting Standards wergoduced in all EU countries’
consolidated accounts from th€' January 2005, as an attempt to harmonise
accounting practices and add value to the Europeamergence. The aim of this
research is to shed light on whether IFRS are magdg increase value relevance of
accounting information in some major European coesit

First attempts to harmonise accounting practices te quite “weak” forms of
harmonisation. In the early stages EU leaders wsreptical of the idea of
harmonisation as countries were not willing to dngpional legislation and practices
in favour of adopting international standards. Aligh EU Directives first established

the basis for harmonising accounting, many cousitigégluced their importance using



a policy of exemptions and constraints. But thiscice was not only followed in the
EU. IASC also faced problems at the beginning®€itistence as many companies in
European countries started to use a “regulatoryrgipecking” policy towards the
adoption of the standards, which led to the devakaqt of “IAS-lite” and the revision
of IAS 1. Companies that comply with IFRS shouldvadays make an explicit and
unreserved statement in the notes to that effdaizhwhighlights their compliance to
the full set of international accounting standaiss might have been unintentional,
i.e. by not having adequate information or educatio implementing IAS. On the
other hand, a number of companies intentionallyieggsome of the standards and
declared compliance with IFRSs when this was ratyr¢éhe case.

Nevertheless, over that period countries startedirtderstand the importance of
harmonising accounting practices. Two importantitinsons have taken the lead in
this, i.e. IASB in Europe and FASB in the US. Theus of this study will be on the
changes IFRS introduced into the EU from tiieJanuary 2005 in four selected
countries — the UK, the Netherlands, Germany aadde.

These changes in financial reporting across thec&lihtries are expected to affect
not only the users of the accounts like investacgountants, auditors, governments
but also other institutions like stock exchangeshasic aim of this study will be to
examine the effects of the value relevance of aumog information after the
introduction of IFRS. More specifically, it will $& whether after the implementation
of those standards, the association between thedatpanies’ stock price and their
financial reporting will increase. If this happetisen IASB will have accomplished
one of the main purposes of its existence; to lielancial statement users make

investment decisions based on a fair presentafionrapanies’ accounts.



The research question of this study, which is basethe aforementioned argument,

is:

“Are International Financial Reporting Standards meo value-relevant than

European national GAAPs?”

1.2. Objectives of the study

Therefore, the main objective of the study is tnitify changes in the value relevance
of accounting information from the transition framational GAAPs to IFRS in EU
countries. More specifically, the study will camyt an in-depth examination of the
following issues:

(1) Compare the degree of change in the value relevahcaccounting
information before and after the introduction oR for the observed EU
countries.

(i) Examine the value relevance in investor orientedoacting systems
under IFRS compared to that of creditor orientembanting systems.

(i)  Analyse the effects of value relevance on smalldioma and large
capitalisation firms before and after IFRS.

(iv)  Examine the suggested increase in the value ratevahbook values as

compared with earnings in the observed EU countries



1.3. Importance of the study

Many studies have argued that it is very importanexamine the effects of the
transition, from national GAAPs into IFRS, in th& EThis study adds value to the
literature that studies the implementation of natennational standards focusing on
the change in the value relevance of accountirgyimtion.

The globalisation of capital markets leaded investoe far more careful in the
investment choices they make asking for certaimaniaes upon the financial “well-

being” of foreign companies. The introduction ofnmeaonly applied international

accounting standards fills investors’ need forvatee, reliability and comparability

of financial reporting across the EU.

The examination of IFRS is important as it chanfgesncial reporting in EU. It can

be suggested that IFRS are a huge step towardstegration. A lot of papers argue
that as the same accounting practices will be contyrapplied in the EU, the volume
of trade within the EU will increase (investors maronfident in investing in other

countries as they can more easily comprehend forfigns’ accounts; comparability

is seen as the long-term target) and the cost pitatefor firms will decrease (as

companies with cross-listings will not have to ad#peir accounts to each EU
country’s national GAAP).

However, the IASB will have to demonstrate that fealue accounting will make

financial reporting more reliable and transparentrider to justify the transition from

national GAAPs to IFRS. Moreover, the IASB shougldble to demonstrate that it
can improve relevance and to an extent the valegaece of accounting information,

i.e. the association between financial reporting atock market price. Only when



these issues are realised, will investors in the HeUable to make well-founded
judgements about the companies they want to inmest

In addition, there is an added aspect in making@aats relevant. In 2001, companies
like Enron collapsed. These companies were trymgive a false image of their
financial situation. Although they seem to haveudebts disclosed in their balance
sheet in order to show a “healthier” financial pret, certain accounting standards
promoted by FASB permitted many of their activitike that which permitted the
parent company to keep the finances of the patiet its books for as little as 3
percent equity investment). IASB believes that falue accounting is the only way
such examples will diminish (rules vs. principlesbd accounting). Both accounting
standard setting bodies have taken action in doderake companies reflect their true
economic risk in their accounts. The urge for falue accounting and fair accounts’
representation relates to high value relevance amounting information. More
specifically, if a firm’s stock market performanisea close reflection of its financial
situation and vice versa, international standardks have achieved relevance and
reliability. Consequently, it will be important examine whether IFRS are capable of
increasing the value relevance of accounting in&drom into the observed countries.
Furthermore, except for general economic and fimdreonditions that make this
study significant, it can be suggested that theteng literature has not yet managed
to address the question of whether IFRS are moheeveelevant than national
GAAPs. As already stated, value relevance was lestted by Ohlson (1995).
Afterwards, many studies examined the value relexasf accounting information
within or across different countries (like Penma&@98, Collins et al. 1999, White
1999, Ali and Hwang 2000, Bakshi and Ju 2001, Aucé Mora 2002, Ashbaugh and

Olsson 2002). Some researchers also used a “bafi@rean event” approach to



assess the value relevance of accounting informa@me research (Joos and Land
1994) was measuring the value relevance of acamgntiformation “before and
after” the introduction of EU Directives in seveEalropean countries (Joos and Lang
1994). During the last few years and as the anreprts under IFRS were not yet
available for research (mandatory use took effeomfthe ' January 2005),
researcher were examining differences betweenmadt®AAP and IFRS using firms
that either voluntarily adopted IAS/IFRS beford January 2005 or even used
reconciliation from national GAAP to IFRS reports ineasure the change in the
value relevance of accounting information (Hung &ubremanyam 2004, Lin and
Paananen 2007, Schiebel 2007).

This study’s aim is to compare annual financialorépg data under national GAAP
(accounts year ending 2003 and 2004) with finanogglorting data under IFRS
(accounts year ending 2005 and 2006) for the sample of listed firms within four
observed countries i.e. the UK, the Netherlandsim@ay, and France. Therefore, it is
interesting to observe the transition in this newvaf available data and analyse the

results.

1.4. Limitations of the study

Every research has some limitations to the extkat eéxamines the effects of a
particular phenomenon. These limitations result oaty from the scarcity of
resources, such as time and funds available toegearcher, but also from logistical
problems associated with a large study.

One, a limitation of this study is that four couesr were selected i.e.: the UK, the

Netherlands, Germany, and France. Due to time andirig limitations this research



could not possibly be expanded to cover all thedBUntries that adopted IAS by' 1
January 2005. The size of data required would exs@ed the purpose of this study.
Therefore these results cannot be generalisechéowhole of the EU. However, the
selected countries have firms that concentrate nmbe: 75% of the market
capitalisation inside the European Union.

Furthermore, the sampling technique had some limoita. The research could not
include all listed companies in each EU countryimglae to time constraints and the
size of the sample data, and certain industries toade excluded (intangible-
intensive) to avoid distorting the credibility dfi$ study. Therefore, it cannot be
suggested that these firms are representativeeofotial population of firms in these
countries. Random sampling was used in order ferrdsearch not to be biased.

In addition, the time lag was decided to be fouargeexamining the value relevance
of firms two years before the introduction of IFRZ®03-04) and two years after the
introduction of IFRS (2005-06). The researcher doubt extend at this stage the
study to cover more years (backwards and forwardsg to time and funding
limitations. However, further research is planneaider to observe future changes in
the value relevance of accounting information.

Moreover, the research depends on the assumptidhe cegression model that deals
with the value relevance of accounting informati@mlson’s (1995) linear regression
model refers to three basic assumptions. First, ti@ present value of expected
dividends determines the market value. Second,abebunting data and dividends
satisfy the clean surplus relation, and divideretfuce book value without affecting
current earnings. Third, a linear model framesdioehastic time-series behaviour of
abnormal earnings. Ohlson argued that this modebased on an important

implication; dividends reduce book value but leaugrent earnings unchanged. Many



other factors captured by the standard error catainly play a role in the value
relevance of accounting information and are notwapl by this specific model.

In addition to that, there are some limitationsareling price regression. Kothari and
Zimmerman (1995) did extensive research comparinge rersus return regression
models used in the value relevance of accountifgrrmation literature. Although
they found price regressions less biased on theedlearnings coefficients), they did
identify some problems in White’s (1980) heterossitity. Their suggestion was
that both models should be treated with care gthanhthere are certain econometric
limitations.

It should be also considered that value relevamststusing stock prices as a
benchmark could be presented as imposing a namowsfon how information is
reflected in stock market investors’ expectationlthusen and Watts (2001) suggest
that with a variety of demands for financial repaytfrom parties, other than stock
market investors, value relevance tests may thusede relevant to the goal of
standard setters and the objectives of financipbnteng. Moreover, Morck et al.
(2000) argue that stock prices may incorporatermétion in a different manner
across countries.

Additionally, there was a variety in the propor@bmse of international accounting
standards before the introduction of IAS in theesedd countries (early adoption). For
example, Germany was the country with the higheshber of firms voluntarily
following IAS before 2005 (early adopters) or apptyUS GAAP. Given that for the
two-year period before IFRS only firms followingtimmal GAAP were selected, the
sample of German firms following national GAAP wsmmaller compared to other

countries. However this was the only way to measure the ahcsifect of the

! For more see Table 4 pp.109



transition to IFRS; to juxtapose pre-IFRS firms'cagnts (under national GAAP)
with the post-IFRS results. For the same reasbnan be regarded as limitation that
ADRs were also excluded.

Last but not least, the results for the third hipesis depend on the distinction made
between large, medium, and small capitalisatiomdir The categorisation of firms
according to market capitalisation (top 30% largpit@lisation firms, middle 40%
medium capitalisation firms, bottom 30% small calsgtion firms) was chosen after
considering all other available options analysedcbapter 5. However, it does not
take into account differences in market capitalsatcross these four countries as
well as capitalisation indices that do exist angsthan be presented as a limitation of

this study.

1.5. Framework of the study

The logic behind the analysis of the chaptersesofiowing.

The first chapter provides the reader with someoductory information about this
research. It most importantly analyses the objestias well as the limitations of this
study.

In the second chapter, a partial the history oérmational accounting is presented.
The study then analyses the international diffeeeraes well as the way the demand
for international accounting started to developbstaguently, the researcher refers to
the main players that promoted the harmonisatiea,iflocusing especially on IASB.
Then, key studies about the transition from nali@@aAP to IFRS in EU countries

are examined. The purpose of this chapter isatoiliarise the reader with the



development of the relevant accounting history geddifferent stages that led to the
current accounting scene.

In the third chapter, background information abitwt selected countries is provided.
More specifically, there is a reference to eachntgyts accounting history and an
analysis of the transition to IFRS. This chapteused as a connection between the
theoretical background and what actually took piadhe four observed countries.
The fourth chapter is more specific. An extensivalgsis of the value relevance
literature and some of the most important artidleat drove this research are
highlighted. Various regression models are preskatal the justification behind the
chosen ones is provided. The researcher also egamome possible factors that can
affect value relevance. Then, the hypotheses tesied are presented along with the
reasons that led the hypothesis development. Inesoases, the hypotheses are
divided into sub-hypotheses corresponding to the dbbserved countries.

In the fifth chapter the researcher analyses theptad methodology. More
specifically the regression model that will help asere the value relevance of
accounting information before and after the inttchn of IFRS is explained. The
way the model is decomposed to test the last hgsihis also analysed. The
collection of data as well as the basic steps ef sampling process is illustrated.
Some restrictions and limitations during this psscare identified.

The sixth chapter is divided into two parts. Thestfipart presents the results for
individual countries’ hypotheses while in the setpart there is an analysis about the
results corresponding to group hypotheses. Thiptehands by reviewing the most
important findings of the research.

The last chapter sums up the findings and presamte concluding remarks as well

as some areas for future research.
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CHAPTER 2 — BACKGROUND OF THE STUDY

2.1. Introduction

Accounting has a long history in European countaed can be seen as a major
convergence factor inside the European Union. Tiogrpss over many centuries
from simple local records to internationalisatidraocounting policies has been slow,
but the major influences can be indentified. Adyeas 1970, the American Institute

of Certified Public Accountants (AICPA) defined aocating as:

“... a service activity. Its function is to provideantitative information, primarily financial
in nature, about economic entities that is intentietde useful in making economic decisions,

in making resolved choices among alternative cauddeaction”.

AICPA offered an important insight into what willebregarded as a top priority
among international organisations later on; theuasf preparing financial
information in order to help users of those acceumake wise investment decisions.
It is interesting to observe historically how soroeuntries contributed to the
formulation of today’s accounting. The Romans fastreloped some form of book
keeping and the calculation of profit. In the feemth and fifteenth century the
commercial world paved the way for the accountingfgssion in Italian city states.
The Italian method of double entry bookkeepingtsthto spread around Europe and
gradually to the whole world.

During the nineteenth century, Britain took thedea accounting matters and in the

twentieth century the US followed. Therefore, Eslglibecame established as the
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world’s language of accounting. Various accountiechniques and concepts started

to be imported and exported around the world.

2.2. Causes of international accounting differences

As was briefly stated earlier, accounting systenesewdeveloped quite differently
around the world. This diversity was caused by mlmer of factors that derived from
the economic and political structure of those ddfe countries. These accounting
differences, many times perceived as part of eammtcy’s culture, formed an

obstacle to the harmonisation process. In thisystegal system and environmental
differences are identified among the developmermtcgbunting systems, although the
main emphasis will be on analysing the results thatformer category had and will

have upon accounting practices.

2.2.1. Financial reporting differences

There are two main types of categorisations usezbimparative accounting studies.
Researchers use either legal system differenci$ingpcountries as code or common
law accounting systems, or financial system diffiees which are used to distinguish
between financial reporting systems. Either categtion can lead to different
groupings, although some similarities do exist.isThesearch is employing financial
system differences as a basis of separating thenaa$ countries into different
financial reporting systems, labelling Germany d&fgnce as creditor oriented

countries and the UK and the Netherlands as invesiented ones.

12



Zysman (1983) classified financial systems as abpiarket based, credit based
governmental and credit based financial institigioh capital market based financial
system is one with active liquid markets in whialicgs and thereby resources are
determined by markets (eg. UK and US). Credit bdiseahcial systems have weaker
markets and are normally less liquid. A credit loafseancial governmental system is
one in which prices are influenced by governmegtKence and Japan) and a credit
based financial institutions system is one in wHiolncial institutions are dominant
(eg Germany). While the Netherlands does not havacsive market for corporate
control, Germany and France both have credit-bsadcial systems.

Similarly, according to Nobes (1998) financial rdpw systems should be divided
initially into two classes, named as A and B. Aresponds to what some have called
Anglo-Saxon accounting and B to continental Europé#e suggests that there are
two aspects of financial reporting which can be asefed: measurement and
disclosure. The measurement issues seem to bendnwihe equity/creditor split, and
the disclosure issues by the outsider/insider.split

The structural differences of this categorisatietween investor and creditor oriented

accounting systems can be easily identified inahée below:
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Table 1 — Investor vs. creditor oriented systems

Aspects of Feature Class A — InvestpClass B — creditor
financial oriented oriented
reporting
Measurement Provisions for| Accounting practicg Accounting practice
depreciation and differs from tax rules follows tax rules
pensions
Long-term contracts Percentage ofompleted contract
completion method method
Unsettled currency gains Taken to income Deferred r 0 not
recognised
Legal reserves Not found Required
Profit and loss format Expenses by functioBxpenses recorded Ry
(e.g. cost of sales) nature (e.g. total wages
Cash flow statements Required Not required, foumg o
sporadically
Earnings per shareRequired by listed Not required, found only
disclosure companies sporadically
Disclosure Outsiders Insiders

Examples of countries

UK, Netherlands

Germany, France

Source: Nobes (1998)

The equity/creditor split leads to different kindsobjectives in financial reporting.

Systems serving equity markets are required to igeovelevant information on

performance and the assessment of future cash ffowsler to help with the making

of financial decisions. Systems in a creditor emwment are required to calculate

prudent and reliable distributable (and taxablefiprBy contrast, the outside/inside

split leads to different amounts of information:ewh outsiders are important, there is

a demand for more published financial reporting. sMémes, equity financing

systems are those which are associated with largder of outsiders, so that Class A
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systems are an amalgam of equity and outsiderriEsatlihe opposite is happening for
Class B.

As presented in the table above, the UK and thénddkeinds are categorised as
investor oriented accounting systems, while Germamyg France as creditor

accounting ones.

2.2.2. Environmental differences

One other important factor that had led to theedéhtiation of accounting systems
was definitely culture. Over the years, each cotmitulture started to influence with
the accounting system which was then adjusted é¢odiktinct characteristics and
needs of each nation.

Hofstede’s (1987) cultural dimensions are frequergferred on this issue. Based on
data collected from IBM employees in 1970, Hofstetntified the following four
categories, i.e. individualism versus collectividarge versus small power distance,
strong versus weak uncertainty avoidance, mastyhersus femininity.

Gray (1989) extended the model of Hostede (1987intoculture with accounting

practices. As he explained:

“...the value systems of attitudes of accountants Ineagxpected to be related to and derived
from societal values with special reference to wallated values. Accounting “values” will
in turn impact on accounting systems...”

Gray [198P:5
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Gray defined four accounting values, i.e. professliem, uniformity, conservatism
and secrecy. These values interact with capitaketarto formulate the accounting
systems that include financial reporting practiaed professional structure.

Salter and Niswander (1995) found strong connestinrihe theories of Holstede and
Gray. According to their tested hypotheses theyndothat countries with strong
uncertainty avoidance were likely to develop actimgn systems based on
prescriptive legal requirements and statutory @dnfcreditor oriented countries).
Market capitalisation was significantly and posti correlated to professionalism
and negatively correlated to legal uniformity, cenvatism and secrecy.

These theories support the association betweemreulnd accounting practice
highlighting the role culture plays in formulatindifferences among countries
throughout the world.

Apart from the legal system categorisation, whilelear and easily defined, cultural
differences also play an important role in influegcaccounting practices among
different countries.

Culture managed to lead the way for the harmomisgtrocess through the nations’
interest to discover how other social frameworksengeveloping nearby and around
the world. Characteristic examples can be foundconntries like Germany and
France which developed similar accounting systernsd{tor oriented countries) as
did the UK and Ireland (investor oriented counirigsssibly due to the geographical

position and interaction with of their neighbounsaughout the centuries.
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2.3. Drivers of international accounting

It can be argued that international accountinglmaiseen as a result of globalisation.
Increased trading volume among countries aroundvtirdd and internationalisation
of investment activity are the main reasons why neammon communication

languages needed to be invented and implemented:

“The need for international standards is clear. Bssinesses and trade barriers between
nations become less restrictive, differences amaagonal accounting and auditing
standards become more troubling. International cetition has forced many firms to look
for new markets. It has also led investors to fowathe expansion and modernisation needed
to keep pace and advance in world markets.”

Houston M., Reinstein A., (2001)

In this section some factors that influenced themlmmisation process will be
considered. The way the definition of harmonisatewolved during these years in
order to include the forthcoming fundamental changél also be observed, i.e. the
evolution of multinational enterprises and stock rkets, and the need for

international regulation.
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2.3.1 Multinational enterprises

According to Nobes and Parker (2006), during thestFWorld War, people and
investments started to be exported on a largee soahe rest of the world as the US
emerged as a major industrial power. CountriesthieeUK, the US, Germany, France
and the Netherlands played a major role in expandoreign investment. The
motivation of these countries to increase tradicgviies created Multinational
Enterprises (MNEs) which made their appearancenduhe Second World War. A
multinational corporation is defined in a numbervedys — by its scale of foreign
operations, world-wide distribution of assets, ordlity of owners, suppliers of
capital and employees, and sources of profit. Atet of the MNES’ were really
important to international accounting as they opetiee way for transferring the
accounting technology of one country to anotherweler, MNEs had to prepare
financial statements in accordance with the laws @mactices of their home
countries, so the users of financial accounts @esidnvestors, and managers) had to
familiarise themselves with the financial reportsygtems of more than one country.
However, according to Choi and Levich (1991) theme some mechanisms that allow
investors to cope with this diversity. Increasedugarelevance could arise from
relying less on these coping mechanisms and mopaiblished accounts.

As years passed by and MNEs increased their nuanzksize throughout the world,
members of the international accounting professipressed a need for standardised
accounting practices. Organisations such as theetdiNations and the Organisation
for Economic Cooperation and Development (OECD)abetp issue guidelines to

multinational corporations that included financraporting. These guidelines were
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very important in the process of harmonising actiognas MNEs dominate world
trade. With the exception of the US, Fortune Gldi0 (2004) indicated the UK, the
Netherlands, Germany, and France as the countnés the largest share of the

world’s top 500 MNE'’s by revenues.

2.3.2. Evolution of stock markets

Cross-border listings have gained in importancer dhe last decades as many
companies have become more international in theentation. Empirical studies
suggest that the cost of equity capital generadlglides when companies have a
foreign listing. According to Chominard and Sou28(3-04), this can be explained
by a decline in transactions costs or by an impremd in the quality and quantity of
firm-specific information available to investors &ddition, technological processes
and the liberalisation of capital flows have fostkiconsiderable competition among
global stock exchanges for equity listings anddrakhe authors also suggest that the
London Stock Exchange leads the world in the nundlbdoreign company listings
although New York and other North American exchanggded together also indicate
a large number of foreign listings. However, a mage in these listings is the policy
of each stock exchange and the requirements thvatcoenpanies have to fulfil in
order to be listed. The fact that the FASB and WASB are now considering
convergence between US GAAP and IFRS, and the W&lmainated reconciliation
requirements for IFRS financial statements, aréacdy moves towards accounting

harmonisation.
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2.3.3. International regulation

Financial regulation around the World is governgdsbandards set by three main
groups of regulators — for banking the Basel Conaajtfor securities firms and
markets the International Organisation of SecwwitBmmission (I0SCO), and for
insurance companies the International Associatidnsurance Supervisors (1AIS).
All three organisations have helped in the develapinof a convenient regulatory
practice and the majority of countries in the Waoale signed up. However, these
principles do not appear to have been very effeativpreventing possible crashes or
crises like the Asian financial crisis. Steps agng@ taken by these organisations
towards:
o Establishing increasing acceptance of core priesigf supervision, being
equally applied to all countries
o Creating increasing acceptance of the need formadtenonitoring to ensure
compliance with those core principles
o Developing a willingness by supervisors to work munore closely with
international financial institutions as they are tleaders of that monitoring
exercise
o Pursuing a desire, along with the internationalaficial community, to
consider more carefully the threats to financialbgity and to put in place
better incentives to avoid such crises
This new alliance and awareness of the huge puwadsgts ensuing from financial
system failures is gradually putting pressure onntes to engage in financial

system reform and restructuring programmes likeridtional accounting standards.
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2.4. I1AS — Promotion of the harmonisation idea

The aforementioned factors i.e. the undeniableesse of trading and transaction
activity among several countries coupled with aertather facts like the rise of

MNEs and the development of capital markets in@eéate pressure for common
practices among these countries in preparing andsuammg financial reporting.

Harmonisation did not appear recently, but was adwwidely used on many

occasions during World history.

Just before the First World War, harmonisation Isémrted to become a regular
reference in the meetings of country leaders inof&irand across the World.
Especially across the EU, it tended to be assatiatth the supranational legislation

already effective in member states.

“Harmonisation is the process of increasing comgmlity of accounting practices by setting
bounds to their degree of variation”

Alexander and Nobes [2001]

A key distinction of the harmonisation procedureswaade by Tay and Parker
(1990). They separatede jure harmonisation (that of rules, standards, etc.) @ad

facto harmonisation (that of corporate financial repatpractices). For example, a
country or a company may choose not to adopt a dwaisation rule or standard but
might be forced by the international market to piwa English-language financial
reports that follow Anglo-American practices.

Most researchers perceive harmonisation as apritaledure that could benefit users

of accounting information and could lead to compaits and reliability of financial
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accounts. Elnathan (1992) argued that the benafitrmonisation will lead to the
exclusion of unfamiliar or misleading accountin@gdices across national borders.
Weber (1992) contended that the rationale for thembnisation of accounting
standards would be beneficial to the global econdmyfacilitating transactions,
standardising information for decision makers, ioving financial markets’
information, and improving government accountayailit

However, harmonisation has been used very broadlyrder to describe the
procedure of implementing a common financial rapgrtpractice. One of the
researchers that focused on that premise was M68#J. He emphasized the use of
harmonisation as more of an abstract meaning réthera well bounded terminology

and argued that:

“Harmonisation is the reconciliation of differenteounting and financial reporting systems
by fitting them into common broad classificatioss that form becomes more standard while
content retains significant differences”

MosBp4]

Most (1994) has given a very important definitiohharmonisation. He basically
focused on the very important matter of de juredes.facto harmonisation. Many
early attempts to harmonise accounting practicéepwigh significant in concept
could not persuade countries to drop national mestand adopt an international
perspective. A characteristic example is the ELe&ives which were an important
step towards harmonising accounting. However, innyngases EU countries
introduced a number of constraints to these Dwestiand reduced their desired
effect. According to Street and Gray (2000), eventhe early stages of the

introduction of International Accounting Standardempanies in many European
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countries have chosen to partially adopt standaleisding to the well-known
phenomenon of “IAS-lite”.

The EU made some important steps in establishiegptioper economic and legal
environment to allow an international independergaaisation like IASB to take
action and unify different accounting systems irmtoe robust, reliable and
understandable set of rules. It would be intergstio observe how this issue

developed over the past decades.

2.4.1. IASB — Historical overview

The IASC

The International Accounting Standards Board wascguled by the International
Accounting Standards Committee, which was founaedandon (1973-2001). The
IASC was a private sector committee created bygssibnal accounting bodies from
Australia, Canada, France, Germany, Japan, Mexie®,Netherlands, the United
Kingdom and Ireland, and the United States. In 1@7érnational accounting
activities were organised by the International Fatien of Accountants (IFAC). In
1981, the IASC and the IFAC agreed that the IASQld:dhave full and complete
autonomy in the setting of International AccountBigndards. All members of IFAC
automatically became members of IASC and this icelahip lasted until the
restructuring of IASC in 2000. By then, the IASCab meetings were opened up to
the public.

The IASC established three main sub-groups in dalerganise its work on IAS, i.e.

an international Consultative Group, an internaloAdvisory Council, and a

23



Standing Interpretations Committee (SIC). The CtiaSue group would play an

important role in the process of setting up IAS amdjaining acceptance for the
resulting standards, the Advisory Council wouldmpaote the acceptability of IAS and
enhance the credibility of IASC’s work and the $S1Guld develop interpretations of
existing Standards and would issue guidelines antj@al issues.

When IASs were first issued they permitted sevaltaknative accounting treatments.
The IASC first wanted to gain credibility amongfdient countries. Along with the

SIC they contributed a great deal to improving &admonising financial reporting

around the World. It was essential at that time¢ tA& were quite flexible in order

not to discourage companies to adopt the standardarn their interest to other

standard setters like FASB in the United Statesvéd@r, in 1993 the IASC started a
project to reduce many of these alternative aceogrgractices. Four years later it
ended up with revised IASs which unfortunately dimt meet the level of general

acceptance and appliance in the countries thanted to reach.

Role of the EU

As noted in Ernst & Young (International GAAP 200i)e EU has a long history of

supporting the harmonisation procedure among @iffecountries. In fact, since the
beginning of its creation the EU has tried, takixg an example the successful
political union, to expand in other important ardiae the economic and financial

field.

During the 1980s the EU issued the most importargdilves in the area of financial

reporting, the Fourth and Seventh Directives, whagre adopted into the national

legislation by EU countries. The principal objeetiof the Fourth Directive was to
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achieve harmonisation in respect of formats, vanatules and note disclosures;
whilst the Seventh established a requirement for Edmpanies to prepare
consolidated accounts on a common basis (althooghe sEU countries had no
history of consolidated accounts).

The Fourth Directive focused not only on increadimgformity but also equivalence
among the different accounting practices. The MFoutrective’s first draft was
published in 1971, before the UK, Ireland and Derniad entered the EU. The draft
was heavily influenced by German company law. Tifleieénce of the UK and Ireland
was such that a much amended draft was introduc&874 including the concept of
“true and fair” view. Therefore, the “true and fauiew of financial position, and
profit/loss made its appearance in the disclosemeirements of the Directive.

The Seventh Directive was first developed as atwapntrol the huge increase in the
number of multi-national enterprises and the d#ferways of interpreting financial
reporting. The Seventh Directive surely was a gre@p towards international
harmonisation. One reason is that investors whoab@enternationally are likely to
be more interested in the performance and prosmécsoups, rather than that of
companies in a specific country.

These Directives were issued under the companyhlamonisation programme of
the EU. However, these Directives were not mangalwn. They would apply on
companies, but the member states had the optioadjisting, if they thought it
necessary, their national legislation accordingthtese provisions. The Directives
were issued as a level playing field in which coestcould add further requirements
if they believed them important, as long as theseewot incompatible with the EU

Directives.

25



In fact the EU Directives did succeed in leading Way to harmonising accounting
practices, but more specific regulation was neadearder for accounting to move
forward. This regulation came on 13 February 2@@ien the European Commission
published an EU Regulation that would require pipltraded EU companies to
prepare, by 2005 at the latest, consolidated ad¢sounder IAS. The proposed
Regulation also provided an option for member state permit or require the
application of endorsed IAS by unlisted compani€bis EU Regulation had a
completely different effect from the aforementioriedectives, as it directly applied
to companies of each member state of the EU. Thigens argued to be a significant
shift towards harmonisation within the EU as it vegeplied to approximately 7,000

companies.

IASC's relations with IOSCO

Parallel to the EU, other international organigagitike IOSCO played an important
role in the harmonisation process. As the IASC gaming acceptance around the
world, it started to reach agreements with sewatar regulatory bodies like IOSCO,
SEC and FASB.

According to Ernst & Young (2007), the Internatibr@rganisation of Securities

Commission (IOSCO) is the leading international upiag of securities market

regulators. It comprises ninety-one countries.987, IOSCO joined the Consultative
Group of IASC and supported the comparability prbjdOSCO focused on the

efforts of IASC to provide acceptable internatiorstandards for multinational

securities offerings. In 1994, I0SCO reviewed IAS@iles and commented on what

standards should change and to what extent in datetOSCO to recommend
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IASC’s standards for use in cross-border listingsl @fferings. Both IASC and
IOSCO agreed on the need for high quality, comprsike IAS. Thus IASC started
to work on these recommendations in order to pelsl@SCO to recommend it as an
international standard setter. IOSCO started tlveewie on these core standards in
1999. However, at that time the US Securities ardhBnge Commission (SEC)
played an important role making it unlikely to aldOSCO to endorse IAS due to the
differences these standards had with the US GAARSH- claimed that it had
identified 255 differences between US GAAP and IAS@ndards. In May 2000,
IOSCO announced the completion of its assessmetiteofASC’s development of
“core standards”. In the light of SEC’s Conceptdsk, IOSCO concluded that it had
assessed 30 IASC standards and considered theablsuibut subject to one proviso.
The proviso stated that each IOSCO member, in geridow to implement IASC
standards could choose to apply some given “supgléntreatments”. These

supplement treatments weakened the IASC/IOSCO agmnateand its desired results.

The IASB

As was mentioned earlier, the International AccounGtandards Board (IASB) was
the successor of IASC, which undertook completadsted setting responsibilities
from 1% April 2001.

The International Accounting Standards Board isiraiependent, privately-funded
accounting standard-setter based in London, UK. Bbard members come from

nine countries and have a variety of functionakigacunds.
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The IASB is committed to developing, in the pubinterest, a single set of high

quality, understandable and enforceable global wdongy standards that require

transparent and comparable information in genarglgse financial statements.

In addition, the IASB co-operates with national@atting standard-setters to achieve
convergence in accounting standards around thedworl

The IASB is structured in the following way:

Figure 1 — IASB Structure
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Source: IASB website

2.4.2. EU and the politics of accepting and impletimg IAS/IFRS

The role of IASB is that of an international indadent standard setter. However,
political lobbying driven by preparers, users of #iccounts or even governments is
interfering in the process of developing new stadgsla

Nobes and Parker (2006) suggest that political yolghbis not just letter writing or
even campaigning against a standard. The lobbyiasf tme able to put pressure on
the standard setting body. The pressure may invibikeats to withdraw funding or

other vital support to the standard-setter, or ajgp@ public opinion by debating it in

28



the media. In recent decades, tactics of bringneggure even involved executive and
legislative branches of the Government.

The IASB came across political lobbying acts agaioertain standards. The
introduction of IAS 39, which is about the measueaimand the recognition of
financial instruments, caused a major debate irctheMore specifically in 2001, the
European Commission encouraged the European prsed®r to form a body to
screen IFRSs for technical soundness. The new bloaty was created was the
European Financial Reporting Advisory Group (EFRAGH order for the
Commission to receive advice on a “political leyelhe Accounting Regulatory
Committee (ARC) was created consisting of Goverrtntepresentatives from EU
member states. IAS 39 put the relationship betwbere parties to a test. In July
2003, French President Jacques Chirac intervenéieinebate on the proposed fair
valuing of financial derivatives suggesting thaiststandard could possibly have
devastating effects on French companies. The Earo@entral Bank and the Basel
Committee also raised concerns about aspects sfstiindard that would create
volatility. In 2004, ARC finally recommended thadorsement of the standard but
minus two “carve-outs”. This forced IASB to issueamendment to IAS 39 in 2005.
However the “carve-out” on hedge accounting foreabeposits remained.

In many cases, standards may conflict with econdnterests of particular parties
within a specific country willing to adopt IFRS. iSltonflict between the adoption of
a standard and the discomfort of a particular lolbhy cause the willingness of
implementing the particular standard to dwindler Ewample, UK lobbying for the
property industry had led to the temporary exenmpfiar investment properties to
meet the requirements of SSAP 12 to depreciatal fassets. This exemption was

extended more than three years before finally S$8MPecame effective and SSAP
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12 was amended to make the exemption for investprepierties permanent. Even in
its recent published standard FRS 15 on the memasumteof tangible fixed assets, the
ASB managed to exempt investment properties, desfiie Board previously
suggesting that such exemption was not justified.

In addition, experts in the field have also warttet European companies could even
lobby for a move towards US GAAP if the Europeaniddnwill not continue to
endorse the International Accounting Standards.o&ting to Shin (2005), such a
condition began from the introduction of IAS 39 whé¢he dispute among the IASB,
the European Commission, and central banks aroumdpE was far from over.
Political influences are again playing a cruciderom the procedure of introducing
this standard. Many people believe that this stahdall have the same effect that
FAS 133 had in the United States. However, comgani¢he EU are not required to
report on a quarterly basis as in the US and IA&IB8vs a wider range of options
than FAS 133. The conclusion is that the introductof IAS will certainly affect
earnings differently, making EU companies adopt n&etics and policies in
structuring their financial reporting figures. Ahly, one of the best options that the
European Commission has as at 2008 is to supppdrigal endorsement of the
standard until further agreement of the countrasloe achieved.

An example of a company that dropped IAS in favollUS GAAP in 2004 was
Phylon Fund Limited, an investment company listedtiee Irish Stock Exchange.
Nigel Sleigh Johnson, head of financial reportihgha ICAEW, described the move
as a “worrying development”. He added that: “Onetled great fears is that, if the
uncertainty continues over whether Europe goes eVfeartedly with IAS, there may
be lobbying to use US GAAP”. Sleigh Johnson saad #imecdotal evidence suggested

German-listed companies had also expressed disougethe continuing uncertainty.
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He concluded: “If we get to the point that Eurogeniot endorsing international
standards, then the whole thing will be undermingé. could get concerted pressure
from major European companies to use US GAAP idstéhere is then a real risk of
IAS being discredited”.

The relations between IASB, SEC, and FASB have lmean debated. The FASB and
the IASB have worked more closely together since fsvmer FASB members (Tony
Cope and Jim Leisenring) and some staff from th&BAoined the IASB. Then, in
2002, one IASB member (Bob Herz), was appointed riev FASB chairman.
According to Nobes and Parker (2006), in 2001/08esother facts also led the US to
turn to principles-based standard setting. Largapamies like Enron and WorldCom
were surrounded by huge accounting scandals, argker8en (one of the big 5
accounting firms) collapsed. In late 2002, the IA&Bd the FASB announced a
convergence project to eliminate as many differerasepossible by 2005. IFRS 5 was
the first standard designed to achieve convergemdereover, at their meetings in
April and October 2005, the FASB and the IASB neaféd their commitment to the
convergence of US generally accepted accountingcipies (US GAAP) and
International Financial Reporting Standards (IFRS&3cording to IASB, a common
set of high quality global standards remains thegdterm strategic priority for both
the FASB and the IASB. The FASB and the IASB redsgrihe relevance of the
“roadmap” for the removal of the need for the remlation requirement for non-US
companies that use IFRSs and are registered irJsheTherefore, the politics of
gaining FASB’s support to the amendments of IASSFRandards or the issuance of

new ones seems to be crucial for the future of IASB
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2.5. Studies examining IAS/IFRS introduction in theEU

Many studies have been conducted to either testintipdementation of the new
standards into the EU, or to compare their effectess contrary to the national
GAAPs over the last few years. This part of theeaesh will introduce some of the
main articles that examined the IAS/IFRS implemeotain the EU before 2005.
These studies tested the new standards usingrdateefirly IFRS adopters and firms’
reconciliations from national GAAP to IFRS.

The study by Salter et al. (1996) was among tis $tudies to test the comparability
of financial reporting practices and IASC proposedes in 27 IASC member
countries. The authors followed a qualitative mdtilogy to find that the code-law
based countries (Germany, ltaly, and Japan) wileh@ significantly change their
accounting practices in certain areas to compli wie new IAS. The countries with
the highest level of agreement with the IAS rewisiavere found to be members of
the Anglo-Saxon community like the US, the UK, a@dnada. Among the items
identified as the most difficult to harmonise asrtise countries were the treatment of
mergers, accounting for development costs, andnieveecognition on long term
service contracts.

Some studies also examined whether the introduaforAS/IFRS in the EU has
increased accounting quality. A study by Soderstemmd Sun (2007) provided some
answers. In a review of the previous literatureytbempared studies dedicated to the
voluntary adoption of IFRS with those that examihe mandatory IFRS adoption.
They found a positive impact from voluntary IFRSoption. However, they argue

that these results cannot be generalised for thedpef mandatory adoption. They
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consider that the accounting quality under IFRSededp on the quality of these
standards, a country’s legal and political envirenin and its financial reporting
incentives. The authors argue that cross-countfferdnces are likely to remain
following IFRS adoption as accounting quality iSumction of the firm's overall
institutional setting, including the legal and pickl system of the country of which
the firm resides.

Another study that tried to investigate whether IA&S associated with higher
accounting quality was that of Barth et al. (200#)ey examined firms applying IAS
from 21 countries. They found that these firms skadWwigher quality of earnings and
therefore less earnings management (thus morengarmariability), more timely loss
recognition, and more value relevance of both egsiiand book values than a
matched sample of firms applying non-US domestaodards. Therefore, the authors
also found evidence that there is an improvemenuadity between the pre-IAS and
the post-IAS period.

There are also some studies that offer insights thé application of IFRS in EU
countries. They examine whether IFRS informationssed by investors in a different
way from national GAAP information. They also atfgnto measure the economic
consequences of mandatory IFRS.

One important study was that of Kinnunen et al.0O®0who tested whether the
information content of IAS earnings was greater fimeign investors than to those
using local GAAP. The empirical evidence was basedcompanies listed in the
Helsinki Stock Exchange over an 8 year period. iThedings suggest that domestic
investors find information content only in local @R earnings, while foreign
investors consider both national GAAP and IAS eaysiinformative. Therefore,

according to the authors IAS helps to meet fora@gestors’ information needs.
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Another noteworthy study was that of Armstrong kt(2007) who examined the
European stock market reaction to events predictedfect the adoption of IFRS in
the EU. They identified 11 such events (like EFR&@Gfts) from 2002 to 2004. Their
sample consisted of approximately 4,000 firms wite UK, France, and Germany
having greater representation. They found sigmficpositive (negative) market
responses to events that increased (decreasetlkdhleood of harmonisation under
IFRS. They also found that non-ADR firms were expddo obtain greater benefits
from IFRS than ADR ones.

A similar study was that of Christensen et al.0(20that followed key events
surrounding IFRS adoption in the UK. They examitifezleconomic consequences for
UK firms of the European Union's decision to imposandatory IFRS. The authors
estimated a counter-factual proxy for a UK firmilimgness to adopt IFRS using the
example of German firms moving from national GAAG international standards.
They suggested that larger firms derive greaterefitsnfrom voluntarily adopting
IFRS. These firms have low levels of debt finagcand large foreign exposure,
lower disclosure costs, and greater demand fornmdtion so are most likely to adopt
an international accounting regime voluntarily. @ary to other studies portraying
IFRS as a uniformly good thing or a uniformly badhg, the authors suggested that it
is important to recognise that some firms gain aaohe firms lose from complex,
mandatory-accounting changes such as the moveRS8.IFheir conclusion will be
important for the current study as well.

Another study was that of Daske et al. (2007). Heirt paper they studied the
economic consequences of the introduction of mangaFRS. They particularly
analysed the effects on market liquidity and cdstquity capital in 26 countries and

used firms that voluntarily adopted IFRS. They fduhat capital market benefits
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existed only for countries with strict enforcemerggimes and institutional
environments that provide strong reporting incezgivlhey also argued that effects
are weaker when local GAAP are closer to IFRS puntries with IFRS convergence
strategy, and in industries with higher voluntadpption rates. Overall, their results
are consistent with the view that reporting qualgyshaped by many factors in
countries’ institutional environments, pointing particular to the importance of
firms’ reporting incentives and countries’ enforaarhregimes.

In another study again published by Christenseial.e(2007), the authors tested
whether mandatory IFRS reconciliations can convew nnformation beyond the
existing UK GAAP. Their research is linked to pawsly published surveys by PwC
(2005, 2006) who suggested that mutual fund masagkered their investment
decisions based on these restatements. Christeesesl., linked these IFRS
reconciliations with the timing of their disclosurethe UK. They showed that earlier
announcements are associated with analysts’ peessud later announcements are
associated with relatively poorer results. Themfer findings implied that analysts
consider the content of IFRS reconciliations touseful in the valuation of firms.
They suggested that firms that believe that theSIRRnsition was unfavourable to
them exercised discretion on the timing of disctesu

Moreover, Horton and Serafeim (2007), investigatdtether there is any market
reaction and value relevance of information in sraonal documents required by
IFRS 1. The authors focused on the UK market ardt sample consisted of 297
listed firms. They found that for those firms who$dRS earnings adjustment is
negative, the daily abnormal earnings for that aiaynegative and significant. Their

model also revealed that adjustments attributedmoairment of goodwill, share
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based payments, employee benefits and deferreds taxe incrementally value
relevant. Most of these issues are also analysteifollowing chapter.

Capkun et al. (2007) also analysed the transitioeewen EU countries from local
GAAP to IFRS. This study, contrary to others, stadthe mandatory transition to
IFRS from 2004 to 2005. They concluded that IFR8 hasmall but statistically
significant impact on firms’ net income and owneeguity. Their results suggested
that IFRS disclosures are value relevant in botmraon and code law accounting
systems, but their importance is much higher iredagv accounting systems.

In addition, Lee et al. (2008) examined the impEanandatory IFRS by the EU on
the cost of equity capital. The authors used a s&awifpl7 EU countries for a 10 year
period (1995 to 2006). They classified those coestaccording to their financial
reporting incentives and enforcement and then tlesyed for the cost of equity
capital reduction. The results of this study inthda that Germany and the
Netherlands had limited cost of equity capital i&@thn between the pre- and post-
IFRS period. However, the UK experienced signiftaaauction in the cost of equity
capital after the adoption of IFRS.

The majority of the aforementioned studies haved uséher firms that voluntarily
adopted IFRS prior to 2005 or reconciliations bemwé-RS and national GAAPs to
capture the accounting changes and the value redeva the transition.

It can be suggested that studies which use firaisvbluntarily adopted IFRS prior to
2005, face some methodological issues. SoderstadrSan (2007) argue that these
firms may have inherent characteristics that affieetr adoption decision in addition
to the hypothesised economic consequences. THisedettion problem may bias
either for or against finding any results. Firmsosé accounting methods are closer to

IFRS may want to adopt IFRS due to the lower cbshis change. Other firms may
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expect a large benefit out of the transition, sasHacilitation of stock issuance in an
international stock exchange which may not be wative of the benefit of
adoption for all firms in the economy. Thereford@stsample of firms can provide a
distorted message about the change in the valeeamte of accounting information.

It can also be argued that, in most cases, stilkdagsuse firms’ IFRS reconciliation
reports are not able to capture the real “transitdfect” either. In these cases,
accounting information was restated in order to en@kancial statements comparable
and was not oriented to convey proprietary inforaratabout the EU firms. For
example, a number of adjustments in the reconichateports can be anticipated by
the users of the accounts, therefore the surpas®if is missing. Although any
additional information will lead to a market reactj these restatements for past
events cannot be compared with explicit informatibat appears in the annual
accounts.

The advantage of this new study is that it managespture the “transition effect”
using annual accounts under previous national GA&dPspared with those published
under IFRS. Therefore, the same companies in tinedbserved countries are being
tested under different sets of standards and thiateweal the real change in the value
relevance of accounting information.

Last but not least, there is a study endorsed amposted by the European
Commission. The ICAEW (2007) did research on th& ‘inplementation of IFRS
and the Fair Value Directive”. The Fair Value Ditiee is amending the Fourth
Directive, the Seventh Directive and the Bank ActdsuDirective on the valuation
rules for annual and consolidated statements ¢dicetypes of companies, banks, and
other institutions. The survey was done on eachhelthber state and its main results

are presented below:
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France and Germany on the one hand and the UKhenNetherlands on the
other, appear to have a uniform reaction to thelempntation of the Fair
Value Directive. In ICAEW research, German and Ekelegislation share a
lot of similarities and the same is happening fog English and the Dutch
one. This supports the decision of this researdrdap as a investor oriented
system the UK and the Netherlands and as a credlitented one Germany
and France.

The on-line survey revealed that IFRS had some itapbimplications for the
users of accounts. IFRS were found to make finhrstatements easier to
compare across the EU and across competitors witl@rsame industry, as
well as to improve the quality of disclosure. 51% pmeparers seemed
confident that fund managers and analysts fullyeustdnd the impact of IFRS
on their companies’ accounts. Some preparers wdiras convinced of the
improved efficiency of EU capital markets under tieav standards. Auditors
were generally more inclined to agree with assesti@about the positive
effects of IFRS.

Derivatives, Financial Instruments, and Deferreckalimn were the most
difficult areas for the users of the accounts talarstand. Whilst some
findings revealed that more needs to be done amithal standards, in most
of the cases the respondents’ answers were endograipr IFRS
implementation.

A number of participants argued that it was todyetr conclude with any
certainty that the migration to IFRS had been zass

It was also emphasised that the experience of emglioted companies was

often very different from larger companies. Resesravailable to manage the
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transition and to deal with ongoing changes werarfare limited in smaller
firms. The current research supports the assettiah there is a difference
between the value relevance of small and largetalegaition firms, however

the extent of that difference is country-specific.

2.6. Summary

This chapter analyses the reasons that led tortdaian of IASB and the transition
from national GAAP to IFRS. It began by explainipgssible causes for the
differences in accounting, mostly focusing on leggbktems and environmental
differences. Afterwards, it highlighted the drivethat created the need for
harmonising accounting practices. Then, a brietohisal overview about the IASB
and its relationship with other organisations wesvigled. Last but not least, recent
studies have examined the initial reactions afterihtroduction of IAS/IFRS in the
EU were presented. The majority of these studigseniged on either firms that
voluntarily adopted IFRS before 2005, or on firmetonciliations between IFRS and
national GAAP. This background on the introductiamd first implementation of
IFRS gives the reader a good idea not only of izt happened up until now but
also the reasons why study brings new evidencdibging annual reports in the UK,

the Netherlands, Germany, and France for the pieast IFRS period.
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CHAPTER 3 — INDIVIDUAL COUNTRY ANALYSIS

3.1. Introduction

Several measures have been employed by reseatoh®amine the results of IFRS
implementation in the EU. Two popular methods okimg within and cross country
comparisons of national GAAP and IFRS are: the lbaisation indices approach
(developed by Van der Tas, 1988) and the valuevaele regression model
(developed by Ohlson, 1995). The researcher hasechthe latter method for this
particular research, although this chapter has somagarities with the former study
as it refers to differences between national GAAR #RS on specific items of
financial statements.

The harmonisation index methodology was first uded Van der Tas as a
measurement of the degree of concentration or osasearound a particular practice.
This was the first attempt to identify ways of gtiyng the degree of harmony in
financial reporting practice using the H (withinuedry comparisons) and | (cross-
country comparisons) indices. Other researcheesAifcher et al. (1995), as well as
Jagannath and Nanjegowda (2008), followed the saetbodology to make within-
country and between-country comparisons of speitéins on financial statements.
One problem of Van der Tas’s model is based odeafsendence on explicit items in
the balance sheet and income stateniBmé. choice of financial statement items, if
the harmonisation index method was employed, igequucial as this method can be
quite subjective (Aisbitt, 2001). Using differerdrabinations of items could have led
to dissimilar results. It is understandable thapeeially for the period before the

introduction of IFRS, the comparison of such iteawsoss different GAAPs is
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difficult considering different meanings and usdsaocounting terms. The value
relevance regression model surpasses this probjeonsihg bottom-line figures like
earnings and book values.

However, in order to research comprehensively taasttion of the four observed
countries into IFRS, an understanding of some kiéferdnces between national
GAAP and IFRS is considered important. Some speitdms of the accounts need
to be analysed and compared to the newly implemdestandards. Therefore,
although this research focuses on bottom line éguito make comparisons, this
chapter is used to further explain some key acooginssues that arise between
national GAAPs and IFRS in the observed countries.

This chapter is essential for the research as itsed to bridge the background
information about IFRS in the EU with the trangitiphase in the selected countries
i.e. the UK, the Netherlands, Germany, and FraBoene historical facts along with
key differences between national GAAP and IFRStlageefore presented in support
of the view that each country had to face diversdlems and was at a different level

of readiness in accepting IFRS.

3.2. The UK

3.2.1 Accounting history and transition to IFRS

Prior to the establishment of standard settingdmtb the UK, both company law and

professional accountants have been the main deamsl@gmd reformers of accounting

rules for many years. First and foremost, UK GAARdhseparated financial

accounting from taxation. As Roberts et al. (20@yue tax law has developed
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separately from accounting law and there was naireqpent that accounting profit
should be calculated under fiscal rules to be are@able base for taxable profit.
Edwards (1976) speculated that the fact that inctameredated any development of
accounting may be one reason why the tax auth®iitieghe UK had historically not
relied closely on company accounting rules.

In addition, the Stock Exchange played a centr& o the UK economy and
accountancy. Annual accounts were presented tcelsbiglers. Publicly available
accounting information was considered importanbider to help investors identify
the companies they wanted to invest their money Tiherefore, the English
accounting system was investor-oriented.

Moreover, the Government did not interfere in sgticcounting standards. That role
was left to independent professional accountingidsmdwho were influential
members of various company law amendment commitiéelses and Parker (2002)
provide us with an overview of the role of professilism in accountancy. Accounts
were constructed by professional accountancy fimwtsy also had a more general
consultancy role.

For about 40 years the Companies Act 1948, which tlva regulation for company
accounts, distinguished between reserves and prosisintroduced many disclosure
requirements, and led the way in obliging directtrsprepare financial statements
that give a “true and fair” view. This Act of 1948anged afterwards to incorporate
more rules and converged with the objectives of EHueopean Directives. In the
1970s, the ICAEW set up the Accounting Standardsw@ittee (ASC). The role of
the ASC was to develop Statements of Standard AdcauPractice (SSAP).

Another important stage in the standard-settinggss was the review of the Dearing

Committee. The issue of replacing ASC with the Acting Standards Board (ASB)
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who had full-time paid, rather than part-time umpanembers was discussed.
Therefore, the ASB was becoming more formal and emorganised being
independent of the professional institutes. Thisarf8ts standards were called
Financial Reporting Standards (FRS) and the nedatibg UK GAAP closer to the
US one was emphasised by the Dearing Committee.

During the 1990s the need for convergence in adooymules started to emerge.
Especially across the Atlantic, US and UK standsetters and practitioners were
moving towards common accounting practices that lgvohelp international
companies and investors. The UK was the Europeantgothat led the way in
formulating the framework and the base for what Mdater be accepted by all

European countries as International Accounting Giedas (IAS).

3.2.2. Key differences between the UK GAAP and IFRS

Although the new International Standards were basedhe English accounting
system, there are some identifiable changes thatGAKRP had to make in order to
converge towards IFRS. For example, although Li#&> not allowed under UK
GAAP, IAS had allowed, in some specific cases,ube of this method. An analysis
of some major differences is presented below.

However, it must be noted that the UK appears @ maore key differences from the
other observed countries, not due to the higher epveen the English and

International accounting standards, but due ta@hdriavailability of data.
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Deferred taxation

First of all, some important differences between GKAP and IAS appear in the
treatment of deferred taxation. In IAS 12 defertaxhtion isrecognised on the basis
of taxable temporary differences. Temporary diffees include all timing
differences and many permanent differences. Undef6 F9, deferred tax is
recognised on the basis of timing differences.

Moreover, under IAS 12 deferred tax is always rexsgd on revaluation gains.
Under FRS 19, deferred tax on revaluation gaingnly recognised (i) if there is a
binding agreement to sell the revalued asset andadin expected to arise on sale has
been recognised; or (ii)) where an asset is contisiyorevalued to fair value with
changes in fair value being recognised in the peofd loss account.

Furthermore, 1AS 12 prohibits the discounting ofedeed tax. FRS 19 permits, but
does not require, discounting of deferred tax. tdion, IAS 12 requires a
reconciliation of the total (current and deferr&a®) charge to the standard tax charge.
FRS 19 requires the reconciliation to be carriedfouthe current tax charge.

For example, Liberty International plc (www.libefityternational.co.uk), a property
and investment management comparevjpusly provided deferred taxation in full on
timing differences rather than valuation surpluseslong-term investments where
disposal was not contemplated. After adoption o%,]JAhe company recognised an
additional deferred tax liability of £817 m. assded with the revaluation of
investment properties. Also, the medical companytls& Nephew plc, previously
recognised deferred tax in respect of all timinffedences, in contrast with 2005

where it recognised deferred tax for all taxablmgerary differences in line with
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IAS 12. It also published a table disaggregatisgdeferred tax assets and liabilities

across its temporary differences.

Segmental reporting

A further dissimilarity between UK GAAP and IFRSt®s be found between IAS 14
and SSAP 25 on segmental reporting. Although 1A$sI#bw superseded by IFRS 8,
it was in operation for the observed period of tsisdy. Therefore while IAS 14
applied to entities whose equity or debt securgiespublicly traded or in the process
of being so, SSAP 25 applied to public companiasking and insurance companies
and groups and certain other large entities. Dssgk® requirements were more
extensive in I1AS 14.

According to IAS 14, an enterprise must look to atganisational structure and
internal reporting system to identify reportablgreents.This standard also declares
that one basis of segmentation is primary and tierois secondary. Extensive
disclosure is required for primary segments, witinsiderably less information
required to be disclosed for secondary segments. differs from SSAP 25 which
did not make such a distinction.

Another difference was that the 1989 Companiesafdidt SSAP 25 each contained an
exemption from the disclosure requirements wheselosure would be “seriously
prejudicial” to the entity’s interests, whilst tieewas no such exemption in IAS 14.
Finally, the management-based approach of IAS ff#rdd from the risk/returns
approach of SSAP 25, although in practice the tesuight be similar.

A characteristic example comes from a retailer letteical goods. In 2004 DSG

International plc(www.dsgiplc.com) disclosed a segmental analysisité turnover
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and operating profit across its UK and internationetail segments. In 2005,
following IAS 14 "Segment reporting”, DSG identdiets business divisions as the
dominant source of risk and return and therefar@itmary format, with geographical
segmentation as the secondary format.

Furthermore, in 2004 Sainsbury’s (www.sainsburysik)y which is one of the major
supermarkets in the UK, disclosed by segments wemaprofit before and after
exceptional items and net assets. On the other,hahdn it adopted IAS 14
"Segment reporting" and disclosed by segment reveand a division of assets,
liabilities, capital expenditure, depreciation, atisation and impairment by
segments. The segments, retailing and financialicess were similar to those
previously recognised, though food retailing USAevpously a discontinued segment,

disappeared.

Tangible fixed assets

A profound difference between IAS 16 and FRS 13nidandling tangible fixed
assetslAS 16 "Property, plant and equipment” requiresomgany to choose either
the cost model or the revaluation model in accagntor classes of property, plant
and equipmentlAS 16 also excludes from its scope property, plmi equipment
classified as held for sale in accordance with IFRSiological assets related to
agricultural activity (covered by IAS 41), the reoition and measurement of
exploration and evaluation assets (covered by IBR&d mineral rights and mineral
reserves. FRS 15 does not exclude these typeseiffasm its scope.

However, there is a key difference in principleviietn 1AS 16 and FRS 15, where a

company adopts a policy of valuations. IAS 16 resgiirevaluations to be at fair
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value. It states that fair value is usually 'deiesd from market-based evidence' (for
land and buildings) or ‘market value’ (for plantdaaquipment), which is generally
taken to mean open market value. FRS 15 uses #h@eto the business’ model and
requires revaluations to ‘current value’, which dsfined as being the lower of
replacement cost and recoverable amount

According to PwC (2007), another important differens clear in the recognition of
revaluation losses. Revaluation losses that aréalaelear consumption of economic
benefits are charged to the profit and loss accander FRS 15, whereas under IAS
16, if there is a previous revaluation surplus loet asset, the revaluation loss is first
charged against the surplus to the extent of tingalss, with the balance of the loss
then being charged to the profit and loss account.

Sainsbury’s can provide us with an example of thH&er@nce in the treatment of
tangible fixed assets. More specifically, before Hdoption of IFRS’s, Sainsbury’s
measured its properties at cost and depreciatea tiver their estimated useful lives,
though some previous revaluations were taken amekeost on adoption of FRS 15
"Tangible fixed assets". After the adoption of megional standards, the company
followed the cost model under IAS 16. It chosenoorporate the previous GAAP
carrying value of properties as deemed cost. Samgsthus recognised land and

buildings at cost less accumulated depreciationssaydmpairment loss.

Interests in joint ventures

In addition, important differences exist regardintgrests in joint ventures. IAS 31

identifies three types of joint venture, namelynfty controlled ‘entities’, jointly

controlled operations and jointly controlled assetisder FRS 9 the definition is more
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restrictive than IAS 31 as only jointly controllédntities’ are classified as joint
ventures. Under IAS 31, 'entities’ can be corponati partnerships or other entities.
Furthermore, for jointly controlled entities, IAS13requires use of either
proportionate consolidation or the equity metlagddescribed in IAS 28 "Investments
in associates"”. This requires that, when an invsstoterest is reduced to zero, it
recognises further losses only where there isa@ l@gconstructive obligation to make
paymentsFRS 9 does not permit proportionate consolidasind requires use of the
'gross equity' method for joint ventures.

This requirement, under IAS 31, to use either pripoate consolidation or equity
account interest in jointly controlled entitiesclides those ventures that do not have
subsidiaries, but do have interests in jointly colléd entities. However, under
FRS 9, a venturer who is not required to produaesclidated financial statements
because it has no subsidiaries, treats interegbim ventures as investments and
carries them at cost or valuation.

What is more, IAS has a more extensive exemptidicypd-RS 9 exempts investment
funds (for example, venture capitalists) from thquirement to gross equity account
those investments over which they have joint cdntAS 31 excludes from its scope
investments in jointly controlled entities held \wnture capital organisations, mutual
funds, unit trusts and similar entities includimgestment-linked insurance funds that
upon initial recognition are designated as at Yailue through profit or loss or are
classified as held for trading and accounted fadoordance with IAS 39.

For instance, the property development and managefine “Land Securities plc”
(www.landsecurities.com) was following the grossuigg method of FRS 9
"Associates and joint ventures" and recognisedhenface of the balance sheet the

gross assets and liabilities of its £509 m. shdrgoiot ventures, reporting joint
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venture turnover of £224 m. and other figures gsasde lines on the income

statement above profit before tax. Additionallydigclosed separate summary income
statements and balance sheet figures of its jentures in a note. Land Securities
recognised its share in joint venture Telereal mastaleficit of £71 m.

After the adoption of IAS, the company followed 183 and recognised its £830 m.

interest in joint ventures in a single line of th@ance sheet in line with the equity

method. The company recognised on the face ofnib@me statement £293 m. gain

on disposal of its share of a joint venture, Tederk stated in a note that the carrying
value was £nil and consideration received £293 amdLSecurities disclosed its share
of profit after tax of Telereal as £16.7 m. durithg period of disposal, but did not

recognise it as income, treating it instead asdumsément to the net liabilities of the

venture.

3.3. The Netherlands

3.3.1. Accounting history and transition to IFRS

The Netherlands accounting history was closelytedl@o its neighbouring countries
like Germany, France and the UK (code law accogrgystems).

Similar to the UK financial reporting practices, tNerlands’ Company Law and the
accountancy profession were the basic influencdmahcial reporting. However, as
the Netherlands has long been a commercial couatggunting developments were
also strongly influenced by international Dutchnis which were expanding towards

the EU and the US.
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According to Nobes (1998) categorisation, it canshggested that the Netherlands
can be grouped as code law accounting system, wtantries are judged according
to legal system differences, but as an investaneed country, when the criterion is
based on countries’ financial reporting practicEeat may explain the fact that
although Dutch and UK GAAP have some similaritidsere are also important
differences in legal systems, capital markets, @porate governance mechanisms
(Camfferman and Cooke, 2002).

A noticeable difference Another important facthattalthough the Amsterdam Stock
Exchange played a vital role for the Dutch econorhygid not have such a direct
influence on financial reporting. However, the E&se in economic activity between
1880 and 1914 gave rise to a distinct professigralp of accountants.

According to Roberts et al. (2002), before 1970 dtautory accounting law in the
Netherlands contained rules mainly for the assels with few references to the
liabilities. Post et al. (1998) suggest that thiskl of legislation can be attributed to the
fact that: ‘a small country in which many corporations are ahlg affected by so
many, and often so diverse, foreign standards sincphnot afford the luxury of
another set of rulés

The emphasis changed with the Act of 1970 on Anmiiadncial Statements. This
Act required that financial statements give an ighs such that a well-founded
opinion can be formed concerning the financial fp@siand income of the enterprise,
as well as, as far as the nature of financial states allows, concerning solvency and
liquidity”. This “insight” criterion was in practe much like the “true and fair view”
objective of the British accounting system. Chad drieek (2008) even suggest that
the Act of 1970 was done in preparation for therffroiEuropean Directive. After a

few years the European Directives were incorporatedthe company law.
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3.3.2. Key differences between the Dutch GAAP &S

The Dutch Council for Annual Reporting (CAR) hasimhafocused its guidelines on
large (listed) entities. Given the EU Regulatiomespect of the adoption of IFRS, the
CAR has moreover shifted part of its attention neab and medium-sized entities.
This has resulted in new exemptions for mediumekieatities and a separate
publication for small entities that includes sigraht exemptions compared to the
requirements for large entities. The exemptionsnigaelate to the presentation and
disclosure requirements. To a lesser extent tr&y r@late to requirements in respect
of recognition and measurement.

The CAR continues to aim for harmonisation of DuGAAP and IFRS where
possible. However, in 2004 the CAR decided notnimorporate the improvements
project and IFRS 1 to 5. IFRIC 1 has also not ye¢rbincorporated into Dutch
GAAP.

Flexibility in the Dutch accounting system made tliansition to IAS easier.
However, differences still existed. Some exampléeshes were the deduction of
goodwill from equity which is not allowed under 1A8d provisions which under the
Dutch GAAP can be made when there is no obligagiath are not discounted, a rule
that does not apply under IAS. A more detailed ysislof some of these differences

follows below.

Employee benefits
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As far as employee benefits are concerned, the D@AAP has some main
differences from IAS.

A basic difference according to KPMG (2006) is thalike IFRS, in the Dutch
GAAP a multi-employer defined benefit plan may baunted for as a defined
contribution plan if the following conditions areemn a) the entity participates in a
multi-employer plan and the risks are shared egyuationg the participants, and b)
the entity has no obligation to pay additional cidmitions in the event of a deficit
within the multi-employer plan other than highetuite premiums.

Another difference is that the Dutch Guidelinesmibd provide different accounting
methods for the different pension (defined benefitdefined contribution) plans.
Instead, a general requirement is given, indicatimgt the method employed for
allocating pension costs to successive reporting@® should be based on prudent
and generally accepted accounting principles.

Previously, the chemical company DSM (www.dsm.calstlosed pension charges
in a note but gave no additional information relgtto its pension schemes. In 2005,
in line with 1AS 19 "Employee benefits", DSM expaudd its disclosures and
recognised, on the face of its balance sheet, preg@nsion costs and a liability for
post-employment benefits. It disclosed that it ubescorridor method to recognise
actuarial gains and losses in its income staters@@ad over the average remaining
service lives of employees.

IAS 19 requires disclosure of information that dealusers of financial statements to
evaluate the nature of defined benefit plans amdfittencial effects of changes to
those plans, including the principal actuarial agstions used. Therefore, DSM

disclosed the assumptions used relating to satamgase, discount rate, underlying
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inflation rate and medical claim inflation rate. #ever, in common with other Dutch

companies, DSM is silent on its mortality rate asgtion.

Goodwill

Some differences also exist between Dutch GAAPIA&din goodwill. For example,
in Dutch GAAP goodwill is amortised over its usefiié and there is a rebuttable
presumption that its useful life does not exceedg&&rs. In very rare cases goodwill
may be shown to have a useful life for more thany@ars. If the useful life does
exceed 20 years, amortisation is still mandatorg #re reasons for rebutting the
presumption must be disclosed. IFRS do not allavatimortisation of goodwill. That
should be reviewed for impairment at least annuallythe cash-generating-unit
(CGU) level. Moreover, unlike the IFRS, Dutch GAAfermits the reversal of
impairments on goodwill in certain circumstances.

Moreover, Dutch companies treat negative goodwifecently. The IFRS states that
if any excess of fair value over the purchase paiiges, the acquirer should reassess
the identification and measurement of the acqusreentifiable assets, liabilities and
contingent liabilities and the measurement of thst of the combination, and should
recognised immediately in profit or loss any excessaining after that assessment.
On the other hand, in the Dutch GAAP (KPMG 2006yatere goodwill will be
recognised in profit or loss, recognised as defeimeome, netted against goodwill, or
included in other reserves.

One characteristic example of a change in theséntents comes from a company in
the steel production, ARCELOR SA (www.arcelor.corthis company adopted

IFRS 3 "Business combinations”, revised IAS 36 "&nments of asset" and revised
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IAS 38 "Intangible assets" front'1January 2004. As a result, goodwill is measured
at cost less accumulated impairment losses. Cors#gu goodwill is no longer
amortised but is subject to impairment testing afilguor more frequently if events
and circumstances indicate that the carrying am@sunot recoverable. Accordingly,
the company recognised an impairment charge on&€l@n goodwill totalling €31 m.
at the beginning of the period. On the first apgtiien of IFRS 3 negative goodwill of
€676 m. at 31 December 2003 had been derecogniséd av corresponding
adjustment to retained earnings.

Moreover, TNT (www.tnt.com), a logistics companyings IFRS 3 has eliminated
accumulated amortisation against the carrying amofirgoodwill. TNT subjected
goodwill to impairment testing and, following 1A 3'Impairment of assets” the
company disclosed the cash-generating units tolwdmodwill is allocated and stated

the recoverable amount is based on value in use.

Share-based payments

IFRS 2 requires recognition of the fair value ofars and options awarded to
employees over their period of service. The awagrésumed to be for past services,
if the award is unconditional without any perforroarcriteria. However, under Dutch

GAAP less guidance is provided for share-based paysn IFRS 2 also requires an
entity to measure the fair value of the employe®ises received, by reference to the
fair value of the equity instruments granted. Extes disclosures are also required.
On the other hand, in Dutch GAAP this is not amllie as recognition is not

required.
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A publishing and information company, VNU (www.vreircom) came across these
changes in the treatment of share-based paymederUbutch GAAP, VNU did not
recognise any charges for employee share optiotisegsvere issued at an exercise
price equal to the share price on the date of giidm company now recognises this
as an expense in the income statement and theot@hployee share options are
based on fair value. This follows IFRS 2 "Shareedagayment” and VNU recorded
expenses of €19 m. with €18 m. in equity.

Moreover, the banking firm ABN AMBRO (www.abnamlzom) had share-based
incentive awards, the costs of which had not beengnised previously. In line with
IFRS 2 "Share-based payment”, ABN AMBRO recogniaedharge of €61 m. on
share-based compensation with a movement in eqfii€87 m. It included a total
carrying value of €22 m. on cash-settled plans #natrecognised as liabilities. The
number of options granted, forfeited, exercised expired was disclosed as well as
the use of a Lattice option pricing model for céhtimg the fair value of the options
and the assumptions made in fair value calculatwimich was also in line with

IFRS 2.

3.4. Germany

3.4.1. Accounting history and transition to IFRS

As Germany was among the founder members of thetEd¢counting practices had

a direct influence on other European countries Bkestria and Hungary. German

Commercial Code was based on the French Commetade. However, during

WWII the French adopted the German approach tousatowy practices and formally
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accepted that adoption after the war. However, agugbres like the “true and fair
view” introduced by the UK (also endorsed in theuilo Directive) were seen as a
violation of the German tax-driven accounting syste

In Germany, the development of the accounting laag Vinked to the formation of
the national state. More specifically, accordingRoberts et al. (2002) the General
German Commercial Code of 1861 required an invgnfist of each company’s
assets and liabilities) and a balance sheet. Paafit loss account came out a few
years later. German accounting focused more omtpertance of the balance sheet.
There was also a close link between the annualuatscand the tax accounts in
Germany. Small businesses would prefer to produneeset of accounts which would
satisfy both the tax and the accounting rules. Aotag was mainly regulated for
taxation purposes, which is a characteristic afalitor oriented accounting system.
Basic changes in accounting regulation in Germaagewot launched until the new
Commercial Code in 1897 when accounting law becaraee flexible and assets in
stock corporations were required to be valued alegrto the Principles of Regular
Accounting (GoB).

Moreover, Gray (1988) classified German accoun#iaghighly secretive. However,
since 1998 the change in regulation for group actiog and the pressure developed
by internationally listed German companies, madmacting quite informative and
publicly available.

A great move towards the enactment of the accogrdiandard setting process was
the creation of the German Accounting Standards Gitt@e (DRSC) in 1998 using
the FASB from the US as a model. This Committeesist® of seven independent

experts and its standards were approved by thesiyrof Justice.
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3.4.2. Key differences between the German GAAPIBR®

As far as the move towards IAS is concerned, itngortant to mention that, at the
beginning, the idea of such a move found Germaig qunprepared. Research done
by Salter et al. (1996) indicated that, on completof the IASC comparability
project, accounting practice in Germany rankeddkest of the countries studied, in
compliance with IAS. Some German practices hadheinge under the IAS regime
such as the non capitalization of finance leasessthe deduction of goodwill from
reserves.

From 1996 onwards, the German accounting systemnmade important steps
towards IAS. However, it will be interesting to exiae some of the main differences

that German GAAP had prior to the newly introdub&s.

Financial instruments

As far as the treatment of financial instrumentsdacerned, in German GAAP there
is no mandatory approach to the measurement ammiateg of derivative financial
instruments. Hence, the valuation of these instnimes based on the historical cost
concept, the "Realisationsprinzip” and the "Img@asprinzip”. On the other hand, IAS
39 "Financial instruments: recognition and measerinrequires that all primary
and derivative financial instruments are recognisedhe balance sheet. Moreover,
IAS 39 declares that a financial asset or liabiliyl be initially recognised at fair
value.

A good example of the effects of the shift from @an GAAP to IAS is provided by

an Auto part retail company Beru AG (www.beru.confihis company actually
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disclosed the effects on valuation principles dfedences between German GAAP
and IFRS. Under both German GAAP and IFRS, findnogtruments were initially
entered at cost. Thereafter, under German GAAP sunement was strictly at the
lowest cost or market value, while IAS 39 "Finahgrestruments: recognition and
measurement” required a move to valuation at faline; with limited exceptions. For
Beru, this resulted in notable shifts both in batassheet values and on the income
statement. The company disclosed that by adopER$Ithey reduced net income by
€13.5 m. in 2003 in respect of financial instrunsent

Furthermore, the telecommunication’s provider Delwes  Telekom
(www.telekom.com) recognised financial instrumemsits balance sheet under other
financial assets and liabilities. Following adoptiof IAS 39 "Financial instruments:
recognition and measurement”, the company recogni§é.3 bn. of loans and
receivables; €317 m. available-for-sale financisdeds and €445 m. of derivatives;

€86 m. of held-to-maturity investments; and €9 frfirmncial assets held for trading.

Non-current assets held-for-sale and discontinoperations

There were also sometimes differences in the tre@itrof IFRS 5, which deals with
the non-current assets held for sale and discosdirmperations. In this article non-
current assets held-for-sale and assets of disgosaps must be disclosed separately
from other assets in the balance sheet. The li@silmust also be disclosed separately
in the balance sheet. There are several otherodis@s required, including a
description of the non-current assets of a dispgsalp, a description of the facts and

circumstances of the sale, and the expected mamaetiming of that disposal.
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For example, the mail delivery company Deutschet Reg/w.deutschepost.de) did
not recognise assets held for sale separatelyeobatance sheet. Under IFRS 5 "Non-
current assets held for sale and discontinued bpesd, a company is required to
present non-current assets or disposal groupstresdle separately from other assets
on the balance sheet with liabilities disclosedilsirty and not offset and presented as
a single amount. A note discloses that the compaends to dispose of two German
companies and the Danish branch of DHL Expressowolg IFRS 5, assets totalling
€28 m. and liabilities of €20 m. are disclosed sajgdy on the balance sheet
classified as held for sale.

Moreover, IFRS 5 defines a discontinued operat®a ausiness that has either been
disposed of or is classified as held for sale, sptesents a separate major line of
business or geographical area; is part of a singlerdinated plan to dispose of a
separate major line of business or geographica; ave is a subsidiary acquired
exclusively with a view to resale. It also requité® results of the discontinued
operation to be disclosed separately on the fatieeoincome statement.

The pharmaceutical company Bayer (www.bayer.comspated of several businesses
and applying IFRS 5 had to show two of them as aiBoued operations.
Accordingly, it disclosed separately on the facéhefincome statement €37 m. profit
from discontinued operations. In a note the compautylished three tables showing
an analysis of revenue, costs, and tax from digsweedl operations and the net cash

flows attributable to the operating, investing &indncing activities of the operations.

Intangible assets
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Differences also exist in the treatment of intesndeveloped intangible assets. Under
German accounting regulations self-produced intdagassets were not capitalised.
However, this is contradicting IAS 38 which reqgiréhe recognition of intangible
assets arising from development, provided they m&etcognition criteria. Beru AG
(www.beru.com) noted an increase of 65% from €13.30 €21.8 m. under IFRS as
a result of the capitalisation of development cosider IAS 38 "Intangible assets".
Moreover, revisions to IAS 38 "Intangible assetglude removal of the assumption
that the useful life of an intangible asset is gisvéinite. The requirements now are
that an intangible asset be regarded as havingdafimite useful life when there is no
foreseeable limit to the period of expected cashvfheneration arising from that
asset.

To clearly distinguish the useful lives of intangilassets, the chemical and cosmetic
company Henkel had in 2005 disaggregated its trademghts and other rights
assets across those with finite and indefiniteslivedditionally, it had reclassified
€929 m. to assets with indefinite useful lives. Toepany’'s board was arguing that
it had identified those assets with indefinite $veut, in accordance with previous
IAS 38, amortised them over an assumed 20 yearTlle subsequent revision of the
standard allowed it to allocate an indefinite tdethe assets hence the reclassification.
Another company that had to change its accountolgywas the automobile firm
Porsche. The company stated that, under I1AS 3&rigible assets"”, subscription
rights are no longer capitalised. The accountingicigs note added that vehicle
development costs, which under German GAAP weremrsgd, were now capitalised
provided that clear allocation of expenses is ssind that all the other recognition

and measurement criteria of IAS 38 are met. Acomlgli during the year 2005
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Porsche had capitalised €92 m. of development costaddition, goodwill will no

longer be amortised but subject to impairmentrgsti

3.5. France

3.5.1. Accounting history and transition to IFRS

France appears to have many similarities with ggylmbour Germany, as far as
accounting practice is concerned. Its emphasis oreditor oriented system may be
traced to Napoleonic times. The German occupatmof©940 brought new ideas in
France about reorganising the accounting systerainrA@s a founder member of the
EU, France was influenced by the EU Directives avaks able to follow the
development and evolution of the accounting ruteSurope.

In France, accounting law was highly controlled aeldted to tax law and this was
concentrated on the balance sheet. Moreover, iastiaf high inflation tax law has
permitted specific revaluations of fixed assets.

Although, German accounting according to Gray (}98&s classified as being quite
secretive, in France this was not the case. Thenexte use of notes to the accounts
and various types of traditional disclosure likegreental reporting, management
reporting and social balance sheets made Frenabuitieg quite transparent and
informative.

The first Commercial law in 1807 was part of therganisation of French laws into
Codes during the Napoleonic period. Company law fuaher reformed in 1867,

which included a form of auditing for the publiahility companies.
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The National Accounting Council (CNC) came intostence in 1947, attached to the
Ministry of Finance. However, the CNC had only alviaory role. The Comite de la
Reglementation Comptable (CRC) was the standatdrsetFrench accounting.

In 1998, French listed companies were allowed tmioIASB rules. However, in
1999 the Stock Exchange Council (COB) in Francéedtdahat listed companies

should still use the French GAAP as their primargoaunting framework.

3.5.2. Key differences between the French GAAPI&RS

Salter et al. (1996) indicated that in the earl9d®French companies scored above
average for percentage agreements between the maSthee national accounting
practice. However, some major differences stillseed between IAS and French
GAAP like the lack of recognition of post-employnmdienefits, the capitalisation of
set-up and advertising costs, the policy changekstha correction of fundamental

errors that were passing through income.

Share-based payments

First of all, major differences existed in the treant of share-based payments.
According to French GAAP employee stock optionsiplare recorded at the date of
exercise of the option as a capital increase. Hewd#RS 2 states that stock options
plans granted are to be accounted for as compensatier the vesting period.

Moreover, compensation is determined at fair vatigrant date, using a specific
option pricing model like Black-Scholes, based aarkat conditions and on the terms

and conditions of the plans.
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A French company in the hotel and leisure servieetss named Accor
(www.accor.com) indicated some of those differen¢#isder French GAAP Accor
disclosed share-based payment schemes and the aofaptions exercisable, with
no further information published. Following IFRS'@hare-based payment" in 2005,
the company recognised a charge of €9 m. relatingquity-settled share-based
payments. Expanding on the information given in 2@Md in line with IFRS 2,
Accor disclosed that the fair value of the optiamss calculated using the Black-
Scholes model, together with the assumptions uguohathey are based, the number
of options granted, expired and the weighted a\eea@rcise price.

The French telecommunications firm France Telecamv{.francetelecom.com) also
made certain adjustments in treating share-basghgrgts. Following adoption of
IFRS 2 "Share-based payment", the company expaitslelisclosures relating to its
share-based incentive plans and disclosed thatath@alue of share options at the
date of grant was calculated according to a binbapton valuation model, together
with information relating to the assumptions usé&tis followed IFRS 2 which
required that a company disclose the weighted geefair value of options at the
measurement date and information of how that falu& has been measured
including: the option pricing model used and thpuits to that model. Thus, France
Telecom recognised a charge of €58 m. in the incetaement and an increase of

€130 m. in equity in relation to its equity-settigthre option schemes.
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Financial instruments

French GAAP also had a lot of differences in reesigg and measuring financial
instruments especially in handling topics like hedgccounting and embedded
derivatives.

A characteristic example comes from a well-knowndiaeand telecommunications
firm in France Vivendi (www.vivendi.com), which daced that prior to IAS it
valued marketable securities at cost, with a valuatllowance accrued if fair value
has been less than the carrying valldeder IAS, Vivendi stated that it fair valued
available for sale securities, though as a lastrteehere fair value cannot be reliably
estimated, financial assets were valued at histodst less impairment losses.
Consequently, marketable securities valued at €249vere reclassified to other
investments at €1.2 bn. at 31 December 2004. Funtbre, Vivendi previously stated
that most derivative instruments did not qualifyhesiges and were recorded at the
lower of fair value and cost, which was usually foil interest rate swaps. However,
under IFRS it applied hedge accounting to deriatimancial instruments where the
contracts qualified for this accounting treatment.

In addition, the French financial and insurancenfiRXA (www.axa.fr) had some
major reclassifications to make when it adopted.IABe firm had previously used
insurance industry specific French GAAP to accdontderivatives. For items that
gualified as hedges, changes in value were recegnis a similar manner to the
hedged items. Derivatives that were not treatedheziges were recognised on the
balance sheet at fair value, with unrealised loseesgnised and unrealised gains

offset by a provision until realisation. Under IFR&XA applied IAS 39 rules in
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accounting for derivatives, including hedge accmgntConsequently, it separated
and recognised embedded derivatives at fair vatuda® balance sheet, noting that so
far, the effect of this accounting method was neatterial. In a note, it disclosed
unrealised capital gains and losses on macro hextgksther derivatives, which had
a positive book value of €209 m. for insurance aedative €198 m. for other

activities with a net deficit of €11 m.

Business combinations

Some differences also existed in treating businesthinations. Under French GAAP
amortization of goodwill on a straight-line basigeo a maximum of 40 years was
suggested. Market share could be recognised andotasnortised. Market share and
goodwill were subject to impairment tests. UndeR$; existing market shares as of
1st January 2004 are reclassified as goodwill ayabtlgill is subject to impairment
testing.

For example, previously Air Liquide (www.lairliquedcom) had amortised goodwill
over periods from 10 to 40 years, subject to impait testing. Under exceptional
circumstances, goodwill had been eliminated agaessrves. Restructuring costs had
been allocated against goodwill. Under IFRS 3, Biguide reversed €68 m. of
goodwill amortisation for 2004. In addition, thengpany derecognised €108 m.
restructuring costs capitalised as goodwill undesnEh GAAP, as the costs were
incurred after the acquisition. As required by I&86 "Impairment of assets”, the
company also disclosed the carrying amount of &6 @n. goodwill allocated to

significant cash generating units and recognise@l €6 impairment in the year.
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Environmental issues

It should also be noted here the lack of consewmsusome environmental issues
between French GAAP and IAS that has created argiiyein the treatment of
emission rights.

For example, Air Liquide stated that there is aseamlze of guidance from IFRS
following the withdrawal of IFRIC 3 "Emission rigéit It disclosed that, at each
balance sheet date, it assessed if it had suffi@enssion rights to cover its actual
emissions. Where rights allocated exceed emissionsasset was recognised and
rights sold were recognised in profit or loss. Whactual emissions exceed rights, it
recognised a net liability for the obligation tolider allowances not covered by the
rights received. This contrasted with several offrench companies, such as Endesa,
which followed the cost model under IFRIC 3 anditzised emission rights at their
fair value. However, it appears similar to that @ed by Fortum, which measured
allowances received at nil value. The observedeoairtack of consensus does not
support the aim of cross-company and cross-indusimyparability. IFRIC currently
plans to address the issue in the context of amentintio IAS 20 "Accounting for
government grants and disclosure of governmenstassie” and IAS 37 "Provisions,

contingent liabilities and contingent assets".

3.6. Summary

This chapter is identifying some key differencesspecific items between national

GAAPs and IAS/IFRS. This does not mean that thasetlae only differences
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between these national GAAPs and the implementéernational standards. A

summary of those differences is presented below:

Table 2 — Summary of key differences between natiah GAAPs and
IAS/IFRS

UK Netherlands Germany France

Business combinations '

Non-current assets held- v
for-sale and

discontinuing operations

Deferred taxation v

Employee benefits '

Environmental issues

<

Financial instruments ' '

Goodwill - intangibles v

<

Interests joint ventures '

Segmental reporting

<

Share-based payment|

<

Tangible fixed assets v

Source: Developed by the author
*Note: ticks were used to pinpoint some key idealife differences between IFRS and national GAAP

noted in this research. Different practices in tioked” areas may also exist.

It can be argued that these within-country diffeesn on specific items between
national standards and IFRS had an effect on tievieelevance of accounting
information. This can be inferred from the factttbi@ese items were inter-related to

earnings and book values tested by the value nmetevaiegression model. These
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divergences from IFRS lead some researchers tgaréde some countries as being
the least capable of making an unproblematic tt@msinto the new international
standards. However, as it will become obvious dutie next chapters, divergence
from IFRS did not necessarily mean not value reiefiaancial reporting. In fact, this
research is proving that countries like Germanthaaigh quite different from IFRS,
had quite high value relevant accounting infornratie@fore the introduction of these

international standards.
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CHAPTER 4 - VALUE RELEVANCE OF ACCOUNTING

INFORMATION & HYPOTHESIS DEVELOPMENT

4.1. Analysing the value relevance of accountingformation

As explained earlier, value relevance regressioalyais is used as the main
methodology of this research. The value relevaiegrture is quite extensive starting
from Ohlson (1995) who provided the theoreticalkgaound for these studies and
ending with current articles that examine the valaevance of the newly
implemented IFRS. A comprehensive analysis of sbasec studies follows in order
for the reader to understand the theoretical fraonkwas well as the new input of the

current study.

4.1.1. Value relevance background

Ohlson’s model (1995) was based on the EfficientkdaHypothesis (EMH). The
EMH originated from the study of Fama. It is im@ort to analyse Fama'’s (1970)
research as the main value relevance regressioelmbthis study assumes a semi-
strong form of market efficiency where, the stodkce is reflecting all publicly
available information (including earnings announeats). This is suggested as other
private information cannot be easily captured mtet@ using financial reporting
figures. This assumption, of a semi-strong form mérket efficiency, is the
underlying theoretical framework for most valueskgnce studies.

Fama (1970) provided important guidance to valuevemce studies classifying

market efficiency into three categories. He reférte a weak form of market
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efficiency where information is formed by histofipaices, a semi-strong form where
information is set using all publicly available anfnation and a strong form of
efficiency where information consisted of both ptr and public information.
Therefore, there is a link between the relationslfiprices and information that Fama
suggests, and information and prices-earnings thhtson (1995) suggested.
Moreover, the following studies identified a twagé phase in testing value
relevance. The first being when information is #f@nred into financial accounts
(disclosure) and the second stage when accoumtfagmation is transmitted into the
markets (publication and availability of informatjo The IASB is willing to increase
the transparency in both phases, so that informgtrovided will be more reliable for
the users of the accounts.

As mentioned earlier, the theoretical justificatioh the regression model on the
subject of using financial reporting for equity walion was developed by
Ohlson (1995). In this paper he used future eamibgok value and dividends in
order to relate them to the equity market valuenibgs were used as a proxy for the
information contained in the income statement, &vbibok value was used as a proxy
for the information used in the balance sheet. Ange in book value would equal
earnings minus dividends (referred to as a clegnlssirelation). The model used was

the following:
R =y +) RE[S],
=1

Where P = market value or firm’s price at date t
y = book value at date t
R = risk-free rate plus one

E[X] = expected value of abnormal earsiagtime t +
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This format requires the change in book value wwaégarnings minus dividends (net
of capital contributions), which Ohlson refers ®aaclean surplus relation. In order to
find the relation that each of the three aforenwar@d variables i.e. earnings, book
value, and dividends have with stock price of aaserfirm, the author introduces
three basic assumptions. First, that the presdué\d expected dividends determines
the market value. Second, that accounting datadaudiends satisfy the clean surplus
relation, and dividends reduce book value withdfecéing current earnings. Third, a
linear model frames the stochastic time-series \aebha of abnormal earnings.
Ohlson argued that this model is based on an irmpbmnplication; dividends reduce
book value but leave current earnings unchanged.

Other important research study on how financiabrepg can explain stock market
price movement of a certain company was conducteddms and Lang (1994).
Investigating the financial statements in compabi@sed in three different countries
namely, France, Germany and the UK, they examired dffects of different
accounting measurement practices. In addition,guaimual financial statement data
and monthly prices and dividends for 1982-90, abdd for these three countries they
tried to measure the performance of these compasmeesrding to three basic
financial ratios Return on Equity, Earnings Priaéia, Book to Value ratio, showing
the degree of association between accounting dettasimck price. They also tested
the results for the period before and after thaeasse of the EU Directives (Fourth
and Seventh Directive) in order to observe if ficiahreporting comparability did
improve. The degree of association between acauyirdata and stock price was

measured using the regression:

MVE, = B, + BEARN, +B,BV, +&,, (1)

71



MVE;, = Market value of equity for firm j at the end of tieird month

following the end of fiscal year t

EARN,, =  Earnings before extraordinary items for firm j fmcal year t

BV,, = Bookvalue of equity for firm j at the end of fidgear t

From the financial ratio analysis, they concludduhttconservative accounting
countries like Germany appear to have lower ratdications than the other two
countries. Therefore, German companies, assumingcoounting differences, seem
to be less profitable than companies in the other ¢ountries. At the same time,
however, German companies seem to trade at higbkiphas of earnings and book
values. Low return on equity and earnings price raidications might be due to the
German tax accounting system, which shields diddamome from taxes and
potentially results in lower reported profitabilitput higher earnings multiples
(creditor oriented accounting system). As regahg@sregression analysis, they found
that French financial reporting was more valuevah than the UK and Germany.
After the issuance of EU Directives, they foundewidence of increased r-squared,
indicating that the Directives did not bring conyemce between those countries.

The study of Joos and Lang (1994) is influentiahiis research using a pre- and post-
event approach. The difference is that this researlt test whether IFRS will affect
the value relevance among four major EU countikile the EU Directives were
found to introduce no change in the value relevaricccounting information, IFRS
revealed new information content to the users & #tcounts. The Directives
introduced a common ground for financial reporgimgctices in EU. However, due to

a policy of constraints and caveats that each cpuatopted towards these
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Directives, they did not manage to have a masdieeteon the comparability of EU
companies’ accounts. The comparability of finanogglorting across the EU is a long
term target of IASB which has introduced mandatacgounting standards to the
member states.

An important analysis of the regression model wias developed by Collins et al.
(1997). Their research examined the value relevahearnings and book values over
time. The sample consisted of firms in the US awgreriod of 40 years (1953-93).
The authors reported two main findings. First, tteambined value relevance of
earnings and book values has increased throughyélaes. Second, while the
incremental value of earnings has declined, itleen replaced by increasing value
relevance of book values. Much of this shift froamrengs to book values is explained
in the paper by the increasing frequency and madeitof one time items, the
increasing frequency of negative earnings, and gésimn the average size of firms
and intangible intensity across time. What the angttare actually suggesting here is
that if the income statement is smoothed and thenba sheet is left to incorporate
the adjustments, the income statement will be eahee relevant. Vice versa, if the
balance sheet is smoothed, and the income stateimeamed for disclosing the
adjustments, then the balance sheet will be motaeveelevant. Collins et al.
decomposed the general regression model into twatems. This decomposition

was used in Easton (1985) and was derived thealigtiy Theil (1971):

P. =B, + BE, +& ()

And
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Pe = Vo * V1BV, + &, ®3)

Where P

market value of equity
E = earningsintimet

BV = book value in time t

The error term captures other value relevant inédiom not captured in earnings and
book values.

It is useful to further analyse the way that Eastenomposed the model, as it will be
included in the hypothesis testing part of thisdgtuAccording to econometrics
theory, someone is able to decompose a regreddie/she has previously checked if
these two factors are interrelated. If they are, tiodel should not be decomposed.
However, although Easton admits that the valuevaglee model would normally be
misspecified, the purpose of the regression usdtisnstudy is different, justifying
the decomposed model. The purpose of the regressorsimply to compare
accounting earnings and book value to the markktevaf equity for information
purposes. The important issue is that the infoiromationtained in earnings is not
subsumed by information implicit in the market praf equity. In that way, Collins et
al. (1997) were able to measure the incrementalaegpory power of earnings and
book value separately over time. They argued thihéugh to some extent, earnings
and book values act as substitutes for each othexplaining earnings, they also
function as complements by providing explanatoryw@o incremental to one
another”. This decomposition of the model creaamdther important variable in
testing the value relevance of accounting infororatthe explanatory power common

to both earnings and book values. This variabiengortant because it can be linked
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with disclosure (as it affects both earnings andkbwalues) and will be further used
in analysing the results of this research.

Another model in value relevance studies was ptedeny Hellstrom (2006), where

the author investigated the value relevance of @ttoag information in a transitional

economy like the Czech Republic. This study focusadthe differences in value

relevance between a transitional economy and adeskloped one. Companies from
the Cekia financial database were selected foriagef 7 years from 1994 to 2001
and were compared to Finnish firms which were uasdbenchmark firms for

developed economies. The intriguing part in thgeegch was the way that Hellstrom
tried to tackle the scale problem of an underlyirgleflated price regression. The
scale problem was traditionally solved by deflatthg regression by stock price or
lagged book values. However, the author suggestagh of a logarithmic regression.
Using a popular econometric method in testing esoowariables she used the log-

values in both parts of the regression model.

InP, =a,+a INnEARN, +a,InBV, (5)

According to the author, such a regression woulohafor a non-linear relationship
between the market and accounting measures whicheassumed to lead to a more
general modelling of the relationship between thesasures. Although the validity
of this logarithmic relation remains to be thearallly tested in the future, the
empirical results indicated a 30-43% better exgianaof the power of the model.
Therefore, a relevant procedure can be put to ¢se iy other researchers. It is
noteworthy, that when this model was tested forcilveent research, r-squares did in

fact improve. However, as the general picture adparative results did not change

75



with all the figures moving up respectively, it wadecided to proceed using Ohlson’s
not-logged regression model. Another reason wasalttzough the model is working
better, the theoretical justification behind thgded model is still missing.

The general regression model (1) has been extéypsiveed on several other
occasions. Another application of this model carfcamd in the research conducted
by White (1999) who in his PhD thesis examinedvakie relevance of accounting
earnings and book values in Germany, Japan andJ8dor a period of 9 years
(1986-95). The author also decomposed the modelder to find the explanatory
power of earnings and book values separately foh emuntry. The explanatory
power of book value for market value of equity viasnd to be higher than that of
earnings in Japan and Germany. In the US, the valegance of earnings was found
to be relatively higher than the book value, whiadis a surprising result given that
FASB is balance sheet oriented. The implicationsWihite’'s study show that
investors in Germany and Japan pay more attergibook value figures as they were
found to be more correlated than earnings, whikestors in the US are more
interested in earnings’ figures. The study by Wintsignificant in that it concludes
by stating that using a single set of accountiagdards is unwise given the diversity
in the use of financial statements. The aim of #tigly will be to examine whether
IFRS will manage to change financial statementduevarelevance and will also
provide information that can help the users ofabeount make economic decisions.
Arce and Mora (2002) also applied the regressiordehdl) to test the value
relevance of earnings and book values to the maddee of equity focusing on the
distinction between code law and common law acéongntcountries. They
hypothesised that differences in accounting rulesewmostly responsible for the

differences in the value relevance of accountifigrmation. They examined a sample
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of eight European countries (two common law, sigectaw) for a period of 8 years
(1990-98). They concluded that in code law coestribook value is more value
relevant than earnings and vice versa for investa@nted countries. However, in
France earnings were found to be more relevantué/aélevance of accounting
information (both earnings and book value) was tbtmbe greater in France, the UK
and Germany. This research will also test the wiffee in the value relevance of
accounting information between code law and comhmaraccounting systems.
Equally important research was conducted by Ali Eméang (2000). Using a sample
of manufacturing firms in 16 countries for a periotl 10 years (1986-95), they
explored the relationship between measures of vallegance of financial accounting
data and several country-specific factors suggestegrevious research. More
specifically, they decided to focus on five courdpecific factors relating to the
value relevance of accounting information and campevith important conclusions.
Firstly, they found that the value relevance waselo for bank-oriented financial
systems in different countries (as opposed to ntarkented). In order to measure the
difference, they used debt-to-asset ratio. Consistéth Berglof's (1990) argument,
firms in bank oriented systems are expected to Hagler debt-to-asset ratios.
Secondly, they suggested that value relevance avesr Iwhere private-sector bodies
were not involved in the standard-setting process &@overnment was the only
standard-setter. Thirdly, they argued that valueveace was lower for Continental
model countries than British-American model cowsr{using accounting clusters,
they divided countries into British-American, Comntal, South American and
Mixed Economy). Fourthly, they concluded that vatakevance was lower when tax
rules significantly influence financial accountingieasurements. Finally they

discovered that value relevance was higher where was spent on external auditing
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services. Their basic argument focused on thetkattinter-country differences had
the ability to interfere and change the relatiopdbétween accounting numbers and
stock market metrics.

Germany has been extensively used in the valugaiete literature as an example of
a country moving from national GAAP to IFRS. Theaaee numerous important
studies that examine value relevance in Germanyréeind after the implementation
of the international standards. A major role fag fhrequent use of Germany was the
stakeholder orientation of the German GAAP andhigsorical cost accounting model
that offered a good chance for researchers to &sinir with the newly introduced
IFRS shareholder orientation and the fair-valueoanting model. Germany also has
a strong legal system in terms of rule of law afftiency of the judicial system to
ensure compliance with the chosen accounting stdada

Hung and Subremanyam (2004) were among the fuigiest trying to test the effects
of adopting IAS and the value relevance for a sangplGerman firms between 1998
and 2002. Their study depended on 80 German filrasvoluntarily adopted IAS.
They found that book value plays a greater valmatimle under IAS than under
German GAAP. They also suggested that the contraryhappening for the
explanatory power of earnings. They concluded that variability between book
values and earnings is higher under IAS than undeonal GAAP.

Moreover, Lin and Paananen (2007) also exploreddhee relevance of book values
and earnings under IAS (2000-02) and IFRS (2003-UAgir sample consisted of
German listed firms tested from 2000 to 2004. Teeypared these periods to 2005
results to see whether the mandatory adoption &SlFhas changed the value
relevance of accounting information. They infertbdt the fair-value orientation in

IFRS increased the incremental explanatory powdrotth earnings and book values,
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with the market relying more on book values. Betw#eRS (voluntarily) and IFRS
(mandatory), they found that the incremental exgiary power of book values
decreases significantly due to the larger and moyétable companies.

Schiebel (2007) also examined the value relevafd&eoman GAAP versus that of
IFRS, coming up with some intriguing results. Hedi&Serman consolidated financial
statements over a period of four years from 200@420n this research the author
regressed market capitalisations on IFRS conselidatquity book values of
companies listed on the Frankfurt Stock Exchandge main hypothesis of this
research was that perfect value relevance woulde Haen demonstrable if the
consolidated equity book values had been so ctosiget market capitalisations that a
regression analysis with market capitalisationsthees dependent and consolidated
equity book values as the independent variable @avbalve shown a regression slope
not statistically significantly different from 1.gainst others, Schiebel concluded that
value relevance under German GAAP was statistidaifjher from that observed
under IFRS.

All these studies analysed the value relevancecodunting information in different
countries. Many researchers used a before-afteroaplp (for example, before and
after the introduction of the EU Directives) in erdto test whether the value
relevance of accounting information increased or after a certain event. Other
studies tried to take advantage of the fact thatesirms voluntarily adopted IAS
before the mandatory application of these standamd®2005 or studied firms’
reconciliation from national GAAP to IFRS.

The novel part of this study will be, using thedhetical background developed by
these studies, to examine the actual value relevafiect of the transition of four EU

countries into IFRS. For the first time, annual lghed financial statements will be
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used to compare the period before IFRS were inted{2003-2004) with that after
the implementation of IFRS (2005-2006). These statdgs offer the unique chance of
studying the difference between national GAAPs BRIS with respect to the value

relevance of accounting information.

4.1.2. Factors affecting the value relevance obanting information

Value relevance studies have long been debatdtkiadcounting literature. Over the
past few years certain factors have been identifiedable to affect the regression
analysis. Such factors may come either from drappeveral assumptions that
underlie the value relevance equation or may oatgirfrom the variety of market

conditions and accounting practices observed irofigan countries. Some of these
factors are analysed and explained below to hel rdader comprehend this

particular research environment.

Market inefficiency & information asymmetry

Traditionally, value relevance of accounting infaton models were based on
market efficiency. More specifically, as explaineatlier, value relevance regression
model is based on the assumption of Fama’s seomgsfiorm of efficiency. Ohlson’s
model was tested based on that argument and maey msearchers followed his
example.

Important research that tested the effect of infdrom asymmetries came from Leuz
and Verrechia (2000). Although this study was dwoectly related to the value

relevance of accounting information, it still prdes us with important research ideas.
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They suggested that information asymmetries creasts that reduce liquidity and
increase firms’ cost of capital. The only way tduee information asymmetries is by
offering increased disclosure to the users of tmants. In that way, information
asymmetries will diminish and proceeds will incre@ascompanied by lower costs of
capital. Therefore, the objective of IASB in incsed disclosure under IFRS seems
justified using the authors’ logic.

Many other researchers tried to examine the efi@ctsopping the market efficiency
assumption or observing if this regression modsb dlolds for inefficient markets.
They examined whether inefficient information adlwas information asymmetry can
affect the value relevance regression model.

First, market inefficiency in value relevance ofcagnting information was
introduced by Aboody, Hughes, and Liu (2002). Tkeggested that recent market
“anomalies” challenged the implicit belief that tlsemi-strong form of market
efficiency must hold. They showed that informatiabout the measurement error
could be extracted from future price changes unberweak assumption that all
inefficiencies resolve over time. They did this dgriving a residual income based
intrinsic value, and regressing stock return oreflated lagged price. Their results
provided strong evidence that conventional pricgressions failed to capture the
price effects of information contained in accougtimariables that can be better
captured using a return regression model.

Furthermore, Goodwin et al. (2002) tested valuevaahce in an inefficient economic
environment. They argued that as information isiclty not homogeneous,
information not recognised in financial statemesttsuld also be value relevant. In
addition, they connected Efficient Market Hypotlseand value relevance to a two-

step procedure. In the first stage, informatiortrasmitted to and filtered by the
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accounts. At the second stage, accounting infoonasi transmitted to the markets.
The important element in their research was thagt thok into account the possibility
of market inefficiency, separating the testing cdlue relevance and market
inefficiency. They even suggested a new classiboabf market efficiency that will
fit better to value relevance i.e. to categoriderimation as either recognised in the
financial statements, disclosed in the notes of fihancial statements but not
recognised, public information not in the financiatatements, and private
information.

In addition, Dontoh et al. (2004) provided a goochraple of the role market
inefficiency plays in value relevance of accountimgormation by publishing
research on the declining value-relevance of adaoginnformation and the “Non-
information based trading”, which they defined las tinwanted noise that may distort
the results of value relevance studies. They ssigdethat due to that noise there is
an observed temporal decline in the associatiowdst stock prices and accounting
information (earnings and book values). If, accogdio the authors, the accounting
variables reflected nothing but information abolbé&mges in fundamental value, and
no other data provided such information, the asdmi between accounting variables
and fundamental value would be perfect. Howevex,ekistence of non-information
based trading (NIB) moves prices away from the sics fundamental value. In
order to test this argument they used the appro&&ollins et al. (1999) based on
Ohlson’s model. As, according to their observationsquares of the equation
decreased over time, they continued to use a giaxyon-information based trading
(NIB) by using parameters of the distribution aflimidual analyst’s earnings forecast
revisions and subtracting estimated informatioredasading from trading volume to

obtain NIB trading. Their sample consisted of ak tCompustat Industrial Annual
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database firms from 1983 to 2000, and for which BBES database had data on
individual analysts’ one-year-ahead forecasts afiags per share. Their conclusions
found support for their theoretical prediction tha decline in the value relevance of
accounting information may be due to non informatibased trading volume.

Interestingly enough, this decline in value relesanver time was not depicted in this

study after the exclusion of outliers in the sang#déa.

Scale effects and their impact on r-square obsernsat

According to several researchers (Brown et al. 1.99®le effects play an important
role in the value relevance regression model ay tten distort the r-square
observations. This study has also employed a numobemeasures in order to
mitigate, and when possible eliminate, that effect.

Furthermore, Barth et al. (2001) comment on the¢ fiaat large capitalisation firms
illustrate increasing value relevance. They sugtesd this happens because larger
firms typically have larger values for each var@ablhey also note that an underlying
assumption of the regression model is that firmthwmnore equity book value and
more earnings will have higher market value of gguirhat is, economically
successful firms will have that success reflectedequity market value and in
accounting performance measures. The authorstwidichit these scale effects as is
also done in this research. The argument agairet pbint may be that large
capitalisation firms might already have developéghtvalue relevant reporting with
limited space for improvement. Therefore, it canheteasily suggested that value

relevance will remain high for a particular group foms. This research clearly
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indicates that there is a lot of differentiationtive value relevance across different
countries, groups of companies and even finaneats/

Jermakowicz et al. (2007) also showed that firmth wifferent market capitalisation

can face distinct problems in implementing IFRSe Tduthors identified several

drawbacks that high capitalisation DAX-30 Germamn& came across in adopting
IFRS. Some of them were: the lack of uniform intetation of IFRS, the continuing

debate over IAS 39, the running of parallel accmgnsystems, the preparation of
comparative financial statements for the past yedms lack of IFRS knowledge

amongst employees and auditors, and the diffialtietraining accounting staff and

management. They also focused on the problem ofidr@sation and streamlining of

internal and external reporting, also noted in ttesearch. The authors came to
conclude that the benefits of implementing IFRS nd#fer across time periods,

countries, and different size firms.

Regression models are based on r-square whichmesaaure of the explanatory power
of the independent variables in a linear regressionthe regression of price on

earnings and book value, r-square explained theedegf the association between
stock market prices and financial reporting.

A primary concern in analysing r-square observatistems from coefficient bias,

which can result from an omitted correlated vaeat#lated to scale. This concern
arises as larger firms are expected to have larglees for each variable. According
to Barth and Clinch (2001) the scale factor problanses from the underlying

assumption in equation (1) in which firms with maguity book value and more

earnings have a higher market value of equity. Tleasnomically successful firms

have that success reflected in equity market vahe in accounting performance

measuresMoreover, as Brown et al. (1999) indicated, a pesitelation between
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stock price and EPS in per share levels regressibkely to be exaggerated because
some stocks have larger scale than others.

Moreover, heteroscedastic regression errors cam ralsult from scale differences
across firms. Although heteroscedasticity does restilt in coefficient estimation
bias, it can reduce estimation efficiency. Becatsestandard method for calculating
coefficient estimate standard errors and thus, atissics is to assume
homoscedasticity, these calculations may be incbrBarth and Kallapur (1996) also
refer to this problem for testing the value reles&m cross-sectional studies.

Two approaches are commonly used to deal with smalelems associated with an
omitted scale variable. The first is to include raXy for scale as an explanatory
variable in (1), and the second is to estimateuasg after deflating all variables by a
scale proxy, like the number of shares outstanding.

Within-country factors can affect the value reles@rmof accounting information on
the observed European countries. Factors suchoagpany size, company growth,
and the stock market can affect the comparisorswibbe made among different
countries. Therefore this study aims at easing théuence using some proxies that
will help eliminate extremes. As a proxy for compasize, this research will use
market capitalization; a proxy for company growthl Wwe the growth to sales ratio,

whilst price earnings ratio will be used as a préxystock market factors.

The explanatory power of earnings and book values

Certain factors seem to have the ability to aftbet explanatory power of earnings

and book values over time. Issues like intangikets, reporting frequency of “one-
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event” items, negative earnings and accountingsral@n contribute to the value
relevance of earnings and book value.

Intangibles can be seen as the intellectual capitalcompany comprising three main
aspects according to IFAC (1998): human capitdjtimnal capital (network) and
organisational capital (structural), like brandsgade marks, and internet domain
names. As far as intangible assets are concerneit, Znd Lev (1996) argue that
financial reporting is of limited value for invessowhen valuing service and
technology-based companies that invest in intaegifR&D, human capital, and
brand development). When companies have large asofimnrecorded intangibles,
financial reporting information could be misleadimg intangible-intensive industries
we would expect to observe some noise over howreggrand book value are related
to financial reporting. A characteristic exampleth& reporting of goodwill in the
accounts. According to FRS 10, only goodwill pursddhand not internally generated
goodwill should be recognised in accounts. It iguad that the difference between
market and book value represents the value oha@dimtellectual capital. Intangible
assets are certainly a difficult matter to evalu&i@r that reason, this study will not
use firms from intangible-intensive industries lgalular telephone industries. In that
way, a possible distortion of the results towarashegs, book values or both will be
avoided.

“One-event” items tend also to affect the explanapmwer of earnings over financial
reporting. Elliot and Hanna (1996) argue that tregkat places less weight on special
items than on earnings before special items. Ihway, value relevance of earnings
should be decreasing in non-recurring items. Tlteses can also have an effect on
book values. Researchers argue that firms sep&@te non-core businesses and

firms experiencing financial difficulties are mdieely to report one-event items than
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others. Therefore, book value relevance would eseefor these items. In order for
the current study to control these effects it wasided (as in Collins et al. 1997) to
remove, during the sampling process, the top artbinoone and a half percent of
either earnings to price or book to market valuesvall as the one and a half percent
of firms with the most extreme values of one-titgnis as a percentage of income.
Furthermore, negative earnings can also affectvéhee relevance of earnings and
book value. Collins et al. (1997) argue that valelevance shifts from earnings to
book value when earnings are negative or firms fa@cial distress. They support
the view that a firm’s abandonment value becomesemelevant for assessing
shareholder value as the firm experiences lossefsnancial difficulties. If book
values are more closely associated with a firmanalonment values than earnings,
abandonment becomes more likely so the explangimmer of book value increases.
That is why a dummy for firms with negative earrang included in this research’s

model.

Increased disclosure

There are some studies that suggest that increiseldsure under national GAAP or
even IAS/IFRS can change the value relevance afustg information. Disclosure

effects are studied in this research by examinimgnges in the explanatory power
common to both earnings and book values (follov@adjins et al. 1997).

Alford et al. (1993) examine whether disclosurecpces can lead to significant
differences in the usefulness of accounting eaminbhe authors analysed an
extensive set of 17 countries with a variety ofcagting standards. Their results

reveal significant differences in the timelinessl amformation content of accounting
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earnings. France, the Netherlands, and the UK vi@sed more informative or
timelier than the US. Annual accounting earnings Germany, Italy, and Sweden
reflected less timely or less value relevant infatiom than in the US accounting
earnings.

Lapointe et al. (2006) explored the effect of veodrg disclosures on the value
relevance of earnings. Their sample consisted @Wi3s firms tested for a period of
4 years. They used regression analysis and suggtste firms voluntarily disclose
more information in their annual reports or compith IAS or US GAAP make less
use of discretionary accruals to smooth earnings firms that do not. They also
argued that voluntary disclosure is a substituteveduntary compliance with
IAS/IFRS. They also found that investors put a sigantly lower valuation weight
on discretionary accruals reported under IFRS, emerpreted this evidence as
investors being in a better position to detect reisonary accruals when the firm
either voluntarily discloses more information otwaarily complies with IAS/IFRS.
These different papers can show the range of tqabsiused in testing the value
relevance of accounting information and the possfisbblems that researchers need
to resolve to increase the validity of their resuftertain factors affecting the value
relevance were also analysed. After presenting bhekground studies on value
relevance, the aim of the next section will be xplain how the need for the new

study and the new hypotheses were developed.

4.2. Development of the hypotheses tested

4.2.1. How value relevance of accounting infornratrelates to the harmonisation

idea and IFRS?
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This research will mostly be concerned with examgnivhether the introduction of
IFRS affected the value relevance of accountingrmétion in European countries,
i.e. whether IFRS has increased or decreased #ueiason of financial reporting

numbers with stock market price of listed companies

A logical question that might be asked is: Wherghis connection between value
relevance and IFRS? An answer to this questioniMengin the figure presented

below.

Figure 2 — Qualitative characteristics of financialstatements

U
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Value Relevance of Accounting Information

Source: Developed by the author

This research’s aim is to examine whether IFRS lmarmore value relevant than
national GAAPs, thus more useful for the usershef accounts. This diagram will
assist in suggesting that increased value relevisneghin the concepts of IFRS.

It can be observed that international standardsisaare analysed and explained

through the IASB’s and sometimes also through tA8B's Conceptual Framework
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(there are similarities given that both boardsgéars convergence). The first one has
given great importance to five qualitative chargstes that financial statements
should comply with: relevance, faithful represeiotateliability, comparability,

understandability, and materiality. IASB’s defioii of relevance is:

“Information must be capable of making a differennethe economic decisions of
users by helping them evaluate the effect of padtpaesent events on future net cash
inflows (predictive value) or confirm or correctguous evaluations (confirmatory

value), even if it is not now being used.”

Although, “relevance” is directly related to “valuelevance”, other qualitative
characteristics can also play a role in the vaklevance of accounting information.
For example, faithful representation is about tlwrespondence or agreement
between accounting measures or descriptions imdinhreports and the economic
phenomena they purport to represent. Thus, whehfdhirepresentation increases,
value relevance should also increase. In the sansy, wcomparability,
undestandability, and materiality are also coreslatvith the value relevance of
accounting information.

Moreover, the FASB has further categorised thesditggs into primary qualities like
relevance and reliability, a secondary quality c@mparability, and understandability
which is defined as a user specific quality.

The assumption of this study is that if relevanes lbeen enhanced after IFRS,
increased value relevance should also be detethedlefore, the question of whether
these standards can increase the value relevaneecotinting information in EU

countries goes back to the roots of the existehteRS.
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The basic research question‘idre International Accounting Standards more value
relevant than European National GAAPsM the answer to this question proves to
be “yes” then IFRS are moving towards these geasliind are most likely to improve
the availability of information for investors. Hower, if the answer proves to be
“no”, then additional measures might be necessarytlie IASB to make a turn
towards these important principles.

Based on this question, we will start forming oypdtheses to be tested. However,
due to time constraints and lack of availabilitydafta it is not possible to examine
each country inside the EU, so the researcher basletl to focus on four selected
countries. The selected countries i.e. the UK, G&yn France and the Netherlands
concentrate more than 75% of the total market abpattion in Europe according to
the European Securities Exchange Statistics (200Bgrefore, they are a fairly
representative sample of the firms adopting IFREurope.

Furthermore, as each of them has a different dapitaket, a distinct accounting
system and different overall size (GDP) it was dedito divide our hypothesis into
five sub-hypotheses corresponding to these cosntimethat way the researcher will
be able to test whether there will be some conttadr results as to the direction of
the effect of the value relevance of accountingnmiation. In some countries the
value relevance may increase, whilst in othersevadlevance may decrease after the
adoption of IFRS.

Another thing that needs to be mentioned hereas nilany of these hypotheses are
not directional. The reason for neutralising thedtheses was that for an exploratory
study of this nature it was considered more appaitgto assume no direction in the
development of the hypothesésother reason may be that as the IFRS are gaite n

to accounting history, there are many controvergiglvs on their implications and
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importance. So, in some cases results may go tpesdp way to what we would
normally expect for some countries in the EU.

Last but not least, the researcher has decidesstalso how somgairs of countries
may react to the introduction of IFRS in relationthe value relevance of accounting
information. Therefore, some group hypotheses \aks@ employed in the hypothesis
development. For example, countries were categgriato creditor oriented and
investor oriented accounting systems. Although soesearchers may argue that
nowadays such a categorisation could be in somescpsoblematic, this study
suggests that some undeniable similarities amortgioecountries that lead to these

groupings would help the analysis of this research.

4.2.2. Hypothesis testing

The basic research question is the basis for thedion of the first hypothesis. The
underlying assumption of this research will be tin&t adoption of IFRS will change
the value relevance of accounting information iasth four countries. This research
should allow the researcher to test the validityhad hypothesis for each country by
making within-country comparisons of the perioddrefIFRS were introduced with
that after IFRS took effect.

Moreover, this study will test whether two pairs afuntries will react differently
after IFRS. For that reason a last sub-hypothedlisbe included separating the
countries to investor and creditor oriented acdogngystems. Many researchers have
studied the value relevance through this distimctio creditor-investor oriented
accounting systems like Zysman (1983), Alford et(#993), Nobes (1998), Ali and

Hwang (2000), and Lind and Paanen (2006). Invesiented countries are normally

92



expected to convey more value relevant informationfinancial reporting than

creditor oriented countries do. However, no one\earbe sure how IFRS will affect
this perception. This effect will be measured bynparing the difference in value
relevance (r-square after IFRS minus r-square whsen before IFRS) before and
after IFRS for investor and creditor oriented comst Germany and France will
represent the creditor oriented accounting systerthis pair has being extensively
used like that in the literature. Also, as the DU@AAP has many similarities with

the UK GAAP (ICAEW 2007), both being investor oried accounting systems, it

was grouped with the UK GAAP. Hence, it is hypotbed that:

H,: “The adoption of IFRS will change the value relevaa of accounting
information in the EU”

H,,: “The adoption of IFRS will change the value relage of accounting information in the
United Kingdon{
H,,: “The adoption of IFRS will change the value relaee of accounting information in the
Netherlands
H,,: “The adoption of IFRS will change the value relage of accounting information in
Germany
H,,: “The adoption of IFRS will change the value relage of accounting information in
France’
H,.: “The investor oriented countries(UK, Netherlands) will have different valye

relevance from thereditor orientedones (Germany, France) after the adoption of IFRS”

In addition, as already mentioned, the IFRS seementphasize the primary

importance of the balance sheet over the incomtrsent. The recognition of
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intangibles as well as other factors can play goontant role in measuring the value
relevance of accounting information. Earnings andkbvalue in this research are
treated to move inversely to one another as reghedsalue relevance of accounting
information, as in Collins et al. (1997). Histoligathere were two views in
accounting. UK practitioners promoted the impor&an€ the income statement over
the balance sheet. On the other hand, standaetssettthese countries and in other
countries in Continental Europe promoted the imguosée of the balance sheet over
the income statement. Surprisingly, the IASB se¢émadopt the latter viewpoint.
Although IFRS had its origins in London and IASBc@mposed of a great number of
Anglo-Saxon members, it seems to base its standardsbalance sheet oriented, fair
value model, where the emphasis is on measuringathe@alue of companies assets
and liabilities. The measurement of net income ti#n rely on changes in the fair
value of net assets.

Moreover, according to Haller et al. (2005), as YA8B has not yet decided on a
single measurement basis for assets and liabil{iresasuring some of them on a
historical cost basis and others on a fair valusisbanown as a mixed attribute
model), the determination of net assets as weirast is influenced by a mixture of
different measurement bases. IASB is primarily emtated on recognition and
measurement, paying less attention to the presemtat profit. As the IASB leaves
many details regarding performance reporting to diseretion of the preparer of
financial statements, companies feel tempted tonas®nal rules in the absence of
detailed IAS/IFRS. In some cases, even though campare not compelled to use
national rules, they prefer to carry on using famnihccounting practices than move

onto using a new accounting approach. Nevertheiteskpuld be noted that IASB is
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currently (2007-2008) working on a new standardtlom presentation of financial
statements.
In order to test the second hypothesis the decoitmmosf the model (equations 2,3)

was employed. Therefore the hypotheses will be:

H,: “The adoption of IFRS in the EU will increase théncremental explanatory

power of book value, decreasing that of earnings”
H,,: “The adoption of IFRS in theJnited Kingdom will increase the incremental
explanatory power of book value in this countrygrdasing that of earnings”
H,,: “The adoption of IFRS in thé&letherlandswill increase the incremental explanatary
power of book value in this country, decreasing tfaarnings”
H ,,: “The adoption of IFRS itsermanywill increase the incremental explanatory power of
book value in this country, decreasing that of @agge”
H,,: “The adoption of IFRS irFrance will increase the incremental explanatory power of

book value in this country, decreasing that of @ays”

Moreover, it would be important to observe if firmsth low, medium, and high
market capitalisation will experience a change alug relevance of accounting
information after the adoption of IFRS. It was menéd earlier that company size
can affect the value relevance of accounting infdrom as in Hayn (1995), Collins et
al. (1997), and Barth and Clinch (2001). This stuslyhe first to test the role of
market capitalisation in comparison with the chamgevalue relevance after the
adoption of IFRS by dividing the sample in smalkdium, and large cap firms. The

proposed hypotheses are:
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H,: “The adoption of IFRS in the EU will have differet effects on small, medium,
and large capitalisation firms”
H,,: “The adoption of IFRS in th&nited Kingdomwill have different effects gn
small, medium, and large capitalisation firms”

H,,: “The adoption of IFRS in th&letherlandswill have different effects on smal

medium, and large capitalisation firms”
H ,,: “The adoption of IFRS itcermanywill have different effects on small, medium,
and large capitalisation firms”
H,,: “The adoption of IFRS irFrance will have different effects on small, mediym,

and large capitalisation firms”

Analysing these sets of hypotheses will indicateethr IFRS is capable of
improving the correlation between stock market aodounting numbers. It will also
show us whether IFRS are moving in the right dicectfor each of the observed

countries or if additional measures are needetif8B to succeed in its goals.

4.3. Summary

This chapter has made an analytical presentatiothefprevious literature on the
value relevance of accounting information. The dasethodology and regression
models used were presented and explained. Moreawgrent studies on value
relevance and IAS/IFRS were also examined. Prevstudies were not able to use

annual financial reporting data to compare thelpRS and post-IFRS period. The
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development of the hypotheses to be tested waspaessented. These hypotheses
were based on the aforementioned theoretical frarlewaking advantage of the new

set of available data.
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CHAPTER 5 — METHODOLOGY AND DATA COLLECTION

5.1. Methodology

Valuation model

The model is based theoretically on Ohlson (199%) wied to express the value of a
firm’s equity as a function of its earnings and bo@lue. Many researchers after
Ohlson used the following price regression modahtasure the value relevance of

accounting information in different countries:

P, =a, taE; +a,BV, +¢&, (1)

Where P, = share price of a firmthree months after the end of fiscal year
E, = earnings per share of firnat the end of the ye&r
BV, = book value per share of firmat the end of yedr,
And &, = error term, i.e. other value relevant informattbat cannot be captured

by earnings and book value figures.

However, model (1) seems to be rather simplistmwadays, other factors have been
incorporated to improve the credibility of the mbddsing the approach of Collins,
Pincus and Xie (1999), and Dontoh et al. (2004)lsprice is expressed as a function
of its earnings and book value after controllingddferential accounting information

conveyed by loss and profit firms. The inserted dynvariable will simply be one
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for loss making firms and zero otherwise. The inpace of the insertion of such a
variable into the model as well as the importanicthe information content of losses
is a well studied subject in the accounting literat (Hayn, 1994). Therefore the

model will become:

F)it = a'O +a1Eit +aZB\/it +a3DLit Eit +a4DLit B\/It +€it ’ (4)

Where, P, = share price of a firmthree months after the end of fiscal ygar
E, = earnings per share of firnat the end of the yea&r
BV, = book value per share of firnat the end of yeadr
DL, = indicator variable that is one if earnings argat&e and zero otherwise,

And &, = error term, i.e. other value relevant informattbat cannot be captured

by earnings and book value figures.

This study will make use of the augmented modelr{4rder to observe whether the
value relevance will change. This model was tested found more capable of
explaining the dependent variable showing highsguares and lower standard errors.
The new model also allows control of the effechefjative earnings (mentioned by
Collins et al. 1997) by allowing the coefficientsr fthe loss and profit firms to be
different.

At that point it should be mentioned that in sorasas researchers also use a returns
regression instead of a price regression or bothdsegpendent variables. For example
Joos and Lang (1994) used both approaches to neeaslure relevance. The results

from the price’s as well as from the return’s regiens were similar in that research.
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However, according to Kothari and Zimmerman (198f5earchers suggest that in
price models the slope or earnings response caeftcare less unbiased than those
in return models. However, returns models have lesgere heteroscedasticity
problems. As both models have their weaknessesatitieors’ suggestion is that
researchers should be aware of the econometridations in designing their
experiments. Based on the above, it was decidasséoa price regression for this
research and take all the necessary precautidnsrase the validity of this research.
In addition, some necessary clarifications shouéd rbade. Firstly, the earnings
variable refers to earnings before interest andN&teover, finance and utility firms
are excluded as they have a different structurefinancial reporting and the
relationships among different financial statemdatis can be different. Thus, the
samples would not be comparable.

All the variables in the regression are deflatethwaiscale proxy, which is the number
of issued shares (Collins et al. 1997). Again, maiiner researchers have used other
variables like total assets (Brown et al. 1999)hBoeasures seem to be quite reliable
in deflating these variables. This measure is eyguo to diminish the
heteroscedasticity effect. As was already mentiptiezlbest possible way to take into
account heteroscedasticity is to deflate all vdesitby a scale proxy, as number of
shares outstanding.

Furthermore, previous studies like Collins et 4Bg7) using a time period of more
than ten years also take into account a time tekredable. This variable was mainly
used as time could have a serious effect on thsemwvations. For example, a general
market recession could affect a specific periodinme and thus distort the results.
However, due to the limited time lag of the currstudy (two financial years before

IFRS, two years after IFRS), time trended factoesessumed not to play a significant
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role to our model. Therefore, such factors wereinciuded in the model, although
needed for studies with a greater time horizon I&ellins et al. (1997) who
investigated the value relevance over a forty yemae period and included a time-

trended variable.

Standardised beta coefficients and r-square decsitigpotechnique

During the data analysis, adjusted r-square amtiatdised beta coefficients are used
for comparison, in order to take into account w@ies in standard errors and in
standard deviations, respectively. Standardised @efficients are able to offer us a
robust number of differences between the explapgiower of book values towards
earnings and earnings towards book values. Betfiaent analysis appears in many
accounting papers like Ball et al. (2000), and Dbordt al. (2004).
However, another well-known technique was also u€adlins et al. (1997) used the
r-square decomposition method, in order to take atcount another important
measure in the value relevance of accounting indébion. Collins used the
explanatory power common to both earnings and hadbkes which is not captured
by the beta coefficients. This decomposition teghaiconsists of three main parts:

()  The incremental explanatory power of eagsi

(i)  The incremental explanatory power of baakue

(i) The explanatory power of both earnings &k value
The decomposition of the model was used by EastéB85) and first developed by
Theil (1971) and was thoroughly explained alonghwis weaknesses during the

literature review. The decomposed model is:
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P. =B, +BE, +& . (2)

IDit:y0+le\/it+£it’ (3)

If we denote the r-squares from the three equaasns

R? = total r-square of both earnings and book valags (

F\;ZZ = r-square of the second equation, and

R} = r-square of the third equation,

Then we will have thaI'-\;T2 - R;j = R_é\, , which will be the incremental explanatory

power of the book value

And R;TZ - R;gz = Fié , which will be the incremental explanatory powéearnings.

The remainingl‘-\;T2 - R_é\, - Fié = RZ, will represent the explanatory power common to

both earnings and book value. In this study thisievavill represent the disclosure

effect.
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Figure 3 - Factors affecting the stock market price

BV explanatory power of the balance sheet

EARN explanatory power of the income statement
L]

COMMON — either disclosure effect that affects both

book values and earnings or the
implementation of individual IFRS that affect
both book values and earnings

OTHER other relevant information/news that can
affect stock market price like political events,
error term industry news, etc.

These factors are not captured by this
regression model

Source: Developed by the author

The explanatory power common to both earnings amuk lvalues is an important
figure in the overall trade off between book valaes earnings. It can be considered
either as capturing the disclosure effect or aseddent to specific IFRS standards.
This statement can be further analysed as folldRRS introduced more disclosure
for European listed companies. Increased disclosameaffect both the balance sheet
and the income statement. Therefore, an increae iexplanatory power common to
both earnings and book values can be considerdtegower of increased disclosure
to explain the stock market price better.

Another explanation for this variable is that ityneome from individual standards
that affect both the balance sheet and the incdatensent, not solely the one or the
other, or valuing the one distorting the other. Ewample, a standard that affects the
balance sheet and the income statement is IAS B@nve company applies IAS 39 it

has to recognise the fair value of financial assets liabilities, including derivative
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instruments on the balance shéétus, the value relevance of the balance sheet will
increase. At the same time, the firm has to includesalised gains or losses to the
income statement. Hedge accounting is used to eedbe income statement’s
volatility. Consequently, this standard has an irdiae effect on both statements and
can be categorised as common explanatory powesttodarnings and book values in
the regression model. The same is happening with I&X which requires the
capitalization on balance sheet at fair value asés that were held off balance sheet.
This has a significant impact on both statementsifce leases on balance sheet and
operating leases in income statement). Thereforean be suggested that particular
standards’ implementation in specific countrievelhis common explanatory power
to be more value relevant than both the incrememallanatory power of book values
and the incremental explanatory power of earnings.

The analysis of both the general (H1, H2, H4) dreldecomposed model (H3) will

be essential in our hypotheses testing.

Outliers and the use of z statistics

This research collects accounting information bydanly selecting 50 firms each
year (2003 to 2006) coming from each of four m&aropean countries. Regression
results will reveal that there are some outlierthese randomly selected samples. As
random sampling can offer the reader an importasight of how value relevant a
specific market is, it was decided to analyse sampicluding outliers. However, this
data was also compared to the same samples whérrowere identified and
excluded from the regression results. Collins et(#97) have also measured r-

squares after the exclusion of outliers. In linesgression outlier is an observation
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with large residual. In other words, it is an ola#ion whose dependent variable
value is unusual given its values on the predictorables. Outliers can be identified
from SPSS using histogram, scaterplot, or the SRS&@lot. This research employs
the SPSS boxplot to identify outliers. Outliers defined if the y extends 1.5 box-

lengths from the edge of the box, while extremesthose that extend more than 3
box-lengths from the edge of the box. The 5% tridmeean (elimination of the top

and bottom 5% of the cases and recalculation ohthan) was also compared with
the original mean observed extremes’ influence.

In order to compare r-squares coming from differsample sizes, z scores were
employed. Brown et al. (1999) suggested that in#&ppropriate to use r-square to
make comparisons between different samples usliegeds regression like model (1).

The z score test is based on the statistical ptiegesf r-square as in Cramer (1987).
This test is extensively applied by Joos and L&kfiP4), Harris et al. (1994), Arce

and Mora (2002). It comes from the following eqaati

,_ R-R

2 2
V% T

where R?, R} are the r-squares for countries 1 and 2 that aiegbcompared and
af) its variance. As will become clear, a positive arscvalue will mean that r-square

from country 1 is higher than r-square from courfryand the other way round.
Under the null hypothesis of no difference betwbeth r-squares, the z statistic is
approximately standard normal.

The z score will be used to compare total r-sqfigtges across countries as well as

book values’ and earnings’ incremental explanafmower across countries. In that
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way, the analysis after the exclusion of outlieil e a lot more meaningful and

reliable.

5.2 Data collection

This research has taken several steps in orddetdify a comparable sample of firms
out of the population of companies in these coastriThe sampling process is

presented below:

O Step 1 Selection of countries and listed firms

O Step 2 Exclusion of ADR’s, financial & utility firms (usg GICS)

O Step 3 Prior to 2005 include only firms using domestidAP and full
consolidation (first-time adopters IFRS1). Companwluntarily following
IAS (early adopters) or US GAAP were also excludeuas will be the final
population of firms out of which random samplinglviollow.

O Step 4 Scale proxies: market capitalisation, P/E, ghgsales (eliminate top
& bottom 1.5 %, control for effects of extreme \esi

O Step 5 Randomly select 50 firms from each country fazhegear

Selection of countries and firms

For the purpose of this research four major Europeaintries were selected, namely:

the UK, the Netherlands, Germany, and France. Dugata and time constraints it

was not possible to include companies from thel fotgulation of EU countries.

Therefore, the generalisation of the results fer IFRS, should be treated with care.
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However, as this research has focused on top tiapttan countries the sample will
hopefully be quite representative and able to depénds. It is noteworthy that the
chosen companies are included in LSE (London), $¥het Borse (Germany), and
Euronext (Paris, Netherlands, Brussels) which cotnate more than 75% of the total
market capitalization in Europe according to therdpean Securities Exchange
Statistics (2004). Moreover, these four countrassording to Maddison (2001), are
top of the ranking in the EU in merchandise expads percentage of GDP at 1990
prices. This means that they fully support inteoval trade and economic
integration. Therefore, the researcher believessthi®analysis of the results for these
four countries is quite important.

The Thomson ONE Banker database was used througheusampling process.

Listed firms were identified for the UK, the Netlards, France, and Germany.

Exclusion of firms and survivor bias

Financial and utility firms were excluded from teample, the reasons being that
utilities are regulated and therefore their accmgntsystem reflects regulatory
requirements and financial firms have a differemarcial structure compared to other
firms, i.e. the relationships between differentfigial statement items are dissimilar.
In order to exclude these two industries a Glohduktry Classification System was
employed known as (GICS), choosing only energy,enms, industrials, consumer
discretionary, consumer staples, healthcare, irdtion technology and
telecommunication services industries (GICS 10,2105,25, 30, 35, 45, and 50). This

categorisation helped me include only the desietaindustries in the research.
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Moreover, this study will use only active compantbat are non-ADRs (have an
American Depository Receipt), as this would affhet homogeneity of the sample of
firms. Although this exclusion may rule out certamajor types of firms, in countries
like Germany such firms form a separate categorg aomply with distinct

requirements that cannot match this study’s sangbldirms in other countries.

Therefore, the inclusion of such firms in the saeanply be subject to future research.
Moreover, companies that dropped out (ceased &i)exi their information became
unavailable during the observed period, were reglawith new ones following

exactly the same research steps presented abogesufvivor bias is also tackled by
selecting the new firms randomly. The companiesdhareplaced as well as the final

sample of firms are noted in the appendix.

Table 3 — Process of selecting the final sample foins*(Appendix)

Capturing the effect of the transition

For the period before the introduction of IFRS yorwmpanies using domestic GAAP
and full consolidation were used (first time adoptilling under the IFRS 1). The
reason was that only by excluding firms that havevipusly used IAS/IFRS this
research will measure the actual effect of thesiteom into the new international
standards. Therefore, firms using ways of financeggdorting other than 1 and 10
(local standards) in the “World Scope” databasehm field “accounting standards
followed” were eliminated. The final population éifms (after stage 3) in the
observed countries was 511 firms for the UK, 22#rfrGermany, 266 from France,

and 161 for the Netherlands respectively. In treead Germany, a high proportion of
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firms were using international accounting standaesher US GAAP or IAS
voluntarily) before the introduction of IAS, theoeé the final selected sample was

smaller than expected.

Scale effects

Table 3 indicates the limitation that emerges frdrmosing countries with a different
market size. However, the sampling process wilisagbe researcher to eliminate
scale effects that are common in most comparatuwates.

Stage 4 of the sampling process tackles the sffale problem. This research tried to
eliminate scale effects by linking three within oty scale factors (as in Arce and
Mora, 2000) like company size, company growth, atatk market factors to three
financial ratios measuring these effects namelyketarapitalization, growth to sales
ratio, and price earnings ratio. The procedure sihgi these proxies will be the
following: after putting the population of compasig ascending order according to
these three ratios, top and bottom 1.5% of obsenstwill be eliminated to reduce
scale influences in our model (as in Collins etl®97). Besides, the regression was

also deflated by the number of shares outstandirfigrther eliminate scale effects.

Final sample and observation period

This research is based on selecting a random samhf@ firms from each country

during the financial years from 2003 to 2006.
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Table 4 — Population of firms in each country and andom sampling

UK Netherlands Germany France
Fopaiation: (e 165 222 266
50 50 50 50
% 0.78%  3030%  22.52%  18.80%

Source: Developed by the author

Although, as depicted in Table 4, limitations dasexit was decided to start testing
the same number of companies from each countryderao make valid r-square
comparisons. When due to the exclusion of outldifferent sample sizes were
compared, other econometric methods were also gegblim deal with this inequality
(z statistics). In addition, the same random sarapfems collected in 2003 was used
for analysing observations for the following ye@@04, 2005 and 2006 in order to

increase the consistency of this research.

Figure 4 — Observation periods

20032 2004 2005 2006 2007

Source: Developed by the author

Financial reports in the year ending 2003-04 walpresent the period just before

IFRS were introduced in EU, whilst from 2005-06Ivnidicate the period after IFRS
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have been applied in the EU. Full company accofrote “World Scope” database
was used to download financial statements of tfiess for each year. As far as the
historical share price is concerned, the “Data$tfedatabase was used through
“Thomson One Banker” website. The researcher bediehat these four observed
years will provide us with evidence about whethalue relevance of accounting

information has changed or not.

Investor vs. creditor oriented accounting groups

In addition, Germany and France are chosen to septecreditor oriented accounting
systems, while the UK will be representing investoented accounting ones. The
Netherlands is considered to be a special caséhasigh it can be categorised as a
code law accounting system according to countiegal system differences, being
quite different from the UK (Cafferman, Cooke 200R) can be grouped as an
investor oriented accounting system according tantees’ financial reporting
practices. The researcher followed the latter woite to distinguish between the
“German—French” group versus the “UK-Dutch” oneisTtategorisation also relates
to the recent ICAEW (2007) study that identified nyasimilarities across the
countries that are grouped together in this study.

Many studies have tried to classify countries specific categories or groups. Some
of the most popular studies are those of Da Cds¥@8), Nair and Frank (1980),
Nobes (1983, 1998), Gray (1988), Doupnik and S4t805), and D’Arcy (2001).
Most of these studies present Germany and Frantelaaging to the same (weak
equity, macro-uniform, Government-driven, tax doatéd) sub-group. On the other

hand, the UK and the Netherlands are presenteddther (strong equity, micro-fair-
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judgemental, commercially driven) sub-group. Theref the current distinction this

study makes about the selected observed counamrebesjustified.

Market capitalisation groups

For the distinction between small and large cagaéibn firms the methodology of
Gonenc and Karan (2003) was closely followed, tgkihe top 30% as top
capitalisation firms, the bottom 30% as small cgation ones, leaving the middle
40% of the sample representing the middle capattadia firms. The “Extel” database
from Thomson ONE Banker was used to categorisesfiatcording to their year
ending market capitalisation figures, ranking thieom top to bottom. Logically, the
top 30% corresponded to large cap firms, the mid@kb were mid cap firms, and the
bottom 30% as corresponding to small cap firms.

One alternative grouping of the data could be tacmdirms to the corresponding
capitalisation index to which they belong. Exampdésuch indices are FTSE for the
UK, AEX for the Netherlands, DAX for Germany, andC for France. However,
although in countries like the UK the mapping o tirms towards FTSE 100, FTSE
250, FTSE Small CAP, and AIM was straight-forward, other countries like
Germany and the Netherlands there was not enough tdamake this mapping.
Therefore, not all of the 50 selected firms could dssigned to a corresponding
capitalisation index. Thus, the arbitrary solutioh taking the 30%-40%-30%
categorisation was considered the more sound exjdery although certain
assumptions do exist that limit the results of gtigly.

Another idea was to create an average capitalisatex for each country and group

each country’s firms according to cut-off pointgagring in the percentage increase
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in average market capitalisation figures. This ais® not successful as the testing of
new groupings revealed a lot of non-significanfguares. Thus, results were not
trustworthy.

The option of constructing a general small, mediand large capitalisation group out
of all countries’ firms, and then dividing them aoding to 30%-40%-30% was also
not feasible. R-squares were very low and standamis high. Moreover, regression
models were non-significant. One possible reasaontfat may be strong country
effects that do not allow for general groupings.

Indisputably, there were also several other meaused to separate firms into small,
medium, and. large capitalisation ones. Previdesaiure has used price/book value
ratio, price/earnings ratio, cash flow/price ratad dividend yield figures, along with
market capitalisation. Dunis and Reilly (2004) sesjgthat each of them can be used
for the distinction between value and growth stod¢kswever, market capitalisation
was used as the most straightforward and profouedsore for testing different
firm’s sizes. As the same sample of firms will #ested following the 30% large
cap, 40% medium cap, and 30% small cap mappingsa@ountries, z-scoring was

also employed to make some comparisons.

5.3. Summary

This chapter analysed the methodology used inrésisarch. In summary, the models

used are the following:
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P, =a, taE, +a,BV, +¢&, (1

P. =8, + BE; +&; , )@
P, =V, t 1BV, +&, (8)
P, =a, +aE, +a,BV, +a,DL, E, +a,DL; BV, +¢,, 4)

The author then discussed a number of issues assavith the use of the models,

explaining why price regression was used insteactiofrns regression, the deflation
of the regression model by a scale proxy, anddlesaf outliers which lead to the use

of z statistics, were examined.

Afterwards, the sampling process was analysed. Beghwas thoroughly explained

in order for the reader to have a comprehensiveerstahding of the data collection

process. Special attention was given to the cassggon between the code and
investor oriented accounting groups of countriesl the distinction between small,

medium, and large capitalisation firms which bat to the hypotheses tested in the

research.
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CHAPTER 6 — PRE & POST IFRS PERIOD RESULTS AND

ANALYSIS

6.1 Individual country analysis

During this part of the research, the regressiculte for each individual observed
country will be analysed namely for the UK, the INatands, Germany, and France.
It will be important not only to help the reader kaacross-country comparisons of
these results, but also to monitor how the vallevesce of accounting information
may increase or decrease within the borders of @adikiidual country during the
observed period. At this point, however, it shooldntioned again that for this pre-
IAS period only companies that are using local GA&dI full consolidation were
used (which fall under “first-time adopters” accoglto IFRS 1).

Moreover, all the comparisons were made using &hjussquare and standardised
beta coefficients. Adjusted r-square was prefernedrder to take into account the
differences in standard error and make valid compas. Outliers proved to be
capable of distorting the results significantlyeitifore the author decided to re-run

the regressions to capture their effect as well.

6.1.1. Descriptive statistics

A first step in the data analysis was to obsene fliequency distribution of the
sample of 50 firms for each country. Descriptivatistics provide a useful statistical

overview of the data and give indications for thes&nce of outliers or extremes.
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usto_06
ubv_06
uea_06
usto_05
ubv_05
uea_05
usto_04
ubv_04
uea_04
usto_03
ubv_03
uea_03

Valid N
(listwise)

Table 5 — UK Descriptive statistics

N

Statistic

50
50
50
50
50
50
50
50
50
50
50
50
50

Range
Statistic

1621.00
5.54
141

1440.50
5.79
1.39

1364.00
6.21
1.53

1154.66
6.70

.99

Minimum

Statistic

64.00
-.37
-14

37.50

.23
-22
31.00
.16
-.62
42.00
15
.01

Maximum

Statistic

1685.00
5.17
1.27

1478.00
6.02
117

1395.00
6.37

91

1196.66
6.85
1.00

Mean
Statistic Std.
Error

517.6450 58.38662
1.6756 .16195
.3070 .04107
475.2502 46.38214
1.6242 15720
.2598 .04127
383.8410 37.88077
1.5274 .16328
.1890 .03525
324.8864 31.35578
1.4666 .16809
.2248 .02656

Std.
Deviation

Statistic

412.85574
1.14514
.29043
327.97128
1.11155
.29183
267.85752
1.15458
.24929
221.71882
1.18859
.18778

Variance

Statistic

170449.860
1.311

.084
107565.161
1.236

.085
71747.649
1.333

.062
49159.236
1.413

.035

Skewness
Statistic ~ Std.
Error
1.273  .337
.758  .337
1312 337
1.063 .337
1.544 337
1.407 .337
1788 .337
2.036 .337
-.052 .337
1.738 .337
2381 .337
1.960 .337

Kurtosis
Statistic ~ Std.
Error
1.115 .662
.864  .662
1.837 .662
910 .662
4.433  .662
2407 .662
4.253  .662
6.378  .662
3.052 .662
4.488 .662
8.212 .662
5.372  .662

*Source: Developed by the author

Table 5 shows that the stock market price in theligteéd firms vary a lot, ranging

from 1154.66 to 1621.00 in 2006. If the distributis perfectly normal, which is a

rather uncommon occurrence in the social scientbesresearcher would normally

expect to obtain a skewness and kurtosis valuerof Zhe skewness for the variables

in the UK is positive indicating that the valuestio¢ variables are clustered to the left

at the low values. Earnings for 2004 (reconciliatreports) have negative skewness

therefore tilted towards the high end values, wiselems quite normal given the

variations in the income statement figures. Thedais is highly positive in the UK

which illustrates that the values tend to clusterthe centre with long thin tails.

Standard deviation is large for the dependent bbrigstock prices), therefore the

mean is not representative of the sample.
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nsto_06
nbv_06
nea_06
nsto_05
nbv_05
nea_05
nsto_04
nbv_04
nea_04
nsto_03
nbv_03
nea_03

Valid N
(listwise)

Table 6 — Netherlands Descriptive statistics

N

Statistic

50
50
50
50
50
50
50
50
50
50
50
50
50

As far as the Dutch data is concerned, the highesations in the range are noted in
the book value figures. The interesting fact i4 the skewness for earnings of 2003,
2004 and 2005 is negative and therefore clusterdte right hand side at the high
values which is an indication of the variability @irnings during the transition and
first-time adoption period. The kurtosis is negatfer the stock prices of 2003, 2004,

and 2005 respectively. Standard deviation in théh&ltands is small, therefore the

Range
Statistic

56.20
40.80
5.97
47.54
39.90
7.53
40.95
42.67
6.62
38.35
39.46
8.87

Minimum

Statistic

2.85
.36
-1.53
3.46
74
-3.15
1.95
.50
-2.38
1.65
.45
-4.25

Maximum

Statistic

59.05
41.16
4.44
51.00
40.64
4.38
42.90
43.17
4.24
40.00
39.91
4.62

Mean

Statistic

28.3308
10.4632
1.5630
24.7642
9.4500
1.1330
17.9540
9.0224
.9702
14.7198
8.6418
.9196

Std.
Error

2.13302
1.12013
.16859
1.76514
1.08187
.20028
1.39255
1.16511
.15995
1.23370
1.12419
.19979

mean is quite representative of the sample.
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Std.
Deviation

Statistic
15.08275
7.92054
1.19214
12.48141
7.64998
1.41621
9.84679
8.23854
1.13099
8.72358
7.94925
1.41273

Variance

Statistic

227.489
62.735
1421
155.786
58.522
2.006
96.959
67.874
1.279
76.101
63.191
1.996

Skewness
Statistic ~ Std.
Error
513 .337
1.645 .337
.200 .337
311 .337
1.910 .337
-739 337
519  .337
2.078 .337
-.182  .337
734 337
1933 .337
-491 337

Kurtosis
Statistic ~ Std.
Error
-429 662
3.603 .662
.288  .662
-661  .662
4.827 .662
2.746  .662
-459 662
5.545  .662
1.936 .662
.055  .662
4497 .662
4.021 .662

*Source: Developed by the author



gsto_06
gbv_06
gea 06
gsto_05
gbv_05
gea_05
gsto_04
gbv_04
gea_04
gsto_03
gbv_03
gea_03

Valid N
(listwise)

Table 7 — Germany Descriptive statistics

N Range  Minimum Maximum Mean Std. Variance Skewness Kurtosis
Deviation
Statistic ~ Statistic ~ Statistic Statistic Statistic Std. Statistic Statistic Statistic  Std.  Statistic =~ Std.
Error Error Error
50 1273.05 1.95 1275.00 90.1688 31.14909 220.25735 48513.299 4441 337 20.690 .662
50 259.91 .81 260.72 32.0518 7.77589 54.98381 3023.219 3.285 .337 10.561 .662
50 74.35 -.66 73.69 4.9770 1.58800 11.22886 126.087 5.092 .337 29.671  .662
50 808.65 1.35 810.00 70.1900 20.60719 145.71484 21232.814 3.944 337 16.576  .662
50 214.46 .02 214.48 26.9884 6.72949 47.58470 2264.303 3.325 .337 10.602 .662
50 47.28 -2.57 44.71 3.4358 1.07951 7.63328 58.267 4231  .337 19.882 .662
50 683.84 2.16 686.00 59.3006 17.46315 123.48312 15248.082 3.897 .337 16.228 .662
50 171.69 .36 172.05 23.6836 5.34336 37.78323 1427.573 3.033 .337 9.112 .662
50 38.50 -3.29 35.21 3.1374 .98198 6.94366 48.214 3.778 .337 14.966 .662
50 607.40 2.60 610.00 52.7004 15.62549 110.48893 12207.805 3.782  .337 15.304 .662
50 179.91 .68 180.59 22.0412 5.13220 36.29014 1316.974 3.238 .337 10.858 .662
50 86.16 -.54 85.62 4.0908 1.82223 12.88508 166.025 5.613 .337 34.337 .662
50

*Source: Developed by the author

Table 7 is showing that in Germany the stock mapkates and book values have
higher range than earnings. Skewness is positigeefibre the sample is having fat
right-hand tail, making the median a better indicadf the centre of the distribution
than the mean. Kurtosis is also highly positivalicating that the German samples’
distribution is rather peaked (clustered in thetmgn Standard deviations and

variances for stock market price and book valuesadso high, which show that the

mean cannot correctly represent the sample.
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Table 8 — France Descriptive statistics

N Range  Minimum Maximum Mean Std. Variance Skewness Kurtosis
Deviation

Statistic ~ Statistic =~ Statistic Statistic Statistic Std. Statistic Statistic Statistic ~ Std. ~ Statistic ~ Std.

Error Error Error

fsto_06 50 646.93 2.07 649.00 78.7562 14.95966 105.78080 11189.578 3.760  .337 17.541  .662

fbv_06 50  394.83 .69 395.52 45.4568 11.61604  82.13782  6746.621 3.328 .337 10.749 .662

fea_06 50 84.65 -28.15 56.50 4.0824  1.45396  10.28106 105.700 2564 337 15,609 .662

fsto_05 50 686.99 2.01 689.00 71.2290 14.72824 104.14441 10846.058 4.670 .337 26.047 .662

fbv_05 50 315.73 .58 316.31 40.6282 9.98942 70.63590 4989.431 3.217  .337 9.945 .662

fea_05 50 35.69 -2.29 33.40 4.0380 .90871 6.42557 41.288 3498 337 13.358 .662

fsto_04 50  498.93 1.07 500.00 53.3320 10.49621  74.21944  5508.525 4739 337 27.350 .662

fov_04 50  268.55 -.54 268.01 30.1792 6.76679  47.84843  2289.472 3.720 .337 15.406 .662

fea_04 50 34.09 -3.59 30.50 3.0666 .68348 4.83295 23.357 4.002 .337 21.372  .662

fsto_03 50  426.77 1.53 428.30 44.4960  9.15151  64.71097  4187.510 4.625 .337 25.881 .662

fbv_03 50 257.67 .69 258.36 28.5592  6.38774  45.16815  2040.162 3.754 337 15.967 .662

fea_03 50 29.26 -.16 29.10  3.2650 .67905 4.80163 23.056 3.802 .337 17.815 .662
Valid N 50

(listwise)

*Source: Developed by the author

In France, the range of the sample is higher iokstoarket price and book values.
Skewness is consistently positive indicating thetads clustered to the left hand side
at the low values. Kurtosis is highly positive winishows that the sample is clustered
towards the centre of the distribution. Standardiat®n and variance is high for

stock market price and book values which is ancauthn that the mean is not

representative of the sample and median shouldréferped as the centre of the
distribution.

As discussed earlier, each country’s sample wdsddser outliers and extremes and
regressions were run before and after the exclusiaertain outliers in order to show

the differences in value relevance of accountingrmation under both samples.

Where outliers are excluded, figures are compasatywz scores.
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6.1.1. The UK

H,,: “The adoption of IFRS will change the value rglace of accounting information |n

the United Kingdom”

It can be suggested that in the UK, being a counteye there is the belief that
accounting was and continues to be very similalF®S, the introduction of those
new standards would not reveal a “surprise factor’users of accounts. More
specifically, it was not expected for the UK to baw noteworthy difference in the
value relevance of financial statements before aftdr IFRS implementation.
Surprisingly the UK is, according to this study,eoaf the countries where IFRS
increased the value relevance of accounting infaonaThis argument supported the
decision to make the hypotheses non-directional.

The author has decided to present two tables; lnateiricludes outliers and extremes
and another that does not. In this way, it is edsiethe reader to make comparisons

between the two sets of figures. The results arédtowing:
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Table 9 — The UK including outliers/ extremes

Model Summary

R R square Adjusted Std. Change Statistics
Model Rsquare —Ermor of R square F change df1 df2
the change
Estimate
2003 .708 .501 .480 159.93 .501 23.59 2 47
2004 .819 .670 .641 160.56 .670 22.84 4 45
2005 .783 .613 .578 212.94 .613 17.81 4 45
2006 .803 .645 .613 256.70 .645 20.44 4 45
Coefficients
Model Unstandardised Standardised = t. Sig.  95% Confidence Correlations
Coefficients Coefficients Interval
B St. Beta Lower Upper Zero- Partial Part
Error Bound Bound order
Constant 168.2 38.89 4.33 .000 90.01 246.50
BV 2003 -37.2 22.87 -.199 -1.63 .110 -83.23 8.80 .232 -.231 -.168
EAR 2003 9395 144.77 .796 6.49 .000 648.27 1230.7 .688 .687 .669
Constant  146.8  43.55 3.37 002 5915 23459
BV 2004  -30.1 27.64 156 -1.08 282 -85.77 2555 194 -160  -.093
EAR 2004 1219 138.8 699 8.78 .000 940.08 1499.2  .689 795 752
Constant  226.1 59.75 3.78 .000 105.70  346.4
BV 2005 -7.52 39.91 .354 -.189 .851 -87.91 72.86 .393 -.028 -.017
EAR 2005 926.7 136.3 .899 6.79 .000 652.4 1201.2 724 712 .631
Constant 100.3 68.61 1.46 151 -37.89 238.50
BV 2006 61.39 36.97 213 1.66 .104  -13.06 135.84 521 .240 .148
EAR 2006 1014 151.9 757 6.68 .000 708.9  1320.8 .788 .706 .593

Sig. F
change

.000

.000

.000

.000
Collinearity

Statistics
Tolerance VIF

.706 1.416
.706 1.416
517 1.935
439 2.276
470 2.126
.585 1.710
.750 .1332
.691 1.447

Source: Developed by the author

*Notes: The estimated regression models are baseddinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omarake valid comparisons. BV stands for Book

Values Per Share while EAR stands for EarningsSPare. The regression model used is (4).
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Table 10 — The UK excluding outliers/ extremes

Model Summary

R R square Adjusted
Model R square
2003 571 .325 .296
2004 746 .584 .545
2005 704 .495 448
2006 748 .560 .519
Coefficients
Model Unstandardised Standardised
Coefficients Coefficients
B St. Beta
Error
Constant  117.5 32.95
BV 2003 7.201 22.073 054
EAR 2003 5114 158.91 533
Constant ~ 144.7  36.148
BV 2004 17.47 26.75 253
EAR 2004 8533 1589 580
Constant  217.8  57.188
BV 2005 33.76 43.61 467
EAR 2005 667.7 176.8 752
Constant 1133 66.67
BV 2006 83.08 39.78 300
EAR 2006 800.5 195.1 582

Change Statistics

Std.
Error of R square F change
the change
Estimate
135.22 .325 10.85
132.78 .584 15.07
202.70 495 10.55
248.50 .560 13.68
t. Sig. 95% Confidence
Interval
Lower Upper Zero-
Bound Bound order
5.387 .000 111.15 243.89
326 .746 -37.25  51.65 413
3.218 .002 191.37 8315 .569
4,004 .000 71.840 217.63
.653 517 -36.46  71.41 .403
5.368 .000 532.76 11739  .617
3.809 .000 102.48 333.14
774 443 5418 1217 504
3.776 .000 311.07 10243  .614
1669 .097 -21.17  247.7
2.088 .043 2850 163.32  .605
4102 .000 407.01 11941  .717

dfl

A A b~N

Correlations

Partial

.049

433

.099

.663

117

499

.303

.530

df2

45
43
43
43

Part

.040

.396

.064

.528

.084

.409

211

415

Sig. F
change

.000

.000

.000

.000
Collinearity

Statistics
Tolerance VIF

547 1.828
.547 1.828
.384 2.601
.285 3.509
.360 2.780
432 2.316
.620 1.614
.558 1.793

Source: Developed by the author

*Notes: The estimated regression models are baseddinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omarake valid comparisons. BV stands for Book

Values Per Share while EAR stands for Earnings3Pare. The regression model used is (4).

Table 9 above is providing evidence that the vaklevance in the UK increases

being 0.480 in 2003 and reaching a value of 0.612006. All these values are

statistically significant using a 95% confidenceemval. It seems that UK users of
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accounts find financial statements more relevadtexplanatory after the adoption of
IFRS.

As discussed earlier, several other papers caphigseincrease. Ball et al. (2000)
argue that conservatism and timeliness observedvastor oriented accounting
systems are also employed by the IASC, as it ilboohg a “more transparent
investor oriented approach to disclosure”. Improvetuation on measurement and
disclosure under IFRS raise expectations as irtierre standards increase value
relevance. Moreover, the study of Christensen ef(Z2006) comes as supporting
evidence to this argument. This paper was abouthehéFRS reconciliations and US
GAAP convey new information. The authors come tochade that there is no impact
on actual cash flows but that improved valuatiod amasurement on disclosure is
profound under IFRS. This study’s observed ina@easvalue relevance can only be
translated in new explicable information that camte the UK market and changed
the value relevance of the accounts, i.e. theiogldietween stock market price and
accounting data.

Furthermore, as expected in a country like the thi€,incremental value relevance of
earnings constantly outperforms that of book valuil a beta coefficient averaging
0.788 during the observed period 2003-06. Howeavegn also be observed that the
explanatory power of book value increases from gatiee value in 2003 to 21% in
2006. The same effects for book value were als@rgbd after excluding outliers.
Therefore, as IASB moves towards a balance sheéleérrahan income statement
approach, the UK shows evidence of an increaséeanoterall value relevance of
book value. In fact, given that the value relevaoicearnings is stable over the years,
the increase in the explanatory power of book \&lgan be characterised as

important.

123



When the sample was tested for outliers/extrenves,companies were identified as
outliers. However, as the number of outliers wasalsnthe results were not
dramatically altered. Two firms were characterigsdoutliers / extremes in the UK:

Next plc and Unilever plc.

Figure 5 - SPSS Boxplot identifying outliers/extreras for 2003

1200.00 — * Unilever Plc

1000.00 —
O Next Plc

800.00 —

600.00 —

400.00 —

200.00 —

0.00 —

usto_03
Source: SPSS - Developed by the author
* Qutliers are points that extend more than 1.5-lemgths from the edge of the box (noted as cijcles
while extremes are those that extend more thanx3dmgths off the box (noted as asterisks). In this

case Unilever is extreme while Next is outlier.

These firms were identified as outliers throughth# whole observed period. Both
are categorised as large capitalisation firms. Bwoths follow the lines of IFRS 1

“First-time adoption of International Financial Repng Standards”. The areas that
mostly affect these two firms were goodwill, shbhesed payments, employee
benefits, and financial instruments. It should lmed that Chapter 3 provided an

analysis of the key differences between UK GAAP #fdS not identifying major
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changes in the aforementioned areas. Next plcsédged that it has not adopted IFRS
7 “Financial instruments: Disclosures”.

Although in both cases (before and after taking stcount outliers/extremes) there
seems to be an increase in the overall value netevaf accounting information
throughout the observed period, r-squares wererlafter the exclusion of these two
firms.

However, the explanatory power of earnings and baales after the exclusion of
outliers/extremes is different. In Table 10, thexe trend to stable but lower value
relevance for earnings (around 50% margin valueveglt) and a clear trend of still
increasing but higher value relevance for book esltrom 5% in 2003 to 30% in
2006. This is clear indication that the increastheoverall value relevance in the UK
comes from the increase in the explanatory powesaak value. This may not be
surprising given that IFRS has a more balance dbees than UK GAAP traditional
emphasis on earnings.

H,, is accepted, as value relevance has changedtladtedoption of IFRS and this

change is for the better as financial statemenistgowards more relevant and
reliable information available to the users of #exounts. The figures for the UK

were the following:
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Figure 6 — Value relevance in the UK excluding ougrs/extremes
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2003 2004 2005 2006

Source: Developed by the author

From the figure above (figure 6), previous commeras be justified as overall
r-square is a bit lower in table 10 than it is able 9, but increasing from 0.296 in
2003 to 0.519 in Y2006. The increasing r-squarensid¢iaat value relevance increases
after adopting IFRS.

A figure of 0.519 denotes that book values and iegenexplain the stock market
price by 50% and there are other factors that caldd play a role in explaining the
value relevance of accounting information. The WKidentified as the country with
the highest standard error in this regression mddedre are a number of reasons that
may explain this. There is a possibility that UKnfs and analysts exploit other
information concerning the stock market as equadlgvant to financial reporting. It
is commonly accepted that certain events withiroenmany can also convey new
information to the market like a potential merger,a buy-out. Some analysts and
investors may also rely on technical analysis, Wihsca technique moving away from

fundamental analysis used to value stock priceyen use a combination of both.
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Moreover, in 2004, r-square reaches its highesttpaither including or excluding
outliers. There is a possibility that reconciliatioeports (UK GAAP and IFRS
information for one year only) can explain the jump-square. Interestingly enough,
although 2004 was the reconciliation year, the axglory power of the income
statement rises afterwards. This result can bedirtk the aforementioned Horton and
Serafeim (2007) paper, which suggests that reagatioih adjustments appeared to be
incrementally value relevant over and above theeltim GAAP numbers.
Nevertheless, the observed increase in the UKnsareable and this is a sign of a
change in the perspectives of the users of theuatsaowards the reliability and

relevance of IFRS.

6.1.2. The Netherlands

H,,: “The adoption of IFRS will change the value relace of accounting information {n

the Netherlands”

The Netherlands was the only country that did reatehoutliers and extremes in the
sample. In this country, the explanatory power athbearnings and book values has
an increasing trend. However, it can be sugges$t@dEPS is the main influence for
the increasing value relevance as it denotes thieekt increase from -0.49 to 0.75.

The results for the Netherlands are:
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Table 11 — Value relevance in the Netherlands
Model Summary

R R square Adjusted
Model R square
2003 .708 .501 457
2004 .900 811 749
2005 .868 753 731
2006 .901 811 794
Coefficients
Model Unstandardised Standardised
Coefficients Coefficients
B St. Beta
Error
Constant  7.725 1.530
BV 2003 .359 .140 -.349
EAR 2003 3.517 1.110 -.493
Constant  7.027 1.130
BV 2004 -.152 .130 018
EAR 2004 11.08  1.274 845
Constant  10.67 1.693
BV 2005 .143 1.78 640
EAR 2005 9.389 1.384 942
Constant ~ 6.979 1.927
BV 2006 .252 .148 233
EAR 2006 11.48  1.108 751

Std.
Error of R square F change
the change
Estimate
6.428 .501 11.309
4.469 811 48.215
6.474 .753 34.269
6.842 811 48.278
t. Sig.  95% Confidence
Interval
Lower Upper Zero-
Bound Bound order
5.049 .000 4.643 10.81
2559 .014 .076 .641 571
3.169 .003 1.282 5.752 423
6.216 .000  4.750 9.303
-1.17 248  -415 .110 .644
8.701 .000 8518  13.650  .835
6.304 .000 7.262  14.081
.805  .425 -.215 .502 .638
6.786 .000 6.602 12.175 .672
3.622 .001 3.099 10.860
1.697 .097 -.047 .551 .588
10.36 .000 9.249  13.711  .860

Change Statistics

dfl

A B b~ b

df2

45
45
45
45

Correlations

Partial

.356

427

=172

792

119

711

.245

.840

Part

.269

.334

-.076

.564

.060

.503

.110

672

Sig. F
change

.000

.000

.000

.000
Collinearity

Statistics
Tolerance VIF

.680 1.471
.343 2.914
.354 2.829
.196 5.093
461 2.170
.223 4.488
.691 1.448
.548 1.825

Source: Developed by the author

*Notes: The estimated regression models are baseatdinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omlendke valid comparisons. BV stands for Book

Values Per Share while EAR stands for EarningsSPare. The regression model used is (4).
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Figure 7 - Value relevance in the Netherlands
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It can be inferred from table 11 that the totatjuare for the Netherlands is increasing
from 0.457 in 2003 to 0.794 in 2006. Therefore,hbimivestor oriented accounting

systems point towards an increase in value relevafier IFRS adoption, although

this increase is modest for the UK. Netherland$éscountry with the most notable

change in the value relevance of accounting infeionafter IFRS adoption.

Similarly in the UK, the beta coefficient of eargmin the Netherlands persistently
outperforms that of book values having an averagjaevof 0.850 during 2004-06.

The incremental explanatory power of book valuesiaieed less than that of

earnings, which is a regular characteristic of rarestor oriented accounting system.
It also supports the argument put forward for ciaps$o group the Netherlands with

the UK as “investor oriented” countries followirget categorisation of Nobes (1998).

However, in the Netherlands, the earnings per sinareased more in relevance than
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book values per share do, i.e. earnings in the éMigithds play a bigger role in the
overall r-square increase.

As discussed earlier, Arce and Mora (2002) alsagssigthat in the UK and the
Netherlands earnings have greater explanatory pawer book values. They
concluded that the balance sheet plays a more tangorole in valuation than the
income statement in Continental countries, whilmiegs convey more information
to value shares in investor oriented accountingesys.

However, it can be noted that there is a changienexplanatory power of book
value over the years for investor oriented accogntsystems. In the UK the
explanatory power of book values increased from &%©30%, while in the
Netherlands, it reached 23% emerging from negaiivelose-to-zero values before
IFRS. Therefore, this may be an indication thahbaiuntries have started to move
towards increasing the relevance of the balancetshe

Conclusively, the hypothesis that the value releeams changed for the Netherlands
after the adoption of IFRS is accepted as this tgundicated the highest difference

in value relevance figures (14% increase).

6.1.3. Germany

H ;= “The adoption of IFRS will change the value relev@ of accounting information i

Germany”

Germany, as described in the literature, has alweg a traditional accounting
system influenced by the government. This systepea@d to be more creditor than

investor oriented. Moreover, the firms’ focus wasrenon internal reporting and
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private information rather than publicly availalata. The results from the random

sample were as follows:

Table 12 — Germany including outliers/ extremes

Model Summary

R R square Adjusted
Model R square
2003 .984 .968 .966
2004 .954 911 .903
2005 913 .833 .818
2006 776 .603 .569

Coefficients

Model Unstandardised Standardised

Coefficients Coefficients

B St. Beta
Error

Constant ~ 2.365 3.563

BV 2003 1.090 .096 353
EAR 2003  6.397 .269 736
Constant -2.26 6.837

BV 2004 .502 .205 158
EAR 2004 15.13 1.128 783
Constant 3.845 10.869

BV 2005 .239 .243 .087
EAR 2005 16.63 1.529 817
Constant  14.38 25.36

BV 2006 .032 .694 .007
EAR 2006  15.08 3.396 736

Change Statistics

Std.
Error of R square F change
the change
Estimate
20.488 .968 344.987
38.499 911 114.771
62.167 .833 56.051
114.864 .603 17.069
t. Sig.  95% Confidence
Interval
Lower Upper Zero-
Bound Bound order
.664 510 -4.811 9.541
11.38 .000 .897 1.282 .755
23.77 .000 5.855 6.938 .937
-331 742 -16.032 11.511
2449 .018  .089 914 743
13.14 .000 12.869 17.409  .945
354 725 -18.047 25.737
.987 .329 -.249 728 .626
10.88 .000 13.558 19.718 .909
.567 574 -36.698 65.459
.046 964  -1.365 1.429 .654
4442 000 8245 21942 776

dfl

A A N~ b

Correlations

Partial

.862

.962

.343

.895

.146

.851

.007

.552

df2

45
45
45
45

Part

.302

.630

.109

.598

.060

.663

.004

417

Sig. F
change

.000

.000

.000

.000
Collinearity

Statistics
Tolerance VIF

711 1.407
713 1.402
.505 1.981
493 2.027
.592 1.690
579 1.727
.294 3.397
.295 3.395

Source: Developed by the author

*Notes: The estimated regression models are baseatdinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omlendke valid comparisons. BV stands for Book

Values Per Share while EAR stands for EarningsSPare. The regression model used is (4).
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Table 13 — Germany excluding outliers/ extremes

Model Summary

R R square Adjusted
Model R square
2003 .898 .807 791
2004 918 .842 .827
2005 .960 921 914
2006 .903 .815 797
Coefficients
Model Unstandardised Standardised
Coefficients Coefficients
B St. Beta
Error
Constant  9.959  10.106
BV 2003 1.296 452 407
EAR 2003 7.765 2.312 519
Constant ~ 2.361 2.648
BV 2004 1.247 .235 512
EAR 2004 5.394 1.676 286
Constant  1.599 2.228
BV 2005 .820 197 385
EAR 2005 9.924  1.389 526
Constant ~ 1.338 3.985
BV 2006 1.745 244 718
EAR 2006  1.892 1.576 122

Std.
Error of
the
Estimate
11.841
11.264
9.421
16.004

t. Sig.
.985  .331
2.864 .007
3.359 .002
.892 378
5.312 .000
3.191 .003
718 477
4.159 .000
7.145 .000
336 .739
7.155 .000
1.201 .237

Change Statistics

R square F change

change

.807
.842
921
.815

95% Confidence

37.678

54.628

119.909

45.295

Interval
Lower  Upper
Bound Bound
-10.542  30.461

.378 2.213
3.077 12.453
-2.985 7.708

773 1.721
1.963 8.734
-2.901 6.099

422 1.218
7.119  12.729
-6.711 9.386
1.252 2.237
-1.290 5.074

Zero-

order

.838

.857

.889

.834

.906

.915

.896

.765

dfl

Correlations

Partial

431

.488

.693

446

.545

.745

.745

.184

df2

36
41
41
41

Part

.210

.246

.330

.198

.182

.313

.480

.081

Sig. F
change

.000

.000

.000

.000
Collinearity

Statistics
Tolerance VIF

124 8.095
222 4.500
.321 3.120
.250 4.000
.250 4.006
.202 4.948
.379 2.635
.349 2.867

Source: Developed by the author

*Notes: The estimated regression models are baseatdinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omlendke valid comparisons. BV stands for Book

Values Per Share while EAR stands for Earnings3Pare. The regression model used is (4).

Table 12 shows that there is a declining r-squama 10.966 in 2003, which represents

high explanatory power of the model thus high valelevance, to 0.569 in 2006

which is well below that score. Therefore, valukevance in Germany seems to be

deteriorating each year. This declining trend itugaelevance over time is depicted

in several studies. One characteristic study i¢ tdfaDontoh et al. (2004), who

132



suggest that the decline in the association betwemk market price and accounting
data is due to non-information based trading.

Furthermore, in table 12 earnings (income statejrs@m to be more value relevant
than book values (balance sheet) as describecibdta coefficients. Earnings’ beta
coefficients four-year average is 0.775 while tbhtook values’ is 0.151. Hence,
there is a clear indication that earnings consgamitperforms book values as far as
value relevance is concerned.

However, value relevance in Germany was differémemvthe random sample of fifty
firms was tested for outliers/extremes. Within temmple, five observations were
identified as extremes throughout the years 20080t@6. Outliers and extremes can
cause the model to be biased because they affectvdlues of the estimated
regression coefficients. The inclusion of theselienst causes a clear trend of
declining value relevance in Germany. As in Colletsal. (1997), it was considered
that these outliers distort the results and woalgerto be removed from the sample.
The new results are illustrated in table 13. Jugidrom the new results, there is an
increase in the explanatory power of book valuemff.407 in 2003 to 0.718 in 2006
and a clear decrease in that of earnings from 0i5819003 to 0.122 in 2006.
Therefore, the inverse relationship between theemental explanatory power of
earnings and book values, seem to cancel out etwdr and cause a moderate
increase in the total value relevance of accountifigrmation. Collins et al. (1997)
has also identified increasing explanatory powebaifk values over time along with
a decreasing explanatory power of earnings. Hesalggested that there is an inverse
relationship between the incremental explanatomygraof book values and earnings
across time. Although Collins’ sample consistedJ& companies, results for both

creditor oriented accounting systems (Germany aadde) are quite similar. This is
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quite logical when there is a focus on one stateéquesmg the other one as a place for

differences.

Figure 8 — Example of SPSS boxplot identifying outtrs/extremes for
2006

1400.00 —
* John Deree-Lanz
1200.00 —
1000.00 —
* Porsche AG
800.00 —
600.00 —
400.00 — SCA Hygiene Products
* Simona AG
200.00 —
0.00 — ——

T
gsto_06

Source: SPSS - Developed by the author
* Qutliers are points that extend more than 1.5-lemgths from the edge of the box (noted as cijcles
while extremes are those that extend more thanx3dmgths off the box (noted as asterisks). In this

case all points are extremes.

The firms identified as outliers in Germany wererdghe AG (Auto manufacturer),
John Deere-Lanz Verwaltungs-Altiengesell (Machinenakers), SCA Hygiene
Products AG (Paper products & manufacturing), anchoBa AG (chemicals
speciality, manufacturerIhese firms were continuously outliers or extrerfuesall
the observed years.

The aforementioned study by Joos and Lang (19%tisked on value relevance before
and after the adoption of EU Directives in the Wkermany, and France suggesting

that manufacturing was represented more heavifgeammany than in France and the
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UK, which are countries more concentrated in theise industry. However, Joos
and Lang concluded that although industry spedifterences in profitability and

valuation of accounting data are likely to be marenounced between manufacturing
and non-manufacturing firms, the inclusion of noarufacturing firms did not

change the results at all. This research’s randampke consisted of several other
industries like media and entertainment, consunmredycts and retailers, IT and
information services. It would be interesting farture research to examine why
manufacturing firms were identified as outliers d¢neditor oriented accounting
systems and affected the value relevance of acicgumformation. They may do so

as manufacturing is more subject to internationatk®ts than other sectors.

Figure 9 - Value relevance in Germany excluding oliers/extremes

0.9 A

0.8 -

0.7 A

N r_square
= beta coef/ bwps
[ beta coef/eps

0.6
0.5

0.4 - —— Expon. (r_square)

0.3
0.2

0.1 -

2003 2004 2005 2006

Source: Developed by the author

Figure 9 indicates that value relevance was maltgiheggher in Germany during the
transition period (2004-2005) which again coincigegh research by Horton and
Serafeim (2007).

As far as the hypothesis is concerned, figure 9wshdafter the removal of

outliers/extremes) that the value relevance in Geynis high (having an average r-
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square of 0.832) but usually constant through tikseewe can see it starts off at 0.79
in 2003 and remains around there in 2006. Thimisndication of a fixed level of

explanatory power of both book values and earniaghe stock price of the German
firms. However, it is worth noting that value redeéxe has increased slightly from the
introduction of IFRS and the null hypothesis, ahdt there will be a change in value

relevance after the adoption of IFRS is accepted.

6.1.4. France

H,,: “The adoption of IFRS will change the value relace of accounting information {n

France”

In France, value relevance (taken as an overguare figure) closely resembles the
figures presented in Germany. France is also ctearsed by a creditor oriented
accounting approach. The regression results suggestasing value relevance from

2003 to 2006.

Table 14 — France including outliers/ extremes
Model Summary

R R square Adjusted Std. Change Statistics

Model Rsquare = Error of Rsquare Fchange  dfl df2 Sig. F

the change change
Estimate

2003 .969 .940 .934 16.570 .940 175.564 4 45 .000

2004 .966 .933 .927 20.030 .933 156.934 4 45 .000

2005 .906 .821 .805 46.014 .821 51.500 4 45 .000

2006 .820 .672 .642 63.250 672 23.013 4 45 .000
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Coefficients

Model

Constant
BV 2003
EAR 2003
Constant
BV 2004
EAR 2004
Constant
BV 2005
EAR 2005
Constant
BV 2006
EAR 2006

Unstandardised Standardised

Coefficients
B St.
Error
2.170 2.953
-.387 118
16.26 1.116
3.564 3.548
-110 112
16.22 1.143
8.095 7.956
514 149
9.987 1.655
30.73  10.648
723 .202
3.352 1.826

Coefficients

Beta

.246
1.212

.058
.923

311
AT71

.563
.244

t.

.753

-3.28

14.57

1.005

-.982

14.19

1.018

3.45

6.034

2.886

3.587

1.836

Sig.

466
.002
.000
.320
.332
.000
314
.001
.000
.006
.001

.073

95% Confidence

Interval
Lower  Upper
Bound Bound
-3.766 8.117

-.625 -.149
14.019 18515
-3.582  10.709

-.335 115
13.927 18531
-7.928 24.119

.214 .813
6.653 13.321
9.289 52.183

.317 1.129

-.325 7.029

Zero-

order

.809

.962

.795

.941

.821

.869

.801

.696

Correlations

Partial

-.439

.908

-.145

.904

.458

.669

472

.264

Part

-.120

.533

-.038

.547

.218

.381

.306

157

Collinearity
Statistics
Tolerance  VIF

197 5.057
.195 5.124
.286 3.496
.268 3.727
.392 2.554
.382 2.618
.298 3.357
232 4.315

Source: Developed by the author

*Notes: The estimated regression models are baseatdinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omlendke valid comparisons. BV stands for Book

Values Per Share while EAR stands for EarningsSPare. The regression model used is (4).

Table 15 — France excluding outliers/ extremes

Model Summary

Model

2003
2004
2005
2006

R

.833
.890
.902
.807

R square Adjusted

.695
791
.814
.652

R square

.665
a71
.796
.618

Std.

Error
the

of Rsquare

Estimate

13.653

12.204

16.660

25.052
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change

.695
791
.814
.652

F change

23.308
38.892
44.907
19.208

A B b~ b

Change Statistics
dfl

df2

41
41
41
41

Sig. F
change

.000
.000
.000
.000



Coefficients

Model

Constant
BV 2003
EAR 2003
Constant
BV 2004
EAR 2004
Constant
BV 2005
EAR 2005
Constant
BV 2006
EAR 2006

Unstandardised Standardised

Coefficients
B St.
Error
11.01 3.163
-.258 .255
10.99 2.166
11.99 2.823
.092 .206
9.854 1.887
11.39 3.841
374 .056
10.06 1.097
26.77 5.012
.326 .090
5.797 1223

Coefficients

Beta

=177
1.049

413
.719

.356
.256

.567
421

t.

3.482

-1.01

5.076

4.250

446

5.222

2.967

6.674

9.178

5.332

3.616

4.739

Sig.

.001
317
.000
.000
.658
.000
.005
.000
.000
.000
.001

.000

95% Confidence

Interval
Lower  Upper
Bound Bound

4.624 17.398
=773 .257
6.620  15.368
6.296  17.697
-.324 .507
6.043  13.666
3.639 19.154
.261 487
7.853 12.285
16.631  36.912
.144 .508
3.327 8.266

Zero-

order

.698

.827

.794

.762

.650

.710

.671

484

Correlations

Partial

-.156

.621

.070

.632

772

.820

492

.595

Part

-.087

438

.032

372

449

.618

.333

437

Collinearity
Statistics
Tolerance  VIF

.202 4.955
.196 5.112
217 4.600
.170 5.866
918 1.089
.820 1.220
.700 1.429
.264 3.792

Source: Developed by the author

*Notes: The estimated regression models are baseatdinary least squares. Adjusted R-square and

Standardised beta coefficients were used in omlendke valid comparisons. BV stands for Book

Values Per Share while EAR stands for EarningsSPare. The regression model used is (4).

Table 14 provides evidence that value relevanderamce has decreased from 0.934

in 2003 which is a high value relevance figureat0.642 in 2006. This is a clear

declining trend in France after the adoption of #Rs with Germany, this declining

trend in value relevance was due to the inclusfavudiers in the selected sample.

Furthermore, in table 14 the incremental explaryatpower of book value is

constantly rising from a negative value -0.246 @92 to 0.563 in 2006. Contrary to

that, the incremental explanatory power of earnings dropped significantly from

1.212 in 2003 to 0.244 in 2006. As discussed exarlCollins et al. (1997) also

suggested that there is an inverse relationshigvd®at the incremental explanatory

power of book values and earnings. He suggestet wihde the incremental

explanatory power of “bottom-line” earnings haslohed over the years, it has been
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replaced by increasing value relevance of book emlurhis relationship between
earnings and book values was the same after thevadraf outliers.

When the random sample was tested for outlierseatr@mes, approximately five to
six companies each year demonstrated such chasticeeiand were extracted from
the regression model. This had an immediate effactalue relevance figures as it

turned from a declining movement to a more unwangane.

Figure 10 — Example of SPSS boxplot identifying oliers/extremes
for 2004

500.00 — * Dassault Aviation
400.00 —
300.00 —
200.00 —
o SA Exacompta
o Docks Des Petroles
Financiere D'Odet SA O
100.00—
0.00— |

T
fsto_04

Source: SPSS - Developed by the author
* Qutliers are points that extend more than 1.5-lemgths from the edge of the box (noted as cijcles
while extremes are those that extend more thanx3dmgths off the box (noted as asterisks). In this

case Dassault Aviation is an extreme and the qbisits are outliers.

Contrary to Germany, only one firm was characterias either outlier or extreme
throughout the observed years 2003-2006 (Dasauktian), leaving the remaining

outlier firms to change year by year (Camaieu, Bodks Petroles, Financiere d’
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Odet, Bollore, Unedata, SA Exacompta and Neophigtyertheless, for each financial
year four French firms were excluded from the sa&mgd being either outliers or
extremes.

It can be suggested that table 15 indicates a rradtable value relevance of
accounting information over the observed yearsvds approximately 67% in 2003
and ended up 62% in 2006. The pattern for the dweahue relevance is the same as
that of Germany. It is noteworthy that on averdgertsquare before the introduction
of IFRS was (0.718) and after IFRS is (0.784).

Interestingly, value relevance was a bit higherirdurthe transition period 2004
(0.771) and 2005 (0.796). This may be due to isgéadisclosure requirements
companies during these years or can be interpetedsign that two different sets of
accounts during 2004 (double disclosure) carriedenmelevant information (Horton
and Serafeim, 2007). It is an interesting fact thatfinancial year 2004 was the year

with the overall highest value relevance acrossalntries.

Figure 11 - Value relevance in France excluding oliers/extremes

0.9
0.8 -

0.7 1
0.6 -

0.5

. 1_square
0.4 == beta coef / bwps
0.3 1 [ beta coef/ eps

0.2 | —— Expon. (r_square)

0.1
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-0.2

-0.3
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Source: Developed by the author

As we can observe from the table above and thehgregdue relevance in France is
not affected by the introduction of IFRS. Howeuwee conclusion is that IFRS do not
change the explanatory power of earnings and bables.

Another remarkable observation comes from theicglahip between the incremental
explanatory power of earnings and the incremengpla@atory power of book value.
Although outliers and extremes were discarded irtierse relationship between the
incremental explanatory power of earnings and bealkes continues to hold. The
coefficients in earnings dropped significantly frdn®49 in 2003 to 0.421 in 2006. On
the other hand, the coefficients in book valuesdased from -0.177 in 2003 to 0.567
in 2006. It may be that France follows a “book wealpproach” adopted by the IASB
and is moving in the same direction as IERS

However, generally the value relevance in Franogares at the same levels although
IFRS brought so many changes to French accourfirggably this is not what most
French users of the accounts would expect. A gieisionclusion that can be drawn
from the value relevance figures for both Germamy Brance is that creditor oriented
accounting systems experience problems in matariglithe positive effects of the
transition to IFRS. This may be due to a straigitéod “adjusting time” needed for
these countries to reach a desired level of rel@vamd reliability (learning curve), or
may be due to more complex traditional accountuigs and practices than cannot
exist harmoniously within the IFRS accounting fravoek and need re-adjustment.

Nevertheless, it should not be missed that thesectuntries have an overall higher

2 As we can come to conclude, Germany and Francbatheindicating an increasing value relevance

of book values and a decreasing trend in the valiggance of earnings.
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r-square figure from the investor oriented accovhijroup despite value relevance
being stable through the observed years.

Another interesting observation about France isdm@&nge in the relation between
earnings and book values. Although before the thtetion of IFRS, earnings were
more value relevant from book values, internatiawounting standards completely
turned this around. Arce and Mora (2002) also foeachings more value relevant
than book values for France before IFRS despitéovimhg a creditor oriented
accounting system. Interestingly, although tradio accounting focused on the
income statement and regarded the balance shaedwasping ground for differences
and nowadays IFRS point towards the importancehef llalance sheet over the
income statement, value relevance figures remarséime. Nevertheless, adopting a
“book-value based” approach after IFRSs’ implemgota France has adapted
efficiently to the IASB direction.

Another similarity to the aforementioned study haittoverall France is the country
with the greatest overall value relevance afteratieption of IFRS (average r square
of 0.783 for Y2005-06).

In relation toH,,, this research can conclude that value relevamégance has not

changed dramatically either for the better or & worse. However, there is a change
in the explanatory power of financial statementerahe adoption of IFRS. Therefore

the null hypothesis is accepted.

6.1.5. Summary foH,

From the previous analysis we can observe thathallsuggested hypotheses were

accepted.
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H,: “The adoption of IFRS will change the value relevaa of accounting
information in the EU” (accepted)
H,,: “The adoption of IFRS will change the value relage of accounting information in the

United Kingdont (accepted)

H,,: “The adoption of IFRS will change the value re&laee of accounting information in the

Netherland$ (accepted)

H,,;: “The adoption of IFRS will change the value relage of accounting information in

Germany (accepted)

H,,: “The adoption of IFRS will change the value relage of accounting information in

France” (accepted)

It was purposely decided not to use directionalatlypses as it was not easy to judge
the direction value relevance will take after thegption of IFRS. However, this study
provides evidence that value relevance changestagteadoption of IFRS. Although
due to country specific effects the percentage gbamand the directions were not the
same, IFRS provide new/different information to tisers of the accounts. Moreover,
in France and Germany the change in value relevasasemore modest than for the
UK and the Netherlands.

A very interesting observation for the creditoremted countries is that the highest
value relevance figures were observed during thasttion period towards IFRS
(2004-2005). As we will come to realise in the gra@analysis, disclosure weaknesses
in these two countries made dual reporting duriregé two years really significant in

value relevance terms. The disclosure effect irs thiudy is captured by the
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explanatory power common to both earnings and hadkes which will be analysed

later.

On the other hand, the UK and the Netherlandsoviofig a investor oriented

accounting approach, indicated higher value relesaof the income statement
throughout the observed period although the vadlevance of the balance sheet is
gaining importance. Value relevance in the UK ahd Netherlands seems to be
steadily increasing after the introduction of IFRSfact that highlights the new

relevant information IFRS brought to the usershef@ccounts.

6.2. Group Analysis

Cross-country comparisons can also offer us imporntasight as to why there are
differences after the IFRS implementation and whatpossible reasons behind these
variations are. IASB is trying to create a consisteasis of IFRS application and
increase relevance and comparability of finandiaesnents across Europe. However,
it became clear from the individual country anayshat results on the value
relevance of accounting information are mixed altfio IFRS were simultaneously
applied. Group analysis will help the reader corhprel these cross-country

differences.

6.2.1. Cross-country comparisons

As discussed earlier, z scores will be used to ntagss-country comparisons when

sample sizes are different. This score is useti@sdample sizes of Germany (sample

size 46 firms per year), France (sample size 46sfiper year), and the UK (sample
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size 48 firms per year), had to change to take actmunt the outlier effect, with the
exemption of the Netherlands in which no outlieerevidentified (sample size of 50
firms). Therefore, as all four of the observed ddes have different sample sizes,
this technique is commonly used to make valid rasgucomparisons. Other
researchers in accounting papers like Joos and (&8%1), Harris et al. (1994), and

Arce and Mora (2002), also employed the same 8taisnethod.

Table 16 — z scores of total r-square figures acregountries
2003 2004 2005 2006

Z score total r-square UK vs. Netherlands -0.005 -0.017 -0.010 -0.013
Z score total r-square UK vs. Germany -0.040 -0.026 -0.029 -0.016
Z score total r-square UK vs. France -0.030 -0.013 -0.017 0.000

Z score total r-square Netherlands vs. Germany  -0.100 -0.028 -0.067 -0.011
Z score total r-square Netherlands vs. France -0.069 0.009 -0.022 0.035

Z score total r-square Germany vs. France 0.023 0.031 0.031 0.039

Source: Developed by the author
*When values are positive r-square of the firstrdopis higher than that in the second country, whe

values are negative it is the opposite

Table 16 can provide us with an indication of thevement of the r-square values
across the selected countries. Germany is the gowith the highest r-square across
the financial years 2003 to 2006, as each z-saurgarison made was proven better.
France is the country with the second highest aesguUigures followed by the

Netherlands, with the UK being the country with thmvest r-square figures.

Therefore, Germany is still the country with thghest value relevance of accounting
information, although there is no noticeable inseea value relevance across these

specific years. French financial statements are @iste relevant to the stock market
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price. Although in the UK and the Netherlands, eahelevance increases through

time, it remains at lower levels.

6.2.2. Investor vs. creditor oriented Accountingt®ms (H;)

H,;:"The investor oriented countries (UK, Netherlandgl)l have different value relevange

from the creditor oriented ones (Germany, Frand&rahe adoption of IFRS”

In order to tackle the obstacles to answering khe grouping of the data will help

the reader have a better understanding of the IEfRRSts in the value relevance of
accounting information. As mentioned earlier, iteseng Germany and France as
“creditor oriented accounting systems” and the Uid ¢ghe Netherlands as “investor
oriented accounting systems” this study closelyofe$ the categorisation of Nobes
(1998). Therefore, the average of the statisticabsures was used to separate the
“before IFRS adoption” period (2003 and 2004) aathpare it with the “after IFRS

adoption” period (2005 and 2006). The results vileesfollowing:

Figure 12 — Value relevance in the UK (before-aftelFRS approach)
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Source: Developed by the author
*Black = two year average total value relevancejustdd r-square), Grey= two year average
explanatory power of book value (standardised beédficient), White= two year average explanatory

power of earnings (standardised beta coefficidrity regression model used was (4).

Figure 13 — Value relevance in the Netherlands (befe-after IFRS
approach)
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Source: Developed by the author
*Black = two year average total value relevancejustdd r-square), Grey= two year average
explanatory power of book value (standardised beédficient), White= two year average explanatory

power of earnings (standardised beta coefficidrite regression model used was (4).

Figure 14 - Value relevance in Germany (before-afte IFRS
approach)
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*Black = two year average total value relevancejustdd r-square), Grey= two year average
explanatory power of book value (standardised beédficient), White= two year average explanatory

power of earnings (standardised beta coefficidrty regression model used was (4).

Figure 15 — Value relevance in France (before-aftdiFRS approach)
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Source: Developed by the author
*Black = two year average total value relevancejustdd r-square), Grey= two year average
explanatory power of book value (standardised beédficient), White= two year average explanatory

power of earnings (standardised beta coefficidrite regression model used was (4).

Analysing the graphs, there is a clear identifiabiference between Continental
(creditor oriented) and Anglo-Saxon models (investaented). In creditor oriented
accounting countries, value relevance of accountimjormation remains
approximately at the same level after the introdumcdf IFRS. It is noteworthy that
the change in the r-square for both countriesosirzat 6%. It should also be pointed
out that before IFRS, the overall value relevameebbth countries is higher than that
observed in investor oriented accounting systermeué/ relevance of accounting
information, although stable, is just around 80%hhior the “after IFRS period” for
both Germany (r-square 0.871) and France (r-squ#g).

On the other hand, investor oriented accountingesys like the UK and the
Netherlands show approximately 11% increase inr thialue relevance after the

adoption of IFRS. More specifically, UK value redece has increased 8%, while in
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the Netherlands value relevance is increased by. 184%hould be also stated that
creditor oriented accounting systems outperformester oriented ones, illustrating
higher value relevance for both observed periods.

Another important point is that the UK has the Istvealue relevance (50%) across
the observed countries for the period after theothiction of IFRS. Germany is still
the country with the highest value relevance of 8#@tbowed by France (78%) and
the Netherlands (76%) which are both approximateljne same level.

A possible explanation for the high increase iruealelevance in the UK may come
from the number of cross-listings in each counige UK is the country with the
highest number of cross-listing firms in Europetha study of Tolmunen and Torsila
(2000), the number of cross-listings in the UK i@snd to be almost triple the size
of those observed in Germany and France. It seamssilpe that countries with a
higher number of cross-listings viewed IFRS asanck to lower their cost of capital,
not having to adjust their statements to each egisnhational GAAP. German and
French companies experienced a lower value relevelnange as the number of cross
listings was a lot smaller.

The moderate change in Germany and France cannsgdeoed logical in countries
where the value relevance of accounting informatias already high. Although this
research cannot perform further tests to acceptejact this interpretation, other
researchers may tackle this issue in another study.

Nevertheless, the moderate increase in Germanyc&rand the UK accompanied
with a higher increase in the Netherlands is aicaton that value relevance has not
dramatically changed. IASB aims to increase relegareliability, and comparability
although it knows that it will not be an easy prwe. It would be very difficult for

IASB to bring in vast changes in financial repogtiat such short notice. Users and
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preparers need time to adjust to the changes a88 I8 wisely taking a step-by-step
approach in introducing new or changing accountagylation.

The hypothesis that the effects for creditor orerccounting systems were different
to the effects noticed in countries following amestor oriented approach is accepted.
Countries following creditor oriented accountinglicated a moderate increase after
the adoption of IFRS while investor oriented acdognindicated a higher increase in

the value relevance of accounting information.

6.2.3. Incremental value relevance of book valigesarnings (H)

H,: “The adoption of IFRS in EU will increase the remental explanatory power of

book value, decreasing that of earnings”

As mentioned earlier, IASB seems to emphasize tfwapy importance of the
balance sheet over the income statement. Histhyrichere were two views in
accounting. UK practitioners promoted the importaon€ the income statement over
the balance sheet. On the other hand, standartss@itthese countries and in other
countries in Continental Europe were promotingithportance of the balance sheet
over the income statement. The IASB seems to hastandards on a balance sheet
oriented, fair value model, where the emphasisnsneasuring the fair value of
companies’ assets and liabilities. The measuremmenet income will then tend to
rely on changes in the fair value of net assetss @hgument is also presented in
Haller et al. (2005).

This study’s results come to shed some light ihts trade off between earnings and

book values. Although the previously tested beteffaients can provide a general
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picture of the value relevance of earnings and bealkes, the explanatory power
common to both earnings and book values is nointaki® consideration. Therefore
following a different viewpoint in the data analysthe author will not only present
the incremental explanatory power of book valuegberre and earnings per share but
also the incremental explanatory power that is comrfor both book values and
earnings per share as in Collins et al. (1997).

The values of book values and earnings will be crmeg across countries using
Z scores. Z scores are extensively used when thpledirm sizes are different across

the compared countries.

Table 17 — z scores comparing book values per shaaeross countries
2003 2004 2005 2006

Z score UK BVPS vs. Dutch BVPS -0.013 -0.018 -0.010 0.001
Z score UK BVPS vs. German BVPS -0.042 -0.045 -0.036 -0.025
Z score UK BVPS vs. French BVPS -0.025 -0.033 -0.010 -0.005
Z score Netherlands BVPS vs. German BVPS -0.084 -0.084 -0.086 -0.086
Z score Netherlands BVPS vs. French BVPS -0.033 -0.045 -0.003 -0.016
Z score German BVPS vs. French BVPS 0.040 0.030 0.062 0.052

Source: Developed by the author
*When values are positive BVPS of the first courigyhigher than that in the second country, when

values are negative it is the opposite

As expected (Table 17), book values are more vadlgant in Germany, which has
the highest z score figures, compared to the otiwee countries. France is the
country with the second highest book value acrbssobserved years. Dutch book
values are only higher than the UK ones which stasein the value relevance of

book values across time.
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Table 18 — z scores comparing earnings per sharerass countries
2003 2004 2005 2006

Z score UK EPS vs. Dutch EPS 0.012 -0.025 -0.005 -0.014
Z score UK EPS vs. German EPS -0.034 -0.024 -0.030 -0.004
Z score UK EPS vs. French EPS -0.030 -0.015 -0.008 0.016
Z score Netherlands EPS vs. German EPS -0.121 0.000 -0.081 0.028
Z score Netherlands EPS vs. French EPS -0.109 0.025 -0.009 0.076
Z score German EPS vs. French EPS 0.010 0.020 0.053 0.046

*When values are positive EPS of the first counghigher than that in the second country, when

values are negative it is the opposite

In table 18, the figures are quite different frohe tprevious table. When value
relevance of earnings is tested, the results akedniGerman earnings seem to be
more value relevant, when compared to other casitrFor example, z scores
indicate German EPS more relevant from both theBRS and the French EPS. For
2004 and 2006 Dutch EPS appear more relevant tR& ik Germany and France.
The UK EPS is more relevant than French EPS onBO®6, where EPS in the UK
reaches almost 40%. This means that for 2006,nt@me statement explained 40%
of the stock market price for the UK.

At that point it would be interesting to monitorhat was the actual value relevance
of book value and earnings with respect to the anatiory power common to both
book value and earnings, following the methodolo@yCollins et al. (1997). Using
the r-square decomposition technique discussedhapter 5, Collins was able to
capture the explanatory power common to both badkevand earnings. The author

has followed the same procedure to come up withntremental explanatory power
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of book value, earnings, and the explanatory pawenmon to both book value and
earnings.

If common explanatory power is taken as a disclgffect (as explained in Chapter
5), it seems that 2004 was the most relevant yeaitalthe fact that companies had to
prepare reconciliation reports along with financithtements according to the
national standards. This increased disclosure taffielboth the balance sheet and the
income statement. Therefore, an increase in théaeajory power common to both
earnings and book values can be considered asother of increased disclosure to
explain the stock market price better.

The observed inverse relationship in the incremesmtplanatory power of earnings
and book values is really important. This relatlopsis more profound in creditor
oriented accounting systems like Germany (figurar®) France (figure 11), than in
the UK (figure 6) and the Netherlands (figure 7)péssible reason for that may be
that the latter investor oriented oriented groups wauggling more to adapt to the
value relevance change from earnings to book valbdewertheless, this inverse
relationship can have important implications asait imply that the increase in the
incremental value relevance of book value (or ems) may not improve the overall

value relevance figure due to the inverse reaafaarnings (or book value).

H,,: “The adoption of IFRS in theJnited Kingdom will increase the incremental

explanatory power of book value in this countrycréasing that of earnings”
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Figure 16 — Value relevance with respect to book W, earnings, and

explanatory power common to both book values & earings (UK)
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Source: Developed by the author
*Black = total r-squares, Grey = incremental explany power of book value, White = incremental
explanatory power of earnings, Blue = explanatooywgr common to both earnings & book values,

Red = Trend line — Exponential of total R-squaree Tegression models used were (1), (2), and (3).

In the UK, the explanatory power common to bookugaland earnings is lower than
the incremental relevance figures of earnings ayak tvalues for 2003 to 2005. It is
indicative that comparably to the other three coest the UK experiences the
smallest disclosure effect between the transitienog of 2004 to 2005. In the UK,

the incremental explanatory power of book valuerdased 5.0%, while that of
earnings increased 4.3% (2003 to 2006). The highesease was noted in the
explanatory power common to both earnings and hadkes which was 15.1%. This
denotes that in the UK, disclosure plays an impdrtale in the value relevance
especially after the introduction of IFRS, wheris tiigure is increasing. However, in
the UK the figures for common explanatory power ardot less than in other

countries like Germany and France where this figlearly dominates. Moreover, the

error term was the highest for the UK, supportimg mnotion that there is information
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which the model cannot capture that can drive takles relevance of accounting
information.
The H,, is accepted as for the UK the incremental explaggtower of earnings is

diminishing over time and the incremental explanapmwer of book value is gaining

in importance.

H,,: “The adoption of IFRS in thé&letherlandswill increase the incremental explanatary

power of book value in this country, decreasing tfaarnings”

Figure 17 — Value relevance with respect to book W, earnings, and
explanatory power common to both book values & ealngs
(Netherlands)
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Source: Developed by the author
*Black = total r-squares, Grey = incremental explany power of book value, White = incremental
explanatory power of earnings, Blue = explanatooywgr common to both earnings & book values,

Red = Trend line — Exponential of total R-squaree Tegression models used were (1), (2), and (3).

In the Netherlands, explanatory power common tdh Hmiok value and earnings
provides new evidence. Beta coefficients indicatraasing book values over time.
This new figure indicates that the increase wasadgtin explanatory power common

to earnings and book values rather than just babkeg. Thus the value relevance of
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earnings is steadily increasing through the obsegears, contrary to the decreasing
relevance of book values. Book value drops 17.66mf2003 to 2006, earnings
increase 37.7% and common explanatory power atseases 19.6%. Therefore, the
highest increase is depicted in the explanatorygoai earnings. This situation in the
Netherlands seems to be against the balance shiegtted approach IASB is
promoting. For the Netherlands, the explanatory ggosommon to both book values
and earnings is higher from the individual explamatpower of book value or
earnings during the transition period 2004-200%r&fore, this may be attributed to
increased disclosure requirements during thosesyear

H ., is rejected as there is not yet a clear trend bEtweook values and earnings.
Although the incremental value relevance of bookieancreases contrary to that of

earnings, time will tell whether book value will rpass the value relevance of

earnings.

H ,,: “The adoption of IFRS itcermanywill increase the incremental explanatory power of

book value in this country, decreasing that of @agge”
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Figure 18 — Value relevance with respect to book W, earnings, and
explanatory power common to both book values & ealngs

(Germany)
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Source: Developed by the author
*Black = total r-squares, Grey = incremental explany power of book value, White = incremental
explanatory power of earnings, Blue = explanatoosywgr common to both earnings & book values,

Red = Trend line — Exponential of total R-squaree Tegression models used were (1), (2), and (3).

A remarkable observation from the graphs abovieasmost of the value relevance of
accounting information in Germany does not comanfreither book values or

earnings, but from explanatory power that is comnmrboth earnings and book
values. This was not illustrated when analysingltbia coefficients (figure 9). Figure

18 indicates that for some years observed the eafday power common to both

earnings and book values is reaching 78% of tles Waiue relevance.

Germany is the country with the highest explanatmoyer common to both book

value and earnings figures. Therefore, if the exgiary power common to both

earnings and book values is considered to be difinemn increased disclosure (that
affects both the balance sheet and the incomenstat®, then this played the most
important role in Germany for the observed yeasscéan be observed from the graph,
in Germany the common explanatory power for bothiags and book values peaked

during the transition phase 2004 and 2005 and easay after that in 2006.
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The incremental explanatory power of book valuestamtly increases through time
reaching 22% in 2006. Comparing 2003 to 2006, ticeemental explanatory power
of book value increased 15.9%, while both the imzetal explanatory power of
earnings and that of the explanatory power comrodyoth earnings and book values
decreased 8.9% and 6.4% respectively.

H ,, hypothesis is accepted as there is a clear trendcofased value relevance of

book value and decreasing value relevance of egsnin

H,,: “The adoption of IFRS irFrance will increase the incremental explanatory power of

book value in this country, decreasing that of @aggs”

Figure 19 — Value relevance with respect to book Wz, earnings, and

explanatory power common to both book values & earings (France)
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*Black = total r-squares, Grey = incremental explany power of book value, White = incremental
explanatory power of earnings, Blue = explanatooywgr common to both earnings & book values,
Red = Trend line — Exponential of total R-squaree Tegression models used were (1), (2), and (3).

Contrary to what happened in Germany, in Franceeipdanatory power common to

both book value and earnings seems to decreasetiower In the 2006 it captures
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only 24% of the total value relevance figure. Hoemgvin 2004 where double
disclosure was enforced, this figure reached itkpe

During the financial years 2003 and 2006, the imaetal explanatory power of book
value constantly increases by 31.6% following IASBuidelines. This is the highest
noted increase in the explanatory power of bookie/aicross the observed countries.
The explanatory power of earnings and the commandatrease 10.8% and 35.3%
respectively.

ThereforeH ,, is accepted as France was the country with the pro$bund inverse

relationship in the incremental value relevancearhings and book value.

All observed countries with the exception of Germatiearly show that the
explanatory power of earnings outperforms that obkbvalues. Even in France,
which is characterised as a creditor oriented atbog system earnings are more
value relevant than book values for 2003 and 26{@wvever, these value relevance
figures for France are not new to the accountitggdiure as higher value relevance of
earnings in France was also noted in the studyro¢ And Mora (2002).

However, the situation seems to be changing athallcountries indicated that the
explanatory power of book value increases througte.t This is the path IASB is
currently following, emphasizing the importancetioé balance sheet over the income
statement. All the countries that had the oveel#vance of earnings outperforming
that of book values, were at the same time indigat significant increase in the
relevance of book values. The Netherlands was nheamuntry not indicating a clear
trend. The ideal scenario for IASB is that all EWQuntries will show higher

explanatory power of book values over earnings ghdime.
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Conclusively, theH, that the introduction of IFRS will increase theremental

explanatory power of book value, decreasing thagawhings is accepted for all four

countries.

6.2.4. Small, medium, and large capitalisation §irm

H,: “The adoption of IFRS in EU will have differenffexts on small, medium, and

large capitalisation firms”

As mentioned earlier in this study, the argument ttompany size can affect the
value relevance of accounting information is higlguoted in the accounting
literature. Studies like those of Hayn (1995), ®allet al. (1997), and Barth and
Clinch (2001) are some of the main ones that retetesalue relevance of accounting
information to firm size. Many studies in the valkelevance literature take measures
to exclude scale effects that can possibly distoral results. Collins’s (1997)
restrictions were also used to take into accoumieseffects. The methodology
followed can be seen in Chapter 5. The hypothesisagain non-directional;
hypothesising that there will be differences betwégese three groups but without
arguing for or against the direction of that move.

Nevertheless, there is a question as to whethge laapitalisation firms will react
differently from small or medium capitalisationrfis to the adoption of IFRS. The
ICAEW (2007) noted that: “it was emphasised by maarticipants that the
experience of smaller quoted companies was oftery whifferent from large
companies. Resources available to manage the tteansind to deal with ongoing

changes were far more limited, preparation tendelet undertaken at a later stage,
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and it was much less likely that the company oratéitors had prior experience of
IFRS.”

As explained earlier, the methodology of Conenc #&mdan (2003) was used in
dividing firms into the top 30% representing lamgpitalisation firms, middle 40%
representing medium capitalisation ones, and bott8d86 representing small
capitalisation firms. Year end market capitalisatiggures were used to make this
distinction.

Before starting to comment on the hypotheses, iviial to present the graphs
illustrating the main value relevance drivers facle country. For example, it is
assumed that if value relevance increases for atgowand only medium cap
increases in value relevance while both small angel cap are decreasing, the main

driver for that increase are medium cap firms.

H,,: “The adoption of IFRS in the United Kingdom whiave different effects gn

small, medium, and large capitalisation firms”

Figure 20 — Market capitalisation in the UK - small cap (left),
medium cap (middle), large cap (right)
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*Black bars represent adjusted r-square (explapatower of model), grey bars stand for book values’
standardised beta coefficients (incremental exptagpapower of book value), white bar represent
earnings’ standardised beta coefficients (increalestplanatory power of earnings), red line is the
exponential trend line for r-square (how value vateee is moving across time). For Small cap firms,

squares of 2005, 2006 are non-significant. Theaegion models used were (1), (2), and (3).

As we can see from the graph on the previous paghe UK the increase in value
relevance is driven by medium capitalisation ris&alue relevance. Small as well as
large capitalisation firms show a decrease in vadlevance (a fact that will also be

observed in FranceH ,, that the adoption of IFRS will have a differenteet for

different groups of firms is therefore accepted,samll and large groups illustrate

decreasing value relevance while medium cap firmdgate increasing relevance.

H,,: “The adoption of IFRS in the Netherlands will leaglifferent effects on small,

medium, and large capitalisation firms”

Figure 21 — Market capitalisation in the Netherland - small cap

(left), medium cap (middle), large cap (right)
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*Black bars represent adjusted r-square (explapatower of model), grey bars stand for book values’
standardised beta coefficients (incremental exptapapower of book value), white bar represent
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earnings’ standardised beta coefficients (increalestplanatory power of earnings), red line is the
exponential trend line for r-square (how value valece is moving across time). For Large Cap firms,
2004 r-square was found non-significant. The resioesmodels used were (1), (2), and (3).

In the Netherlands, the increase in value relevaheecounting information is driven
by both small and large capitalisation firms, wiitle main effect deriving from large

cap. Thereforél,,, which suggests that the effect of IFRS adoptioould be

different for different groups of capitalisatiomrfis is accepted.

H ,;: “The adoption of IFRS in Germany will have diet effects on small, medium,

and large capitalisation firms”

Figure 22 — Market capitalisation in Germany - smadl cap (left),

medium cap (middle), large cap (right)
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*Black bars represent adjusted r-square (explapatower of model), grey bars stand for book values’
standardised beta coefficients (incremental exptagpapower of book value), white bar represent
earnings’ standardised beta coefficients (increalestplanatory power of earnings), red line is the
exponential trend line for r-square (how value vatece is moving across time). For Small cap graph,

r-squares for 2003 & 2004 were found not significaihe regression models used were (1), (2), and

3).
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H., is accepted. Value relevance increases for botl smd large capitalisation

firms. On the other hand, decreases for mediumtalegaition firms and this causes

the overall value relevance in Germany to be astme level before and after IFRS

implementation.

As discussed earlier, Jermakowicz et al. (2007itifled that the benefits of IFRS

may vary for German firms with different capitalisa sizes. Therefore, it is certain

that although the benefits of complying with IFR&eed the costs for all countries,

problems during an identified “adjusting periodillsxist especially in countries like

Germany and France where the accounting culturediffasent from IFRS’s.

H.,: “The adoption of IFRS in France will have diffeteeffects on small, medium,

and large capitalisation firms”

Figure 23 — Market capitalisation in France - smallcap (left),
medium cap (middle), large cap (right)
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*Black bars represent adjusted r-square (explapatower of model), grey bars stand for book values’
standardised beta coefficients (incremental exptapapower of book value), white bar represent
earnings’ standardised beta coefficients (increalestplanatory power of earnings), red line is the
exponential trend line for r-square (how valuevalee is moving across time). For large cap greph,

square for 2005 is non-significant. The regressimdels used were (1), (2), and (3).
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Although value relevance in France remains highan in the UK, the introduction of
IFRS cannot increase the value relevance of acocwumniformation in that country.

Furthermore, large capitalisation firms in Francdicate declining value relevance.
This decline is probably driving the change in uae (figure 19).

As far asH,,is concerned, we accept the null hypothesis thd&rance the IFRS

adoption made small cap firms react differentlynfronedium as well as large
capitalisation firms. There is a clear indicatidmatt medium capitalisation firm
accounting numbers are increasing during the okgeP003-06 period, while large

cap firm accounting numbers are losing some of tredue relevance.

Figure 24 — Disclosure effect for small capitalisan firms

(explanatory power common to book values and earngs)
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Source: Developed by the author
*Black = total r-squares, Grey = incremental explany power of book value, White = incremental
explanatory power of earnings, Blue = explanatooywgr common to both earnings & book values,
Red = Trend line — Exponential of explanatory powemmon to both earnings & book values. The

regression models used were (1), (2), and (3).

Interestingly enough though, when Collins et al(Q2) methodology was used to take
into account the explanatory power common to batimiegs and book values (as in
6.2.3.) this had a meaning only for the small aigiation firms. Therefore, the

disclosure effect played a more critical role foe small cap firms in these countries.
In the Netherlands the disclosure effect seemadhtb become bigger through time.
The reason behind that may be similar to the argtimeesented above. It is possible
that large and medium capitalisation firms had aaye more disclosure and had
coordinated their practices and valuation methodsoraing to IFRS guidelines.

Cristensen et al. (2007) argue that larger firmd h#ore benefits in voluntarily

adopting IFRS. In small capitalisation firms, daglre requirements took a harder hit
on their financial statements and overall valuevahce figures. Explanatory power

common to both earnings and book values had negatilues either for medium or
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large capitalisation firms across all four courdriegn medium and large capitalisation
firms, earnings and book values captured most eftdtal r-square without leaving
any gap for other factors to play a role in valekevance.

In order to combine these results with the overallie relevance figures, the situation
in Germany changed completely. Germany was showheasountry with the highest
explanatory power common to both book values anchimgs’ figure (highest
disclosure effect). Although when the data wasnak® a whole, the disclosure effect
seemed to be very value relevant compared witindremental explanatory power of
book values and earnings, when the data was studmmbrding to market
capitalisation, this was not the case. Small chgétton firms in Germany indicated

positive disclosure values only during the traonsitperiod of 2004-2005.

6.3. Summary and conclusion

Previous analysis indicated that the introductibiF&S created various results in the
observed European countries. Although total figyrest towards increasing value
relevance, this increase is quite modest for sometcies. The following table

explains which hypotheses were accepted:

Synopsis of the hypotheses tested:
H,.: “The adoption of IFRS in the EU will have a diffateeffect on the value
relevance of accounting information in creditor emted countries (compared with
that observed in investor oriented countries)”(aotes)
H,: “The adoption of IFRS in the EU will increase tlecremental explanatory
power of book value, decreasing that of earningst@pted)

H,: “The adoption of IFRS in the EU will have diffateeffects on small, mediumm,

and large capitalisation firms”(accepted)
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The highest increase in value relevance is measardte Netherlands, followed by
the UK, with creditor oriented accounting systenise | Germany and France
increasing the least. However, the value relevancabsolute r-square values was
higher in these last two countries compared wighfifst two, which may be a reason
why the increase was not so high.

This research indicates that there is certainlpsitiye change in the value relevance
of accounting information. Although the significanof this change varies between
countries, it definitely exists (figures 12-15). p&dully, as preparers and users of
accounts become more confident with IFRS, the coatpidy among financial
statements will rise and the cost of capital faompanies using international standards
will also fall.

Further implications do exist as far as the tratfebetween the importance of the
balance sheet and the income statement is concetA&B is promoting the
importance of the balance sheet over the incontersent, using the latter to record
differences. This research is illustrates a cowtirsuincrease in the importance of the
balance sheet for most of the observed countries.pfeparer’s persistence over fair
value accounting becomes justified as the balaheetds gaining in value relevance
over time.

Moreover, there are important implications as tlseldsure effect (measured by the
explanatory power common to both earnings and bh@bke) fades away too. This
variable was very relevant between 2004-2005, wheceeased disclosure and
reconciliation reports changed the value relevarafe financial statements
significantly. After that, the disclosure effecteses to diminish for most countries.
Moreover, if the view that disclosure is a mainvdriof value relevance is accepted,

investor oriented countries were more able to aefle IFRSs increased disclosure
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requirements than creditor oriented accountingesyst The UK and the Netherlands
were able to manage more easily increased diséodue to conservatism and
increased transparency; the characteristics ovestor oriented accounting system.
However, these countries had more trouble in clmnfiom a more value relevant
income statement to a comparatively more valuesagiebalance sheet. On the other
hand, creditor oriented countries had a lower tuatif disclosure before the
introduction of IFRS. Thus, disclosure had a hufgeceon them and this is indicative
of the fact that the common explanatory power fathlearnings and book values was

higher for Germany and France in 2004.

Table 19 — Market capitalisation and IFRS change iwvalue relevance

UK METHERLAMNDS GERMAMNY FRAMNCE

Sl + + S

E‘IEE (L + S S +

LARGE

CAP - + + -

OYERALL SECOND STABLE/ STABLE/
ivance | INCHEAS INCREASE | LEAST SLIGHT
CHAMNGE INCREASE INCREASE DECREASE
Z LEYEL SECOMND THIRD
ong e LOWEST HIGHEST HIGHEST HIGHEST
Source: Developed by the author
* “» = decreasing value relevance across time, “#’increasing value relevance

across time, and “S”"= stable value relevance adioss
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With regard to the distinction between small, mediand large capitalisation the
results were mixed. Interestingly enough, the teshilere go against the initial
pairings. The UK and French results show that nmadaap firms are driving the

increase in value relevance. Large cap firms fah lsountries are losing part of their
value relevance after the adoption of IFRS. On dtieer hand, Germany and the
Netherlands form another group where small ancelaap firms are gaining value
relevance while mid cap firms are losing their valece.

Another interesting point here is that the discteseffect mostly hit small cap firms,

being the group with the highest common explanapwower to both earnings and
book values. Clearly large capitalisation firms Hathncial statements that were
much closer to the IFRS guidelines, compared tdistap ones. Alternatively, it can

be suggested that the transition to the new stdedaad less of an impact for the
users of the large cap firms’ accounts.

Conclusively, IFRS are changing value relevancaagbunting information. In most

cases this change is not huge. Some accountanévéé¢hat there is an “adjusting
time” effect, meaning that as IFRS’s accurate siamdous implementation takes
time, the positive effects will also take some titnebe completely revealed. Other
researchers believe that there are specific prablém globalising accounting

standards like cultural differences, politics, cergence with US GAAP, and

interpretation issues that are an obstacle inpitusedure.
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CHAPTER 7 — SUMMARY, CONCLUSION, AND AREAS FOR

FUTURE RESEARCH

7.1. Summary

The overall purpose of this study was to compaeeviflue relevance of IFRS with
that of national GAAPs from major European coustiieorder to determine whether
IASB has added some value to financial accountsobr This was accomplished by
examining changes inside specific countries as veasll making cross-country
comparisons.

As far as the first part is concerned, this studgn@ned the value relevance for each
country across the observed years, the trade-affdam the value relevance of the
balance sheet and the income statement, as wetvagroups with different market
capitalisation figures will react during IFRS trdim. In the cross-country (group)
analysis, the value relevance before and aftefRR& implementation, according to
the investor and creditor oriented accounting aaiegtion was tested. Afterwards,
this research compared value relevance figureguare, beta coefficients, and
incremental value relevance of earnings, book &wluend explanatory power
common to both earnings and book values) acrostotheobserved years and across
the four observed countries.

The first hypothesis was accepted overall. Eachitguthe UK, the Netherlands,
Germany, and France) demonstrated a change in kgiance after the adoption of
the new accounting standards. However, as prediostedorming non-directional
hypotheses, the change across the countries wasuméirm or equal. The

Netherlands was the country with the highest pgsiticrease in value relevance after
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the IFRS implementation, followed by the UK, witle@&any and France showing a
more moderate increase in value relevance figutess noteworthy that during the
transition phase 2004-05, all countries scored Higlest value relevance figures
which were possibly due to dual reporting.

The second hypothesis was developed to compareathe relevance of the balance
sheet with that of the income statements under IHRSB'’s drive in promoting the
importance of the balance sheet over the incomemstnt had generated some
results. Although, in absolute terms, the valuevahce of earnings was higher than
that of book values, the results were different nvhasquares were measured across
the observed years. Book values (balance sheet vallevance) seem to have entered
an increasing trend, lowering the value relevarfceaonings. Therefore, the second
hypothesis was accepted as well. Other factors diiselosure, measured by the
explanatory power common to book values and easnisgemed also important in
affecting the value relevance of accounting infarora Especially in creditor
oriented countries like Germany and France, thiasuee scored high r-square values
pointing out that these countries depend more solaBure changes than investor
oriented accounting systems do.

The third hypothesis dealt with scale effects oa ¥alue relevance of accounting
information after the transition to IFRS. More gSfieally, the research focused on
analysing different market capitalisation grouprder to make comparisons of the
changes in value relevance before and after thdemmgmtation of these new
standards. The results were mixed. For the UK arhde, medium capitalisation
firms seemed to drive the increase in value relegafter the introduction of IFRS.
In the Netherlands and Germany, it was the othey vemind. Small and large

capitalisation firms indicate an increase in vatakevance while mid capitalisation

172



ones are decreasing. Another important point herdhat increased disclosure
(measured by the explanatory power common to bathirmgs and book values)
mostly affected small capitalisation firms in atluf countries. Large capitalisation
firms already had more disclosure or were found engady to apply the new

accounting standards.

7.2. Conclusion

The results of this study are really significantisTis the first study that actually tries

to measure IFRS effectiveness, comparing the vadlevance of national GAAPs

with that of IFRS, using newly published annuakfigial reporting data from 2005

and 2006.

One of the targets of the mandatory IFRS was t@igeonew information that was

not available under national GAAPs. The two sidra tan be associated with that is

an increase in the overall value relevance of aaitog information and an additional

increase in the value relevance of disclosure utitemew international standards.

Some other important conclusions are:

) IFRS added value to financial reporting. This imajor finding for IASB

in order to justify its existence. Value relevamd¢eccounting information
increases over time. This increase in not the stmeall the observed
countries. Possibly, other countries in the EU aio have moderate or
higher changes in the value relevance of accounimigrmation.
Nevertheless, the fact that value relevance ineseasnnot mean that
IASB’s vision of introducing fair value accounting unjustified. Future

research will tell whether this move will finallyedd to comparable
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ii)

accounts across the European Union or whether toentry effect”
(accounting tradition, culture, and individualisio) will pose a strong
resistance to harmonisation.

One interesting fact is that Germany was the cqunith the most “early
IFRS adopters”. These firms were identified by meggearchers as firms
in favour of transiting into the new internationakandards. The
Netherlands had also a number of early adoptershimihumber of firms
was not significant for this research. The UK amdne did not have
many early IFRS adopters. Nevertheless, Germafliyretnained one of
the countries with the highest overall value reteeafigures (r-square)
indicating that firms that followed the mandatoryewn disclosures
performed equally well under the new standards.

Another intriguing result is that although some rnies like the UK and
the Netherlands had national accounting standdodely affiliated with
IFRS, they did not manage to indicate a higherlle¥evalue relevance
from the creditor oriented accounting group i.err@my and France. It
should be mentioned that the first two countriesewfelly supportive of
the IFRS implementation, while on the other handnEe was at first
sceptical on the reliability of the new standar#wever, it should
equally be noted that the investor oriented grdlugtrated higher change
in the value relevance for the pre- and post-IFRSog.

This study also captures the disclosure effect éetwthe periods of 2004-
05 which was noted by an increase in the valuevaelee of accounting
information in the four observed countries. Theryaading 2004 financial

accounts were found to be the most value relevamds cacross the
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observed years. This increase indicated that adaitirequirements under
the forthcoming IFRS (were obligatory frorf January 2005) made stock
prices more sensitive to financial reporting data.

V) Furthermore, this study made clear that the balasieet is gaining in
value relevance through time while the income stat# is losing some of
its relevance. However, as in many countries thaeveelevance of the
income statements still outperforms that of thewbe¢ sheet, IASB should
give an equal attention to both statements. Fomela although the
IASB has concentrated a lot on recognition and omeasent issues, the
presentation of profit is not yet thoroughly expkd. Therefore, firms in
many countries feel tempted to use national rulgke absence of detailed
IAS/IFRS rules.

Vi) Another conclusion of this research is the urgestgrporting SME’s in the
implementation of these standards. In the prevahapter, the “disclosure
effect” had a meaning only for small capitalisatibrms. Maybe this
particular group of firms will need special attemtifrom the IASB in the
direction of simplifying some rules like recogniticand measurement
simplifications or introducing a stand-alone IFR® $MEs. The fact that
the transition to the new standards had an immedeitect to this

particular group in most countries is characteristi

7.3. Areas for future research

The author believes that this research study pesvidample scope for other

researchers’ projects to explore value relevancthdu The following are a few
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suggestions for future research:

)

ii)

Vi)

This research could be extended to cover more y@dmskwards and
forwards). Only then would it be possible for ae@sher to identify a
clear trend on how value relevance of accountirfgrimation changes
over time.

Moreover, more countries or group of countrieke(lEastern Europe)
could be included in order to identify key diffeoes or similarities of pre-
and post-IFRS financial reporting across countughin the European
Union.

In addition, researchers could look more closelyhmv scale effects
(market capitalisation) affect the value relevanoé accounting
information and make more comparisons across smaitlium, and large
capitalisation groups.

It would be equally important for researchers tsele whether IFRS
affected sectors within each country or across tmmdifferently. This
research shows that manufacturing firms were ifledti as
outliers/extremes in Germany. These firms wereréason that Germany
initially showed a decline in the value relevancé accounting
information.

Another interesting project would be to analyseher the issue of the
large number of German firms that adopted IFRSree?®05. This could
be done by examining the value relevance of eatbpters’ for pre- and
post-IFRS period financial reports and comparingnthwith enforced
adopters’ accounts for the same periods of time.

Another important future research would be to agpélistrom’s (2006)
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vii)

log model into this study. Preliminary results rate that this model adds
value to the value relevance literature althoughttteoretical framework
of it still remains to be validated. This study balso be extended by
analysing whether the research of Dontoh et aD42@r non-information
based trading could explain year-to-year declinetheé value relevance of
accounting data.

Last, but not least, this research could furthetuide qualitative research
in order to juxtapose these findings to prepararsl users’ views on the

effects of IFRS in the value relevance of accougntiriormation.
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9. APPENDIX — FIGURES & TABLES

9.1. Table 3 — Process of selecting the final sare@f firms
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UK

2003 2004 2005 2006 Final Sample
1 AcalPLC Acal PLC Acal PLC Acal PLC
2 Alexon Group PLC Alexon Group PLC Alexon Group PLC Alexon Group PLC
3  Baggeridge Brick PLC Baggeridge Brick PLC Baggeridge Brick PLC Baggeridge Brick PLC
4  BHP Billiton PLC BHP Billiton PLC BHP Billiton PLC BHP Billiton PLC
5 Boot (Henry) & Sons PLC Boot (Henry) & Sons PLC Boot (Henry) & Sons PLC Boot (Henry) & Sons PLC
6 Burren Energy PLC Burren Energy PLC Burren Energy PLC Burren Energy PLC
7  Chemring Group PLC Chemring Group PLC Chemring Group PLC Chemring Group PLC
g  Chorion PLC Chorion PLC Chloride Group PLC Chloride Group PLC
g9 Clarkson PLC Clarkson PLC Clarkson PLC Clarkson PLC
10 Comino Group PLC Comino Group PLC Communisis PLC Communisis PLC
11 Corin Group PLC Corin Group PLC Corin Group PLC Corin Group PLC
12  Cranwick PLC Cranswick PLC Cranswick PLC Cranswick PLC
13  Datamonitor PLC Datamonitor PLC Datamonitor PLC Daily Crest PLC
14  Domnick Hunter Group PLC Domnick Hunter Group PLC Domino Pizza UK & IRL PLC Domino Pizza UK & IRL PLC
15 Edinburgh Oil And Gas PLC Edinburgh Oil And Gas PLC Eleco PLC Eleco PLC
16 Electrocomponents PLC Electrocomponents PLC Electrocomponents PLC Electrocomponents PLC
17 Falkland Islands Holdings PLC Falkland Islands Holdings PLC Falkland Islands Holdings PLC Falkland Islands Holdings PLC
18 Game Group PLC Game Group PLC Game Group PLC Game Group PLC
19 Gibbs & Dandy PLC Gibbs & Dandy PLC Gibbs & Dandy PLC Gibbs & Dandy PLC
20 Heavitree Brewery PLC Heavitree Brewery PLC Heavitree Brewery PLC Heavitree Brewery PLC
21 ICM Computer Group PLC ICM Computer Group PLC ICM Computer Group PLC ICM Computer Group PLC
22 JJB Sports PLC JJB Sports PLC JJB Sports PLC JJB Sports PLC
23  Johnston Group PLC Johnston Group PLC Johnston Group PLC Johnston Group PLC
24  Lookers PLC Lookers PLC Lookers PLC Lookers PLC
25  Luminar PLC Luminar PLC Luminar PLC Luminar PLC
26 Marks & Spencer PLC Marks & Spencer PLC Marks & Spencer PLC Marks & Spencer PLC
27  Melrose Resources PLC Melrose Resources PLC Melrose Resources PLC Melrose PLC
28  Mitchells And Butlers PLC Mitchells And Butlers PLC Mitchells And Butlers PLC Mitchells And Butlers PLC
29  Molins PLC Molins PLC Molins PLC Molins PLC
30 Morrison (WM) Supermarkets PLC Morrison (WM) Supermarkets PLC Morrison (WM) Supermarkets PLC Morrison (WM) Supermarkets PLC
31 Mowlem PLC Mowlem PLC Moutchel Parkman PLC Moutchel Parkman PLC
32  MTL Instruments Group PLC MTL Instruments Group PLC MTL Instruments Group PLC MTL Instruments Group PLC
33 National Express Group PLC National Express Group PLC National Express Group PLC National Express Group PLC
34  Next Fifteen Communication PLC Next Fifteen Communication PLC Next Fifteen Communication PLC Next Fifteen Communication PLC
35 NextPLC Next PLC Next PLC Next PLC
36 Northgate PLC Northgate PLC Northgate PLC Northgate PLC
37 Partridge Fine Arts PLC Partridge Fine Arts PLC Pedragon PLC Pedragon PLC
38 Portmeirion Group PLC Portmeirion Group PLC Portmeirion Group PLC Portmeirion Group PLC
39 Rank (The) Group PLC Rank (The) Group PLC Rank (The) Group PLC Rank (The) Group PLC
40 Redrow PLC Redrow PLC Redrow PLC Redrow PLC
41 Ricardo PLC Ricardo PLC Ricardo PLC Ricardo PLC
42  Smith And Nephew PLC Smith And Nephew PLC Smith And Nephew PLC Smith And Nephew PLC
43  Smiths Group PLC Smiths Group PLC Smiths Group PLC Smiths Group PLC
44  Stanley Leisure PLC Stanley Leisure PLC Stanley Leisure PLC Spetrics PLC
45  Thorpe (FW) PLC Thorpe (FW) PLC Thorpe (FW) PLC Thorpe (FW) PLC
46  Topps Tiles PLC Topps Tiles PLC Topps Tiles PLC Topps Tiles PLC
47  Ultraframe PLC Ultraframe PLC Ultraframe PLC Umeco PLC
48 Umeco PLC Umeco PLC Umeco PLC Unilever PLC
49 Wembley PLC Wembley PLC Weir Group PLC Weir Group PLC
50 Wyevale Garden Centres PLC Wyevale Garden Centres PLC WSP Group PLC WSP Group PLC
Number of
non-
surviving 0 7 3 SUM = 10
firms

grey fill colour
red colour

companies replaced due to discontinued operations / unavailability of data

new companies selected following

the same steps
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NETHERLANDS

2003 2004 2005 2006 Final Sample
1  Aalberts Industries NV Aalberts Industries NV Aalberts Industries NV Aalberts Industries NV
2 Airspray NM Airspray NM AFC Ajax AFC Ajax
3 Akzo Nobel Akzo Nobel Akzo Nobel Akzo Nobel
4  Alanheri NV AM NV Alanheri NV Alanheri NV
5 Amsterdam Commodities NV Amsterdam Commodities NV AM NV Amsterdam Commodities NV
6 Arcadis Arcadis NV Amsterdam Commodities NV Arcadis NV
7  Athlon Holding NV Athlon Holding NV Arcadis NV Ballast Nedam NV
g Batenburg Beheer Ballast Nedam NV Ballast Nedam NV BAM Groep NV
9 Beter Bed Holding Beter Bed Holding Beter Bed Holding Beter Bed Holding
10 Boskalis Westminster NV Boskalis Westminster NV Blydenstein-Willink NV Boskalis Westminster NV
11 Brill (Koninklijke) Buhrmann NV Boskalis Westminster NV Cate (Koninklijke Ten)
Buhrmann NV Cate (Koninklijke Ten) Buhrmann NV Crown Van Gelder Gemeenten
12 BEZ
Cate (Koninklijke Ten) Crown Van Gelder Gemeenten Cate (Koninklijke Ten)
13 BEZ Crucell NV
Crown Van Gelder Gemeenten CSM NV Crown Van Gelder Gemeenten CSM NV
14 BEZ BEZ
15 Docdata DSM NV CSM NV Draka Holding NV
16 Econosto Koninklijke Eriks Group Econosto Koninkcilke Econosto Koninkcilke
17  Eriks Group Exact Holding Eriks Group Eriks Group
18 Fornix Biosciences Fornix Biosciences Exact Holding Exact Holding
19 Frans Maas Groep Koninklijke Fugro NV Fornix Biosciences Fornix Biosciences
20 Fugro NV Gamma Holding NV Fugro NV Fugro NV
21 Grolsch NV Grolsch NV Gamma Holding NV Gamma Holding NV
22 Grontmij NV Grontmij NV Grolsch NV Grolsch NV
23 Heineken NV Heijmans NV Grontmij NV Grontmij NV
24  Holland Colours NV Heineken Holding Heijmans NV Heijmans NV
25  ICT Automatisering Heineken NV Heineken Holding Heineken Holding
26 IHC Caland NV Holland Colours NV Heineken NV Heineken NV
27 Imtech NV ICT Automatisering Holland Colours NV Holland Colours NV
28 Laurus Imtech NV ICT Automatisering ICT Automatisering
29  Macintosh Confectie NV Innoconcepts NV Imtech NV Imtech NV
30 Nederlands Apparanfabriek NV Laurus Innoconcepts NV Innoconcepts NV
31 Nedschroef Holdings Koninklijke Nederlands Apparanfabriek NV Laurus Laurus
32 NV Twentsche Kabel Holding NV Twentsche Kabel Holding Nederlands Apparanfabriek NV Nederlands Apparanfabriek NV
33  Nyloplast Oce NV Nyloplast Nutreco NV
34 Oce NV OPG Groep NV Oce NV Nyloplast
35 Ordina Ordina OPG Groep NV Oce NV
36 Pink Roccade Randstad Holding NV Ordina OPG Groep NV
37 Randstad Holding NV Roto Smeets De Boer NV Randstad Holding NV Ordina
38 Reesink NV Royal P & O NV Roto Smeets De Boer NV Randstad Holding NV
39 Roto Smeets De Boer NV Schuitema NV Samas NV Reed Elsevier NV
40 Royal KPN Seagul Holding NV Schuitema NV Roto Smeets De Boer NV
41  Schuitema NV Sligro Food Group Seagull Holding Samas NV
42  Simac Techniek NV Smit International Sligro Food Group Schuitema NV
43  Sligro Food Group Stern Groep Smit International Sligro Food Group
44  Smit International Stork NV Stern Groep Stern Groep
45  Stern Groep Unit 4 Agresso Stork NV Stork NV
46  Stork NV United Services Group Unilever NV Unilever NV
47  TPG NV Vedior NV Unit 4 Agresso Unit 4 Angresso
48  Unit 4 Agresso VNU NV Vedior Vedior
49  United Services Group Vopak Koninklijke Vopak Koninklijke Vopak Koninklijke
50 VNUNV Wolters Kluwer NV Wolters Kluwer NV Wolters Kluwer NV
Number of
non-
surviving 14 7 5 SUM = 26
firms

grey fill colour
red colour

companies replaced due to discontinued operations / unavailability of data

new companies selected following

the same steps
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GERMANY

2003 2004 2005 2006 Final Sample
1 Ahlers AG Ahlers AG Ahlers AG Ahlers AG
2 BASF BASF Axel Springer Verlag AG Axel Springer Verlag AG
3  Behrens JOH Freidrich Beate Uhse AG BASF Aktiengesellschaft BASF Aktiengesellschaft
4  Berentzen-Gruppe Preference Berentzen-Gruppe Preference Beate Uhse AG Beate Uhse AG
5 Beru Beru Berentzen-Gruppe AG Berentzen-Gruppe AG
6 BHS Tabletop AG BHS Tabletop AG Beru AG Beru AG
7  Brau Und Brunnen Brau Und Brunnen BHS Tabletop AG BHS Tabletop AG
g Celesio Agency Celesio Agency Borussia Dortmund GMBH & CO. Borussia Dortmund GMBH & CO.
9 Custodia Holdings Custodia Holdings Celesio AG Celesio AG
10 Deutsche Steinzeug Deutsche Steinzeug Custodia Holding AG Creaton AG
Douglas Holding Douglas Holding Deutsche Steilzeug Cremer & Breuer Deutsche Steilzeug Cremer & Breuer
11 AG
12 Draegerwerk AG Draegerwerk AG Douglas Holding Aktiengesellschaft Douglas Holding Aktiengesellschaft
13 Edding AG Edding AG DR. ING. H.C.F. Porsche AG DR. ING. H.C.F. Porsche AG
14 Eisen & Huettenwerke Eisen & Huettenwerke Draegerwerk AG Draegerwerk AG
15 Friatec Friatec Edding AG Edding AG
16 Fuchs Petrolub AG Fuchs Petrolub AG Eisen und Huttenwerke Eisen und Huttenwerke
17  Graphitwerk Kropfmuehl Graphitwerk Kropfmuehl Fielmann AG Fielmann AG
18 Hermle Berthold AG Herlitz AG Fuchs Petrolub AG Fuchs Petrolub AG
19 Hoeft & Wessel AG Hoeft & Wessel AG Gerry Weber International AG Gerry Weber International AG
20 Hornbach-Baumarkt Hornbach-Baumarkt Graphit Kropfmuehl AG Graphit Kropfmuehl AG
21 Hymer Hymer Herlitz Aktiengesellschaft Herlitz Aktiengesellschaft
22  IWKA IWKA Hoeft & Wessel AG Hoeft & Wessel AG
23 J Deere-Lanz Verwaltung J Deere-Lanz Verwaltung Hornbach-Baumarkt-Aktiengesellschaft ~ Hornbach-Baumarkt-Aktiengesellsch.
24  K+S Aktiengesellschaft K+S Aktiengesellschaft Hymer AG Hymer AG
25 KWS Saat AG KWS Saat AG IWKA AG IWKA AG
Markt & Kuehlhallen Krones Aktiengesellschft J Deere-Lanz Verwaltung J Deere-Lanz Verwaltung
26 Hermann Kronse
27  Marseille-Kliniken Marseille-Kliniken K+S Aktiengesellschaft K+S Aktiengesellschaft
28 Max Holding Max Holding Krones Aktiengesellschft Hermann Krones Aktiengesellschft Hermann
29  Moebel Walther Moebel Walther KWS Saat AG KWS Saat AG
30 Moksel A AG Moksel A AG Markt-und Kuehlhallen AG Markt-und Kuehlhallen AG
31 M-Tech Technologie AG M-Tech Technologie AG Marseille-Kliniken Marseille-Kliniken
32  Norddeutsche Affinerie Norddeutsche Affinerie Moebel Walther Moebel Walther
33 Phoenix AG Phoenix AG M-Tech Technologie AG M-Tech Technologie AG
34 Porsche Porsche Norddeutsche Affinerie Norddeutsche Affinerie
35 Prosieben SAT 1 AG Prosieben SAT 1 AG Oelmuhle Hamburg AG Piper AG
36 Saint-Gobain Oberland Glas Saint-Gobain Oberland Glas Phoenix AG Prosieben SAT 1 AG
37 SCA Hygiene Products SCA Hygiene Products Prosieben SAT 1 AG SCA Hygiene Products
38  Schuler Preference Schuler Preference Saint-Gobail Oberland AG Schuler Preference
39 Sedimayr Simona AG SCA Hygiene Products Sektkellerei Schloss
40  Sektkellerei Schloss Sektkellerei Schloss Schuler Preference Simona AG
41  Sixt Sixt Sektkellerei Schloss Sixt AG
42  Springer Axel AG Springer Axel AG Simona AG Stoehr & Co AG
43  Stoehr & Company AG Sued Chemie Sixt AG Sued Chemie
44  Sudwestdeutsche Salzwerke Sudwestdeutsche Salzwerke Sued Chemie Sudwestdeutsche Salzwerke
45  Turbon AG VK Muehlen AG Sudwestdeutsche Salzwerke Triumph International
46  Walter Bau Walter AG VK Muehlen AG Tirbon AG
Wasgau Productions & Handel =~ Wasgau Productions & Handel Wasgau Productions & Handel AG VK Muehlen AG
47  AG AG
48 Weru Weru Weru AG Wasgau Productions & Handel AG
49 Westag & Getalit Westag & Getalit Westag & Getalit Westag & Getalit
50 WMF WMF WMF WMF
Number
of non-
surviving ’ 5 5 SUM =17
firms

grey fill colour
red colour

companies replaced due to discontinued operations / unavailability of data
new companies selected following the same steps
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FRANCE

2003 2004 2005 2006 Final Sample
1  Actielec Technologie Accor Accor Accor
Afone Afone Autoroutes Du Sud de la France SA - Air France-KLM
2 ASF
3 Augros CP Augros CP Bastide Confort Medical Bastide Confort Medical
4  Barbara BUI Bastide Confort Medical Boiron Boiron
5 BIC BIC Bollore Investissement SA Bollore Investissement SA
6 Billon Boiron Bouygues SA Bouygues SA
7  Boizel Chanoine Boizel Chanoine Casino Guichard-P Camaieu SA
g  Bricodeal Bouygues SA CDA-Compagnie Des Alpes Cegid
g Casino Guichard-P Casino Guichard-P Cegid CFF Recycling
10 CDA-Compagnie Des Alpes ~ CDA-Compagnie Des Alpes  CFF Recycling Dassault Aviation
11 Cegid Cegid Compagnie GL Geophysique Deveaux SA
12 CFF Recycling CFF Recycling Deveaux SA Docks des Petroles D'Ambes SA
Compagnie GL Compagnie GL Docks des Petroles D'Ambes SA Eiffage
13 Geophysique Geophysique
14 Dane-Elec Memory Dane-Elec Memory Financiere de L'Odet SA Financiere de L'Odet SA
15  Dynaction Dynaction Fininfo Fininfo
16 Exacompta Exacompta GL Trade GL Trade
17  Finuchem Fininfo Guyenne & Gascogne Groupe Go Sport
18 GL Trade GL Trade Hermes International SCA Guyenne & Gascogne
19 Guyenne & Gascogne Guyenne & Gascogne Hyparlo SA Hermes International SCA
20 HF Company HF Company Imerys SA Hyparlo SA
21  Hologram Industries Hyparlo SA Ipsos SA Imerys SA
22  Innelec Multimedia Innelec Multimedia L.D.C. SA Ipsos SA
23 Installux Installux Lagardere Groupe L.D.C. SA
24 Lagardere Groupe Lagardere Groupe Linedata Services Lagardere Groupe
o5 LDC SA LDC SA Maurel et Prom Linedata Services
26 LE Belier Linedata Services Medasys Digital System Maurel et Prom
27  Mecatherm Maurel et Prom Medidep Medasys Digital System
28 Medasys Digital System Medasys Digital System Neopost Neopost
29 | Media 6 Medidep Oberthur Card Systems SA Oberthur Card Systems SA
30 Naturex Neopost Oeneo Oeneo
31  Oberthur Card Systems SA Oberthur Card Systems SA Orpea SA Orpea SA
32 Onet Onet Pernod-Ricard Pernod-Ricard
33 Opera Construction Oeneo Peugeot SA. Peugeot SA.
34 Orpea Odet SA Plastic Omnium Plastic Omnium
PCAS PCAS Produits Chimiques Auxiliares et de Synt Produits Chimiques Auxiliares et de
35 Synt
36 Pernod-Ricard Pernod-Ricard Rocamat Quantel
37  Piscines Desjoyaux Piscines Desjoyaux S.A. Exacompta Clairefontaine S.A. Exacompta Clairefontaine
38 Plastic Omnium Plastic Omnium SA Rodriguez Group SA Rodriguez Group
39 Robertet Robertet Saint Gobain Saint Gobain
40 Rodriguez Group Rodriguez Group Sairp Composites Sairp Composites
41  Rougier Sabeton SA Siraga Siraga
42  Sagem Saga Smoby Smoby
43  Signaux Girod Signaux Girod Societe BIC Societe BIC
44  Skis Rossignol Skis Rossignol Sodexho Alliance SA Sodexho Alliance SA
45  Smoby Smoby Sopra Group Sopra Group
46  Sopra Group Sopra Group Tonnellerie Francois Freres SA Tonnellerie Francois Freres SA
47 Tonnel Francois Freres SA Tonnel Francois Freres SA Trigano Trigano
48  Trigano Trigano Trigano Trigano
49 Vicat Vicat Vicat Vicat
50 Worms & CIE Wendel Intestissement Inc Wendel Intestissement Inc Wendel Intestissement Inc
Number
of non-
surviving 13 16 6 SUM =35
firms

grey fill colour
red colour

companies replaced due to discontinued operations / unavailability of data

new companies selected following the

same steps
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9.2. SPSS — full table & statistics analysis
9.2.1. Individual country analysis
UK — 2003/2006 INCLUDING OUTLIERS/EXTREMES

Regression

Descriptive Statistics

Mean Std. Deviation N
usto_03 | 324.8864 221.71882 50
ubv_03 1.4666 1.18859 50
uea 03 .2248 .18778 50
dibv_03 .0000 .00000 50
dlea_03 .0000 .00000 50

Correlations

usto 03 ubv 03 uea 03 dibv_03 dlea 03
Pearson Correlation  usto_03 1.000 232 .688
ubv_03 .232 1.000 542
uea_03 .688 542 1.000 .
dibv_03 . . . 1.000 .
dlea 03 . . . . 1.000
Sig. (1-tailed) usto_03 . .053 .000 .000 .000
ubv_03 .053 . .000 .000 .000
uea_03 .000 .000 . .000 .000
dibv_03 .000 .000 .000 . .000
dlea_03 .000 .000 .000 .000 .
N usto_03 50 50 50 50 50
ubv_03 50 50 50 50 50
uea_03 50 50 50 50 50
dibv_03 50 50 50 50 50
dlea_03 50 50 50 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 uea_OS‘le
ubv_03

a. All requested variables entered.

Enter

b. Dependent Variable: usto_03

205



Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .7082 501 480 159.93474 501 23.585 2 47 .000
a. Predictors: (Constant), uea_03, ubv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1206584 2 603291.890 23.585 .0002
Residual 1202219 47 25579.123
Total 2408803 49
a. Predictors: (Constant), uea_03, ubv_03
b. Dependent Variable: usto_03
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) | 168.260 38.894 4.326 .000 90.015 246.505
ubv_03 -37.213 22.872 -199 -1.627 110 -83.226 8.801 232 -231 -.168 .706 1.416
uea_03 939.514 | 144.774 796 6.490 .000 648.267 1230.761 .688 .687 669 706 1.416
a. Dependent Variable: usto_03
Coefficient Correlation$
Model uea 03 ubv 03
1 Correlations  uea_03 1.000 -.542
ubv_03 -.542 1.000
Covariances uea_03 |20959.424 | -1794.484
ubv_03 |-1794.484 523.147

a. Dependent Variable: usto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 03 uea 03
1 1 2.579 1.000 .04 .04 .04
2 .239 3.285 .95 A3 .26
3 .182 3.762 .01 .83 .70

a. Dependent Variable: usto_03

Regression

206




Descriptive Statistics

Mean Std. Deviation N
usto_04 383.8410 267.85752 50
ubv_04 1.5274 1.15458 50
uea_04 .1890 .24929 50
dibv_04 .2766 1.01181 50
dlea_04 -.0280 .10388 50
Correlations
usto 04 ubv 04 uea 04 dibv_04 dlea 04
Pearson Correlation  usto_04 1.000 .194 .689 -.092 .140
ubv_04 .194 1.000 .000 574 -.365
uea_04 .689 .000 1.000 -.558 .656
dibv_04 -.092 574 -.558 1.000 -.756
dlea_04 .140 -.365 .656 -.756 1.000
Sig. (1-tailed) usto_04 . .089 .000 .263 167
ubv_04 .089 . 499 .000 .005
uea_04 .000 .499 . .000 .000
dibv_04 .263 .000 .000 . .000
dlea_04 .167 .005 .000 .000 .
N usto_04 50 50 50 50 50
ubv_04 50 50 50 50 50
uea 04 50 50 50 50 50
dibv_04 50 50 50 50 50
dlea_04 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_04,
ubv_04, Enter
uea_04,a
dibv_04
a. All requested variables entered.
b. Dependent Variable: usto_04
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8192 .670 .641 160.56306 .670 22.842 4 45 .000

a. Predictors: (Constant), dlea_04, ubv_04, uea_04, dlbv_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 2355513 4 588878.127 22.842 .0002
Residual 1160122 45 25780.495
Total 3515635 49
a. Predictors: (Constant), dlea_04, ubv_04, uea_04, dibv_04
b. Dependent Variable: usto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 146.871 43.552 3.372 .002 59.154 234.589
ubv_04 -30.108 27.639 -.130 -1.089 .282 -85.775 25.559 194 -.160 -.093 517 1.935
uea_04 1219.645 | 138.803 1.135 8.787 .000 940.081 1499.209 689 795 752 439 2.276
dibv_04 75.732 42515 286 1.781 082 -9.898 161.362 -.092 257 153 284 3.517
dlea_04 |-1124.865 | 375.541 -436 -2.995 004 -1881.243 -368.487 140 -.408 -.256 346 2.893
a. Dependent Variable: usto_04
Coefficient Correlation€
Model dlea 04 ubv 04 uea 04 dlbv 04
1 Correlations  dlea_04 1.000 .093 -.424 .456
ubv_04 .093 1.000 -.465 -.571
uea 04 -.424 -.465 1.000 .356
dibv_04 .456 -.571 .356 1.000
Covariances dlea_04 141030.8 963.985 -22076.9 | 7280.851
ubv_04 963.985 763.902 | -1783.300 -670.762
uea_04 -22076.9 | -1783.300 [19266.301 | 2102.808
dibv_04 7280.851 -670.762 | 2102.808 | 1807.537
a. Dependent Variable: usto_04
Collinearity Diagnostics
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | ubv 04 uea 04 dlbv_04 dlea 04
1 1 2.597 1.000 .03 .02 .00 .02 .02
2 1.853 1.184 .02 .00 .06 .03 .04
3 271 3.097 .25 .06 .03 .33 .34
4 167 3.939 A7 .01 .66 .01 .58
5 JA11 4.830 .24 .90 .24 .60 .01

a. Dependent Variable: usto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
usto_05 | 475.2502 327.97128 50
ubv_05 1.6242 1.11155 50
uea_05 .2598 .29183 50
dibv_05 .1962 .91263 50
dlea_05 -.0116 .04586 50

Correlations

usto 05 ubv_ 05 uea 05 dlbv_05 dlea 05

Pearson Correlation  usto_05 1.000 .393 724 .044 122
ubv_05 .393 1.000 .285 .539 -.289

uea_05 724 .285 1.000 -.323 .397

dibv_05 .044 .539 -.323 1.000 -.756

dlea_05 122 -.289 .397 -.756 1.000

Sig. (1-tailed) usto_05 . .002 .000 .381 .200
ubv_05 .002 . .023 .000 .021

uea_05 .000 .023 . .011 .002

dibv_05 .381 .000 .011 . .000

dlea_05 .200 .021 .002 .000 .

N usto_05 50 50 50 50 50
ubv_05 50 50 50 50 50

uea_05 50 50 50 50 50

dibv_05 50 50 50 50 50

dlea_05 50 50 50 50 50

Variables Entered/Removed

Model

Variables
Entered

Variables

Removed Method

1 dlea_|
ubv_05,
uea_05,a
dlbv_05

05,

Enter

a. All requested variables entered.

b. Dependent Variable: usto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .7832 .613 .578 212.94367 .613 17.809 4 45 .000
a. Predictors: (Constant), dlea_05, ubv_05, uea_05, dlbv_05
209




ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 3230168 4 807541.893 17.809 .0002
Residual 2040525 45 45345.007
Total 5270693 49
a. Predictors: (Constant), dlea_05, ubv_05, uea_05, dlbv_05
b. Dependent Variable: usto_05
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 226.066 59.758 3.783 .000 105.708 346.424
ubv_05 -7.525 39.909 -.026 -.189 851 -87.906 72.855 393 -.028 -017 470 2.126
uea_05 926.719 136.323 .825 6.798 .000 652.149 1201.288 724 712 631 .585 1.710
dibv_05 136.523 63.319 .380 2.156 .036 8.991 264.055 .044 .306 .200 277 3.609
dlea_05 529.346 | 1049.433 .074 504 616 -1584.321 2643.013 122 .075 .047 .399 2.503
a. Dependent Variable: usto_05
Coefficient Correlation$
Model dlea 05 ubv 05 uea 05 dlbv 05
1 Correlations  dlea_05 1.000 -.092 -.155 .633
ubv_05 -.092 1.000 -.552 -.594
uea_05 -.155 -.552 1.000 .353
dibv_05 .633 -.594 .353 1.000
Covariances dlea_05 1101310 | -3842.393 -22123.8 |42058.667
ubv_05 -3842.393 | 1592.717 | -3003.672 | -1501.925
uea 05 -22123.8 | -3003.672 (18584.074 | 3050.616
dibv_05 |42058.667 | -1501.925 | 3050.616 | 4009.342
a. Dependent Variable: usto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ ubv 05 uea 05 dlbv_ 05 | dlea 05
1 1 2.705 1.000 .03 .02 .02 .01 .02
2 1.690 1.265 .01 .00 .05 .05 .07
3 .288 3.066 31 .02 14 .27 .24
4 231 3.424 .15 .05 .54 .07 .56
5 .087 5.568 .50 91 .25 .60 A1

a. Dependent Variable: usto_05

Regression
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Descriptive Statistics

Mean Std. Deviation N
usto_06 | 517.6450 412.85574 50
ubv_06 1.6756 1.14514 50
uea_06 .3070 .29043 50
dibv_06 .0450 22770 50
dlea_06 -.0046 .02332 50
Correlations
usto 06 ubv 06 uea 06 dibv_06 dlea 06
Pearson Correlation  usto_06 1.000 521 .788 -.185 .198
ubv_06 521 1.000 496 -.088 .106
uea_06 .788 496 1.000 -.289 .296
dibv_06 -.185 -.088 -.289 1.000 -.910
dlea_06 .198 .106 .296 -.910 1.000
Sig. (1-tailed) usto_06 . .000 .000 .099 .084
ubv_06 .000 . .000 271 232
uea_06 .000 .000 . .021 .018
dibv_06 .099 271 .021 . .000
dlea_06 .084 232 .018 .000 .
N usto_06 50 50 50 50 50
ubv_06 50 50 50 50 50
uea_06 50 50 50 50 50
dibv_06 50 50 50 50 50
dlea_06 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_06,
ubv_06,
uea:OG,a Enter
dibv_06
a. All requested variables entered.
b. Dependent Variable: usto_06
Model Summary
Change Statistics
Adjusted | Std. Error of | R Square
Model R R Square | R Square | the Estimate | Change | F Change dfl df2 Sig. F Change |
1 .8032 .645 .613 256.69657 .645 20.438 4 45 .000

a. Predictors: (Constant), dlea_06, ubv_06, uea_06, dlbv_06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 5386852 4 | 1346713.071 20.438 .0002
Residual 2965191 45 65893.130
Total 8352043 49
a. Predictors: (Constant), dlea_06, ubv_06, uea_06, dlbv_06
b. Dependent Variable: usto_06
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) | 100.300 68.616 1.462 151 -37.899 238.499
ubv_06 61.391 36.965 170 1.661 .104 -13.061 135.842 521 240 148 750 1.332
uea_06 1014.917 151.906 714 6.681 .000 708.963 1320.872 .788 .706 .593 .691 1.447
dibv_06 77.322 388.674 .043 .199 .843 -705.507 860.151 -.185 .030 .018 172 5.824
dlea_06 126.186 | 3800.040 .007 .033 974 -7527.486 7779.859 .198 .005 .003 71 5.839
a. Dependent Variable: usto_06
Coefficient Correlation$
Model dlea 06 ubv 06 uea 06 dlbv 06
1 Correlations  dlea_06 1.000 -.024 -.061 .901
ubv_06 -.024 1.000 -.491 -.050
uea_06 -.061 -.491 1.000 .068
dibv_06 .901 -.050 .068 1.000
Covariances dlea_06 1E+007 | -3323.892 -35049.9 1330740
ubv_06 -3323.892 | 1366.412 | -2755.145 -719.706
uea_06 -35049.9 | -2755.145 |23075.444 | 4029.023
dibv_06 1330740 -719.706 | 4029.023 | 151067.3
a. Dependent Variable: usto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ ubv 06 uea 06 dibv_06 | dlea 06
1 1 2.631 1.000 .03 .03 .03 .00 .00
2 1.889 1.180 .00 .00 .01 .04 .04
3 .235 3.343 .46 .02 .78 .01 .01
4 .158 4.083 .50 .94 A7 .00 .00
5 .087 5.512 .00 .01 .00 .95 .95

a. Dependent Variable: usto_06

UK — EXCLUDING OUTLIERS 2003-2006
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Regression

Descriptive Statistics

Mean Std. Deviation N
usto_03 | 293.8367 161.10354 48
ubv_03 1.4885 1.20820 48
uea 03 .2065 .16782 48
dibv_03 .0000 .00000 48
dlea_03 .0000 .00000 48

Correlations

usto 03 ubv 03 uea 03 dibv_03 dlea 03

Pearson Correlation  usto_03 1.000 413 .569
ubv_03 413 1.000 673
uea_03 .569 .673 1.000 .
dibv_03 1.000 .
dlea_03 . . . . 1.000

Sig. (1-tailed) usto_03 . .002 .000 .000 .000
ubv_03 .002 . .000 .000 .000
uea_03 .000 .000 . .000 .000
dibv_03 .000 .000 .000 . .000
dlea_03 .000 .000 .000 .000 .

N usto_03 48 48 48 48 48
ubv_03 48 48 48 48 48
uea_03 48 48 48 48 48
dibv_03 48 48 48 48 48
dlea_03 48 48 48 48 48

Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 uea_03
ubv:OSa Enter
a. All requested variables entered.
b. Dependent Variable: usto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 5712 .325 .296 135.22122 .325 10.857 2 45 .000

a. Predictors: (Constant), uea_03, ubv_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 397039.5 2 198519.728 10.857 .0002
Residual 822815.0 45 18284.777
Total 1219854 47

a. Predictors: (Constant), uea_03, ubv_03
b. Dependent Variable: usto_03

Coefficients

Unstandardized Btandardized
Coefficients __ |Coefficients o Confidence Interval fg Correlations ollinearity Statistic
Mode B Btd. Erronl  Beta t Sig. _|ower Boundpper Boun¢ero-ordel Partial Part [olerancg VIF
1 (Constar.77.527 | 32.952 5387 | .000| 111.158 | 243.896
ubv_03 | 7.201 | 22.073 054 | .326| .746| -37.256 | 51.658| .413| .049| .040| .547| 1.828
uea_03 11.439 [158.911 533 | 3218 | .002| 191.377 | 831.502| 569 | .433| .394| 547 | 1.828
a.Dependent Variable: usto_03
Coefficient Correlation$
Model uea 03 ubv 03
1 Correlations  uea_03 1.000 -.673
ubv_03 -.673 1.000
Covariances uea_03 |25252.587 | -2360.794
ubv_03 |-2360.794 487.216
a. Dependent Variable: usto_03
Collinearity Diagnostic$
Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 03 uea 03
1 1 2.621 1.000 .04 .03 .03
2 .251 3.235 .96 13 14
3 .128 4.520 .00 .84 .84
a. Dependent Variable: usto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_04 346.5590 196.81511 48
ubv_04 1.5581 1.16789 48
uea_04 .1690 .22821 48
dibv_04 .2881 1.03147 48
dlea 04 -.0292 .10591 48
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Correlations

usto 04 ubv 04 uea 04 dibv_04 dlea 04
Pearson Correlation  usto_04 1.000 .403 .617 -.074 141
ubv_04 .403 1.000 .067 .573 -.361
uea_04 .617 .067 1.000 -.598 .708
dibv_04 -.074 .573 -.598 1.000 -.755
dlea_04 141 -.361 .708 -.755 1.000
Sig. (1-tailed) usto_04 ) .002 .000 .309 170
ubv_04 .002 . .326 .000 .006
uea_04 .000 .326 . .000 .000
dibv_04 .309 .000 .000 . .000
dlea_04 .170 .006 .000 .000 .
N usto_04 48 48 48 48 48
ubv_04 48 48 48 48 48
uea_04 48 48 48 48 48
dibv_04 48 48 48 48 48
dlea_04 48 48 48 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_04,
ubv_04, Enter
uea_04,
dibv_04
a. All requested variables entered.
b. Dependent Variable: usto_04
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7642 .584 .545 132.77834 .584 15.067 4 43 .000
a. Predictors: (Constant), dlea_04, ubv_04, uea_04, dlbv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1062507 4 265626.754 15.067 .0002
Residual 758093.7 43 17630.087
Total 1820601 47

a. Predictors: (Constant), dlea_04, ubv_04, uea_04, dibv_04
b. Dependent Variable: usto_04
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Coefficient8

Unstandardized Standardized
Coefficients Coefficients 5% Confidence Interval for Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound |Upper Bound [Zero-order | Partial Part _ |Tolerance VIF
1 (Constant)| 144.739 36.148 4.004 .000 71.840 217.638
ubv_04 17.474 26.745 .104 .653 517 -36.462 71.410 .403 .099 .064 .384 2.601
uea_04 853.360 | 158.969 .990 5.368 .000 532.769 1173.951 617 .633 .528 .285 3.509
dibv_04 28.472 37.905 149 751 457 -47.971 104.915 -.074 114 .074 .245 4.075
dlea_04 |-761.411 | 330.313 -.410 -2.305 .026 -1427.550 -95.271 141 -.332 -.227 .307 3.262
a. Dependent Variable: usto_04
Coefficient Correlation$
Model dlea 04 ubv 04 uea 04 dlbv 04
1 Correlations  dlea_04 1.000 .251 -.523 .270
ubv_04 .251 1.000 -.646 -.646
uea_04 -.523 -.646 1.000 497
dibv_04 .270 -.646 497 1.000
Covariances dlea_04 109106.6 | 2219.513 -27467.9 | 3385.593
ubv_04 2219.513 715.294 | -2746.397 -655.398
uea 04 -27467.9 | -2746.397 (25271.104 | 2996.133
dibv_04 3385.593 -655.398 | 2996.133 | 1436.801
a. Dependent Variable: usto_04
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | ubv 04 uea 04 | dlbv 04 | dlea 04
1 1 2.597 1.000 .03 .02 .00 .02 .02
2 1.898 1.170 .02 .00 .04 .02 .04
3 .275 3.071 .28 .05 .02 .28 .27
4 .154 4.104 .64 .04 .23 .13 .58
5 .075 5.865 .03 .89 .70 .55 .10
a. Dependent Variable: usto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_05 436.9921 272.88738 48
ubv_05 1.6288 1.13048 48
uea 05 .2302 .25442 48
dlbv_05 .2044 .93093 48
dlea_05 -.0121 .04677 48
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Correlations

usto 05 ubv_ 05 uea 05 dlbv_05 dlea 05
Pearson Correlation  usto_05 1.000 .504 .614 .086 113
ubv_05 .504 1.000 .361 541 -.289
uea_05 .614 .361 1.000 -.352 435
dibv_05 .086 541 -.352 1.000 -.755
dlea_05 113 -.289 435 -.755 1.000
Sig. (1-tailed) usto_05 ) .000 .000 .282 223
ubv_05 .000 . .006 .000 .023
uea_05 .000 .006 . .007 .001
dibv_05 .282 .000 .007 . .000
dlea_05 .223 .023 .001 .000 .
N usto_05 48 48 48 48 48
ubv_05 48 48 48 48 48
uea_05 48 48 48 48 48
dibv_05 48 48 48 48 48
dlea_05 48 48 48 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_05,
ubv_05, Enter
uea_05,
dibv_05
a. All requested variables entered.
b. Dependent Variable: usto_05
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .7042 495 .448 202.70122 .495 10.546 4 43 .000
a. Predictors: (Constant), dlea_05, ubv_05, uea_05, dlbv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1733199 4 433299.712 10.546 .0002
Residual 1766775 43 41087.785
Total 3499974 47

a. Predictors: (Constant), dlea_05, ubv_05, uea_05, dlbv_05

b. Dependent Variable: usto_05
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) | 217.814 57.188 3.809 .000 102.484 333.145
ubv_05 33.760 43.606 1140 774 443 -54.180 121.700 504 117 084 1360 2.780
uea_05 667.725 | 176.852 623 3.776 .000 311.070 1024.380 614 499 409 432 2.316
dibv_05 95.719 63.853 327 1.499 141 -33.052 224.490 086 223 1162 247 4.042
dlea_05 752.044 | 1003.654 129 749 458 -1272.017 2776.104 113 114 081 397 2.520
a. Dependent Variable: usto_05
Coefficient Correlation$
Model dlea 05 ubv_ 05 uea 05 dlbv_05
1 Correlations  dlea_05 1.000 -.034 -.178 .564
ubv_05 -.034 1.000 -.683 -.651
uea_05 -.178 -.683 1.000 467
dibv_05 .564 -.651 467 1.000
Covariances dlea_05 1007321 | -1471.167 -31632.7 (36128.396
ubv_05 -1471.167 1901.479 | -5267.112 | -1812.117
uea 05 -31632.7 | -5267.112 (31276.520 | 5271.835
dibv_05 |36128.396 | -1812.117 | 5271.835 | 4077.148
a. Dependent Variable: usto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ ubv 05 uea 05 dlbv_05 | dlea 05
1 1 2.719 1.000 .03 .01 .01 .01 .01
2 1.712 1.260 .01 .00 .04 .04 .07
3 .293 3.049 31 .03 .07 .23 .25
4 .207 3.621 .28 .01 .38 .09 .62
5 .069 6.276 37 .95 .50 .62 .04
a. Dependent Variable: usto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_06 473.7344 358.33513 48
ubv_06 1.6692 1.15738 48
uea_06 .2765 .24875 48
dibv_06 .0469 .23230 48
dlea 06 -.0048 .02379 48
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Correlations

usto 06 ubv 06 uea 06 dlbv_06 dlea 06
Pearson Correlation  usto_06 1.000 .605 717 -.193 .208
ubv_06 .605 1.000 .607 -.088 .106
uea_06 717 .607 1.000 -.320 .328
dibv_06 -.193 -.088 -.320 1.000 -.909
dlea_06 .208 .106 .328 -.909 1.000
Sig. (1-tailed) usto_06 ) .000 .000 .094 .078
ubv_06 .000 . .000 276 237
uea_06 .000 .000 . .013 .011
dibv_06 .094 276 .013 . .000
dlea_06 .078 237 .011 .000 .
N usto_06 48 48 48 48 48
ubv_06 48 48 48 48 48
uea_06 48 48 48 48 48
dibv_06 48 48 48 48 48
dlea_06 48 48 48 48 48

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

1 dlea_06,
ubv_06,
uea_06,a1
dlbv_06

Enter

a. All requested variables entered.

b. Dependent Variable: usto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7482 .560 .519 248.49976 .560 13.682 4 43 .000
a. Predictors: (Constant), dlea_06, ubv_06, uea_06, dlbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3379649 4 844912.362 13.682 .0002
Residual 2655342 43 61752.130
Total 6034991 47

a. Predictors: (Constant), dlea_06, ubv_06, uea_06, dlbv_06
b. Dependent Variable: usto_06
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 113.301 66.679 1.699 .097 -21.172 247.773
ubv_06 83.087 39.787 .268 2.088 .043 2.850 163.325 .605 .303 211 .620 1.614
uea_06 800.532 195.135 .556 4.102 .000 407.005 1194.060 717 .530 415 .558 1.793
dibv_06 49.732 376.733 .032 132 .896 -710.021 809.486 -.193 .020 .013 172 5.829
dlea_06 395.966 | 3681.610 .026 .108 915 -7028.709 7820.641 .208 .016 .011 A71 5.838
a. Dependent Variable: usto_06
Coefficient Correlation$
Model dlea 06 ubv 06 uea 06 dibv 06
1 Correlations  dlea_06 1.000 -.005 -.072 .897
ubv_06 -.005 1.000 -.611 -.067
uea_06 -.072 -.611 1.000 .084
dibv_06 .897 -.067 .084 1.000
Covariances dlea_06 1E+007 -745.413 -51486.7 1244443
ubv_06 -745.413 | 1582.982 | -4742.472 -999.165
uea 06 -51486.7 | -4742.472 |38077.784 | 6168.955
dibv_06 1244443 -999.165 | 6168.955 141927.5
a. Dependent Variable: usto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ ubv_06 uea 06 dlbv 06 | dlea 06
1 1 2.668 1.000 .03 .02 .03 .00 .00
2 1.898 1.185 .00 .00 .01 .04 .04
3 .216 3.512 .82 .02 .39 .01 .01
4 131 4.510 14 .94 57 .00 .01
5 .087 5.552 .00 .01 .00 .95 .94

a. Dependent Variable: usto_06

NETHERLANDS 2003/2006

Regression

Descriptive Statistics

Mean Std. Deviation N
nsto_03 14.7198 8.72358 50
nbv_03 8.6418 7.94925 50
nea_03 .9196 1.41273 50
dibv_03 .8068 2.72349 50
dlea_03 -.1792 .69025 50
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Correlations

nsto 03 nbv 03 nea 03 dlbv 03 dlea 03
Pearson Correlation  nsto_03 1.000 571 423 -.043 -.042
nbv_03 571 1.000 .357 .045 -.067
nea_03 423 357 1.000 -.703 .695
dibv_03 -.043 .045 -.703 1.000 -.958
dlea 03 -.042 -.067 .695 -.958 1.000
Sig. (1-tailed) nsto_03 . .000 .001 .384 .385
nbv_03 .000 . .005 379 322
nea_03 .001 .005 . .000 .000
dibv_03 .384 379 .000 . .000
dlea 03 .385 322 .000 .000 .
N nsto_03 50 50 50 50 50
nbv_03 50 50 50 50 50
nea_03 50 50 50 50 50
dibv_03 50 50 50 50 50
dlea 03 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_03,
nbv_03, Enter
nea_OS,a
dlbv_03
a. All requested variables entered.
b. Dependent Variable: nsto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7082 501 457 6.42843 501 11.309 4 45 .000
a. Predictors: (Constant), dlea_03, nbv_03, nea_03, dlbv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1869.328 4 467.332 11.309 .0002
Residual 1859.610 45 41.325
Total 3728.938 49

a. Predictors: (Constant), dlea_03, nbv_03, nea_03, dibv_03
b. Dependent Variable: nsto_03
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 7.725 1.530 5.049 ,000 4.643 10.806
nbv_03 .359 .140 327 2.559 .014 .076 641 571 .356 .269 .680 1.471
nea_03 3.517 1.110 570 3.169 .003 1.282 5.752 423 427 334 .343 2.914
dlbv_03 -2.164 1.197 -676 -1.808 077 -4574 247 -.043 -.260 -.190 079 12.596
dlea_03 -13.438 4732 -1.063 -2.840 007 -22.968 -3.908 -.042 -390 -.299 079 12.647
a. Dependent Variable: nsto_03
Coefficient Correlations$
Model dlea 03 nbv 03 nea 03 dlbv 03
1 Correlations  dlea_03 1.000 .169 -.179 .897
nbv_03 .169 1.000 -.560 -.042
nea_03 -.179 -.560 1.000 175
dibv_03 .897 -.042 175 1.000
Covariances dlea_03 22.387 112 -.940 5.078
nbv_03 112 .020 -.087 -.007
nea_03 -.940 -.087 1.231 232
dibv_03 5.078 -.007 232 1.432
a. Dependent Variable: nsto_03
Collinearity Diagnostics
Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) | nbv 03 nea 03 dlbv_03 dlea 03
1 1 2.376 1.000 .04 .03 .00 .01 .01
2 2.178 1.045 .02 .02 .04 .01 .01
3 .263 3.007 g7 .48 .01 .00 .00
4 145 4,050 15 A7 .94 .04 .04
5 .039 7.846 .02 .01 .00 .95 .95
a. Dependent Variable: nsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_04 17.9540 9.84679 50
nbv_04 9.0224 8.23854 50
nea_04 .9702 1.13099 50
dibv_04 .6072 2.38292 50
dlea 04 -.1268 43894 50
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Correlations

nsto 04 nbv 04 nea 04 dibv_04 dlea 04
Pearson Correlation  nsto_04 1.000 .644 .835 -.234 .326
nbv_04 .644 1.000 .634 .024 .094
nea_04 .835 .634 1.000 -.5630 .674
dibv_04 -.234 .024 -.5630 1.000 -.716
dlea_04 .326 .094 674 -.716 1.000
Sig. (1-tailed) nsto_04 ) .000 .000 .051 .010
nbv_04 .000 . .000 435 .258
nea_04 .000 .000 . .000 .000
dibv_04 .051 435 .000 . .000
dlea_04 .010 .258 .000 .000 .
N nsto_04 50 50 50 50 50
nbv_04 50 50 50 50 50
nea_04 50 50 50 50 50
dibv_04 50 50 50 50 50
dlea_04 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_04,
nbv_04,
dlbv_04, Enter
nea_04
a. All requested variables entered.
b. Dependent Variable: nsto_04
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9002 .811 794 4.46921 .811 48.215 4 45 .000
a. Predictors: (Constant), dlea_04, nbv_04, dlbv_04, nea_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3852.180 4 963.045 48.215 .0002
Residual 898.822 45 19.974
Total 4751.003 49

a. Predictors: (Constant), dlea_04, nbv_04, dibv_04, nea_04
b. Dependent Variable: nsto_04
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 7.027 1.130 6.216 000 4.750 9.303
nbv_04 -152 130 -128 -1.170 248 -415 110 644 -172 -.076 354 2.829
nea_04 11.084 1.274 1.273 8.701 .000 8.518 13.650 835 792 564 1196 5.003
dibv_04 602 407 146 1.478 146 -218 1.422 -234 215 096 433 2.310
dlea_04 -9.332 2.612 -416 3573 001 -14.594 -4.071 326 -470 -232 310 3.225
a. Dependent Variable: nsto_04
Coefficient Correlation$
Model dlea 04 nbv 04 dlbv 04 nea 04
1 Correlations  dlea_04 1.000 .393 372 -.589
nbv_04 .393 1.000 -.322 -.798
dibv_04 372 -.322 1.000 310
nea_04 -.589 -.798 310 1.000
Covariances dlea_04 6.824 134 .396 -1.961
nbv_04 134 .017 -.017 -.133
dibv_04 .396 -.017 .166 161
nea_04 -1.961 -.133 161 1.623
a. Dependent Variable: nsto_04
Collinearity Diagnostics
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | nbv 04 nea 04 dibv 04 dlea 04
1 1 2.503 1.000 .04 .02 .01 .00 .00
2 1.903 1.147 .00 .00 .01 .09 .07
3 313 2.828 .33 .06 .01 A7 .15
4 217 3.396 43 .16 .00 .36 .38
5 .064 6.257 .20 .76 97 .08 .40
a. Dependent Variable: nsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_05 24.7642 12.48141 50
nbv_05 9.4500 7.64998 50
nea_05 1.1330 1.41621 50
dlbv_05 .8890 3.64662 50
dlea_05 -.1856 .67643 50
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Correlations

nsto 05 nbv_ 05 nea 05 dlbv_05 dlea 05
Pearson Correlation  nsto_05 1.000 .638 672 .014 .216
nbv_05 .638 1.000 .406 .198 -.068
nea_05 .672 .406 1.000 -.613 .738
dibv_05 .014 .198 -.613 1.000 -.799
dlea_05 .216 -.068 .738 -.799 1.000
Sig. (1-tailed) nsto_05 ) .000 .000 461 .066
nbv_05 .000 . .002 .084 .320
nea_05 .000 .002 . .000 .000
dibv_05 461 .084 .000 . .000
dlea_05 .066 .320 .000 .000 .
N nsto_05 50 50 50 50 50
nbv_05 50 50 50 50 50
nea_05 50 50 50 50 50
dibv_05 50 50 50 50 50
dlea_05 50 50 50 50 50

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

1 dlea_05,
nbv_05,
dibv_05,
nea_05

Enter

a. All requested variables entered.

b. Dependent Variable: nsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8682 .753 731 6.47494 .753 34.269 4 45 .000
a. Predictors: (Constant), dlea_05, nbv_05, dlbv_05, nea_05
ANOVAP
Sum of
Model Squares df Mean Square Sig.
1 Regression 5746.874 4 1436.719 34.269 .0002
Residual 1886.617 45 41.925
Total 7633.492 49

a. Predictors: (Constant), dlea_05, nbv_05, dlbv_05, nea_05

b. Dependent Variable: nsto_05
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.671 1.693 6.304 .000 7.262 14.081
nbv_05 .143 178 .088 .805 425 -215 .502 .638 119 .060 461 2.170
nea_05 9.389 1.384 1.065 6.786 .000 6.602 12.175 672 711 .503 223 4.488
dibv_05 1.891 457 .552 4.134 .000 .969 2.812 .014 .525 .306 .308 3.250
dlea_05 -2.262 2.821 -.123 -.802 427 -7.945 3.421 .216 -.119 -.059 .235 4.257
a. Dependent Variable: nsto_05
Coefficient Correlation$
Model dlea 05 nbv 05 dibv 05 nea 05
1 Correlations  dlea_05 1.000 .323 446 -.577
nbv_05 .323 1.000 -.380 -.713
dibv_05 446 -.380 1.000 .308
nea_05 -577 -.713 .308 1.000
Covariances dlea_05 7.961 162 576 -2.253
nbv_05 .162 .032 -.031 -.176
dibv_05 576 -.031 .209 195
nea_05 -2.253 -.176 195 1.914
a. Dependent Variable: nsto_05
Collinearity Diagnostics
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | nbv 05 nea 05 dibv 05 dlea 05
1 1 2.469 1.000 .04 .03 .01 .01 .01
2 2.035 1.101 .00 .00 .02 .05 .04
3 .264 3.059 .50 .13 .02 .24 .08
4 .158 3.954 .29 .20 .00 .64 44
5 .075 5.750 .16 .64 .95 .07 43
a. Dependent Variable: nsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_06 28.3308 15.08275 50
nbv_06 10.4632 7.92054 50
nea_06 1.5630 1.19214 50
dibv_06 .2350 1.19553 50
dlea_06 -.0456 .22672 50
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Correlations

nsto 06 nbv_06 nea 06 dlbv_06 dlea 06
Pearson Correlation  nsto_06 1.000 .588 .860 -.175 .188
nbv_06 .588 1.000 .535 -.108 121
nea_06 .860 .535 1.000 -.452 467
dibv_06 -.175 -.108 -.452 1.000 -.955
dlea_06 .188 21 467 -.955 1.000
Sig. (1-tailed) nsto_06 ) .000 .000 112 .096
nbv_06 .000 . .000 .228 .201
nea_06 .000 .000 . .000 .000
dibv_06 112 .228 .000 . .000
dlea_06 .096 .201 .000 .000 .
N nsto_06 50 50 50 50 50
nbv_06 50 50 50 50 50
nea_06 50 50 50 50 50
dibv_06 50 50 50 50 50
dlea_06 50 50 50 50 50

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

1 dlea_06,
nbv_06,
nea_06,a1
dlbv_06

Enter

a. All requested variables entered.

b. Dependent Variable: nsto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9012 .811 794 6.84208 .811 48.278 4 45 .000
a. Predictors: (Constant), dlea_06, nbv_06, nea_06, dlbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 9040.348 4 2260.087 48.278 .0002
Residual 2106.631 45 46.814
Total 11146.979 49

a. Predictors: (Constant), dlea_06, nbv_06, nea_06, dlbv_06
b. Dependent Variable: nsto_06

227




Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 6.979 1.927 3.622 .001 3.099 10.860
nbv_06 .252 .148 132 1.697 .097 -.047 .551 .588 .245 110 .691 1.448
nea_06 11.480 1.108 .907 10.365 .000 9.249 13.711 .860 .840 672 .548 1.825
dibv_06 1.271 2.749 101 462 .646 -4.267 6.808 -.175 .069 .030 .088 11.308
dlea_06 -10.385 14.611 -.156 -711 481 -39.813 19.044 .188 -.105 -.046 .087 11.486
a. Dependent Variable: nsto_06
Coefficient Correlation$
Model dlea 06 nbv 06 nea 06 dlbv_06
1 Correlations  dlea_06 1.000 .016 -.120 941
nbv_06 .016 1.000 -.546 -.045
nea_06 -.120 -.546 1.000 .045
dibv_06 941 -.045 .045 1.000
Covariances dlea_06 213.490 .034 -1.948 37.795
nbv_06 .034 .022 -.090 -.018
nea_06 -1.948 -.090 1.227 .136
dibv_06 37.795 -.018 .136 7.559
a. Dependent Variable: nsto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ nbv_06 nea 06 dlbv_ 06 | dlea 06
1 1 2.650 1.000 .03 .03 .02 .00 .00
2 1.982 1.156 .00 .00 .01 .02 .02
3 193 3.703 .68 .61 .00 .00 .00
4 131 4.497 .29 .35 97 .01 .01
5 .043 7.815 .01 .00 .00 .97 .97

a. Dependent Variable: nsto_06

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_03 52.7004 110.48893 50
gbv_03 22.0412 36.29014 50
gea_03 4.0908 12.88508 50
dlbv_03 .6370 2.39468 50
dlea_03 -.0300 .10906 50
Correlations
gsto 03 gbv 03 gea 03 dibv_03 dlea 03
Pearson Correlation  gsto_03 1.000 755 .937 -.101 .109
gbv_03 .755 1.000 .534 -.094 118
gea_03 .937 .534 1.000 -.093 .098
dlbv_03 -.101 -.094 -.093 1.000 -.726
dlea_03 .109 118 .098 -.726 1.000
Sig. (1-tailed) gsto_03 . .000 .000 .243 225
gbv_03 .000 . .000 .258 .208
gea_03 .000 .000 . .260 .249
dlbv_03 .243 .258 .260 . .000
dlea_03 .225 .208 .249 .000 .
N gsto_03 50 50 50 50 50
gbv_03 50 50 50 50 50
gea_03 50 50 50 50 50
dibv_03 50 50 50 50 50
dlea_03 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_03,
ea_03,
gbv:03,a Enter
dibv_03
a. All requested variables entered.
b. Dependent Variable: gsto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9842 .968 .966 20.48884 .968 344.987 4 45 .000

a. Predictors: (Constant), dlea_03, gea_03, gbv_03, dlbv_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 579291.8 4 144822.941 344.987 .0002
Residual 18890.661 45 419.792
Total 598182.4 49

a. Predictors: (Constant), dlea_03, gea_03, gbv_03, dibv_03
b. Dependent Variable: gsto_03

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 2.365 3.563 .664 510 -4.811 9.541
gbv_03 1.090 .096 .358 11.389 .000 .897 1.282 .755 .862 .302 711 1.407
gea_03 6.397 .269 .746 23.778 .000 5.855 6.938 .937 .962 .630 .713 1.402
dlbv_03 -.243 1.778 -.005 -.137 .892 -3.823 3.337 -.101 -.020 -.004 473 2.115
dlea_03 -10.226 39.117 -.010 -.261 795 -89.012 68.559 .109 -.039 -.007 471 2.124
a. Dependent Variable: gsto_03
Coefficient Correlations
Model dlea 03 gea 03 gbv 03 dlbv 03
1 Correlations  dlea_03 1.000 -.008 -.057 722
gea_03 -.008 1.000 -.528 .029
gbv_03 -.057 -.528 1.000 -.005
dibv_03 722 .029 -.005 1.000
Covariances dlea 03 1530.127 -.084 -.213 50.231
gea_03 -.084 072 -.014 .014
gbv_03 -.213 -.014 .009 -.001
dibv_03 50.231 .014 -.001 3.160
a. Dependent Variable: gsto_03
Collinearity Diagnostics
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | gbv 03 gea 03 dibv 03 dlea 03
1 1 2.130 1.000 .08 .06 .05 .04 .03
2 1.652 1.135 .01 .06 .08 .08 .08
3 .623 1.849 57 .00 41 .02 .02
4 341 2.500 .33 .87 46 .02 .00
5 .254 2.896 .01 .02 .01 .84 .87

a. Dependent Variable: gsto_03

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_04 59.3006 123.48312 50
gbv_04 23.6836 37.78323 50
gea_04 3.1374 6.94366 50
dibv_04 .5204 1.77496 50
dlea_04 -.1256 .51957 50

Correlations

gsto 04 gbv 04 gea 04 dibv_04 dlea 04

Pearson Correlation  gsto_04 1.000 743 .945 -.134 111
gbv_04 .743 1.000 .703 -.136 126

gea_04 .945 .703 1.000 -.181 191

dibv_04 -.134 -.136 -.181 1.000 -.534

dlea_04 111 126 191 -.534 1.000

Sig. (1-tailed) gsto_04 . .000 .000 176 221
gbv_04 .000 . .000 A72 191

gea_04 .000 .000 . 105 .092

dibv_04 176 172 .105 . .000

dlea_04 221 191 .092 .000 .

N gsto_04 50 50 50 50 50
gbv_04 50 50 50 50 50

gea_04 50 50 50 50 50

dibv_04 50 50 50 50 50

dlea_04 50 50 50 50 50

Variables Entered/Removed

Model En

Variables

Variables

tered Removed Method

1 dlea_04,
gbv_04,
dibv_04,
gea_04

Enter

a. All requested variables entered.

b. Dependent Variable: gsto_04

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9544 911 .903 38.49944 911 114.771 4 45 .000
a. Predictors: (Constant), dlea_04, gbv_04, dlbv_04, gea_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 680456.7 4 170114.177 114.771 .0002
Residual 66699.303 45 1482.207
Total 747156.0 49
a. Predictors: (Constant), dlea_04, gbv_04, dibv_04, gea_04
b. Dependent Variable: gsto_04
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) -2.260 6.837 -.331 742 -16.032 11.511
gbv_04 502 205 154 2.449 018 .089 914 743 343 1109 505 1.981
gea_04 15.138 1.128 851 13.423 .000 12.867 17.409 945 895 598 493 2.027
dibv_04 275 3.683 .004 .075 941 -7.143 7.693 -.134 .011 .003 .708 1.413
dlea_04 -16.258 12.606 -.068 -1.290 .204 -41.648 9.132 111 -.189 -.057 .705 1.418
a. Dependent Variable: gsto_04
Coefficient Correlation$
Model dlea 04 gbv 04 dlbv 04 gea 04
1 Correlations  dlea_04 1.000 .022 .518 -.097
gbv_04 .022 1.000 .023 -.695
dibv_04 518 .023 1.000 .052
gea_04 -.097 -.695 .052 1.000
Covariances dlea 04 158.917 .056 24.043 -1.372
gbv_04 .056 .042 .017 -.161
dibv_04 24.043 .017 13.564 217
gea_04 -1.372 -.161 217 1.272
a. Dependent Variable: gsto_04
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | gbv 04 gea 04 [ dlbv 04 | dlea 04
1 1 2.206 1.000 .08 .06 .05 .01 .01
2 1.626 1.165 .00 .01 .03 .16 17
3 .515 2.070 .80 .03 14 .01 .16
4 432 2.260 .04 .00 .01 .81 .66
5 222 3.155 .07 .90 g7 .00 .01

a. Dependent Variable: gsto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_05 70.1900 145.71484 50
gbv_05 26.9884 47.58470 50
gea_05 3.4358 7.63328 50
dibv_05 4240 1.60013 50
dlea_05 -.1422 47868 50
Correlations

gsto 05 gbv 05 gea 05 dlbv_05 dlea 05

Pearson Correlation  gsto_05 1.000 .626 .909 -111 .130

gbv_05 .626 1.000 .639 -.117 .149

gea_05 .909 .639 1.000 -.165 .205

dibv_05 -111 -.117 -.165 1.000 -.609

dlea_05 .130 .149 .205 -.609 1.000

Sig. (1-tailed) gsto_05 . .000 .000 222 .185

gbv_05 .000 . .000 .209 151

gea_05 .000 .000 . 126 077

dibv_05 222 .209 126 . .000

dlea_05 .185 151 .077 .000 .

N gsto_05 50 50 50 50 50

gbv_05 50 50 50 50 50

gea_05 50 50 50 50 50

dibv_05 50 50 50 50 50

dlea_05 50 50 50 50 50

Variables Entered/Removed

Model En

Variables

Variables

tered Removed Method

1 dlea_05,
gbv_05,
dibv_05,
gea_05

Enter

a. All requested variables entered.

b. Dependent Variable: gsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9132 .833 .818 62.16711 .833 56.051 4 45 .000
a. Predictors: (Constant), dlea_05, gbv_05, dlbv_05, gea_05
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 866494.2 4 216623.544 56.051 .0002
Residual 173913.7 45 3864.750
Total 1040408 49
a. Predictors: (Constant), dlea_05, gbv_05, dlbv_05, gea_05
b. Dependent Variable: gsto_05
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIFE
1 (Constant) 3.845 10.869 .354 725 -18.047 25.737
gbv_05 239 243 078 987 329 -.249 728 626 146 060 592 1.690
gea_05 16.638 1.529 872 10.880 .000 13.558 19.718 909 851 663 579 1.727
dibv_05 794 7.004 .009 113 910 -13.313 14.901 -111 .017 .007 .628 1.592
dlea_05 -16.769 23.596 -.055 -711 481 -64.294 30.755 1130 -.105 -.043 618 1.617
a. Dependent Variable: gsto_05
Coefficient Correlation$
Model dlea 05 gbv 05 dlbv_05 gea 05
1 Correlations  dlea_05 1.000 -.018 .595 -.093
gbv_05 -.018 1.000 .002 -.628
dlbv_05 .595 .002 1.000 .039
gea_05 -.093 -.628 .039 1.000
Covariances dlea_05 556.773 -.103 98.374 -3.340
gbv_05 -.103 .059 .003 -.233
dlbv_05 98.374 .003 49.055 419
gea_05 -3.340 -.233 419 2.338
a. Dependent Variable: gsto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | gbv 05 gea 05 [ dlbv 05 | dlea 05
1 1 2.162 1.000 .09 .06 .06 .02 .02
2 1.679 1.135 .00 .02 .04 13 13
3 .519 2.040 .85 .05 .15 A2 .01
4 .359 2.455 .03 .00 .00 .73 .84
5 .281 2.772 .03 .86 .75 .00 .00

a. Dependent Variable: gsto_05

Regression

234




Descriptive Statistics

Mean Std. Deviation N
gsto_06 90.1688 220.25735 50
gbv_06 32.0518 54.98381 50
gea_06 4.9770 11.22886 50
dibv_06 .5076 1.75665 50
dlea_06 -.0414 14224 50
Correlations

gsto 06 gbv 06 gea 06 dibv_06 dlea 06

Pearson Correlation  gsto_06 1.000 .654 776 -.114 116

gbv_06 .654 1.000 .840 -.137 151

gea_06 776 .840 1.000 -.140 .145

dibv_06 -.114 -.137 -.140 1.000 -.618

dlea_06 116 151 .145 -.618 1.000

Sig. (1-tailed) gsto_06 . .000 .000 216 212

gbv_06 .000 . .000 A71 .148

gea_06 .000 .000 . 167 157

dibv_06 .216 A71 167 . .000

dlea_06 212 .148 157 .000 .

N gsto_06 50 50 50 50 50

gbv_06 50 50 50 50 50

gea_06 50 50 50 50 50

dibv_06 50 50 50 50 50

dlea_06 50 50 50 50 50

Variables Entered/Removed

Model

Variables
Entered

Variables

Removed Method

1 dlea_06,
gea_06,
dibv_06,
gbv_06

Enter

a. All requested variables entered.

b. Dependent Variable: gsto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7762 .603 .567 144.86430 .603 17.069 4 45 .000

a. Predictors: (Constant), dlea_06, gea_06, dlbv_06, gbv_06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 1432797 4 358199.166 17.069 .0002
Residual 944355.0 45 20985.666
Total 2377152 49
a. Predictors: (Constant), dlea_06, gea_06, dibv_06, gbv_06
b. Dependent Variable: gsto_06
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIFE
1 (Constant) 14.380 25.360 567 574 -36.698 65.459
gbv_06 032 1694 008 046 964 -1.365 1.429 654 .007 004 294 3.397
gea_06 15.084 3.396 769 4.442 .000 8.245 21.924 776 552 417 295 3.395
dibv_06 -.693 15.015 -.006 -.046 .963 -30.934 29.548 -.114 -.007 -.004 .616 1.624
dlea_06 -1.143 | 185.719 -.001 -.006 995 -375.199 372.914 116 -.001 -.001 614 1.629
a. Dependent Variable: gsto_06
Coefficient Correlation$
Model dlea 06 gea 06 dlbv_06 gbv 06
1 Correlations  dlea_06 1.000 -.010 .609 -.038
gea_06 -.010 1.000 .030 -.835
dibv_06 .609 .030 1.000 .006
gbv_06 -.038 -.835 .006 1.000
Covariances dlea_06 |34491.434 -6.037 | 1699.069 -4.958
gea_06 -6.037 11.531 1.536 -1.968
dibv_06 1699.069 1.536 225.441 .063
gbv_06 -4.958 -1.968 .063 481
a. Dependent Variable: gsto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ gbv 06 gea 06 dibv_06 | dlea 06
1 1 2.285 1.000 .07 .03 .03 .01 .01
2 1.688 1.163 .00 .01 .02 13 .13
3 .550 2.038 .85 .02 .06 .05 .04
4 .352 2.548 .00 .00 .00 .80 .81
5 125 4.283 .07 .94 .89 .00 .00

a. Dependent Variable: gsto_06

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_03 25.7885 25.58458 41
gbv_03 13.2461 11.77731 41
gea_03 1.4832 1.71807 41
Inbv_03 2.2427 .84165 41
Inea_03 -.2804 1.32479 41

Correlations

gsto 03 gbv 03 gea 03 Inbv_03 Inea 03
Pearson Correlation  gsto_03 1.000 .838 .857 731 .679
gbv_03 .838 1.000 795 910 .665
gea_03 .857 795 1.000 725 .800
Inbv_03 731 910 725 1.000 .702
Inea_03 .679 .665 .800 .702 1.000
Sig. (1-tailed) gsto_03 . .000 .000 .000 .000
gbv_03 .000 . .000 .000 .000
gea_03 .000 .000 . .000 .000
Inbv_03 .000 .000 .000 . .000
Inea_03 .000 .000 .000 .000 .
N gsto_03 41 41 41 41 41
gbv_03 41 41 41 41 41
gea_03 41 41 41 41 41
Inbv_03 41 41 41 41 41
Inea_03 41 41 41 41 41
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 Inea_03,
bv 03,
gea:03,a Enter
Inbv_03
a. All requested variables entered.
b. Dependent Variable: gsto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8982 .807 .786 11.84197 .807 37.678 4 36 .000

a. Predictors: (Constant), Inea_03, gbv_03, gea_03, Inbv_03

237




ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |21134.462 4 5283.616 37.678 .0002
Residual 5048.361 36 140.232
Total 26182.823 40
a. Predictors: (Constant), Inea_03, gbv_03, gea_03, Inbv_03
b. Dependent Variable: gsto_03
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 9.959 10.109 1985 331 10.542 30.461
gbv_03 1.296 452 .596 2.864 .007 .378 2.213 .838 431 210 124 8.095
gea_03 7.765 2.312 521 3.359 .002 3.077 12.453 .857 .488 246 222 4.500
Inbv_03 -5.736 5.815 -.189 -.986 331 17.529 6.058 731 -162 -072 146 6.832
Inea_03 -.045 2.562 -.002 -018 986 -5.241 5.151 679 -.003 -.001 304 3.285
a. Dependent Variable: gsto_03
Coefficient Correlation€
Model Inea 03 gbv 03 gea 03 Inbv 03
1 Correlations  Inea_03 1.000 272 -.629 -.386
gbv_03 272 1.000 -.525 -.814
gea_03 -.629 -.525 1.000 .238
Inbv_03 -.386 -.814 .238 1.000
Covariances Inea_03 6.563 .315 -3.724 -5.746
gbv_03 .315 .205 -.549 -2.140
gea_03 -3.724 -.549 5.344 3.196
Inbv_03 -5.746 -2.140 3.196 33.813
a. Dependent Variable: gsto_03
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ gbv 03 gea 03 Inbv_03 | Inea 03
1 1 3.515 1.000 .00 .00 .01 .00 .00
2 1.254 1.675 .00 .00 .01 .00 A7
3 122 5.371 .09 .15 .08 .01 .48
4 .099 5.955 .00 14 N .02 A1
5 .010 18.467 .90 71 14 .98 .23

a. Dependent Variable: gsto_03

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_04 27.4789 27.05094 46
gbv_04 13.7054 12.63793 46
gea_04 1.4700 2.00351 46
dibv_04 .5657 1.84509 46
dlea_04 -.1365 .54076 46

Correlations

gsto 04 gbv 04 gea 04 dibv_04 dlea 04

Pearson Correlation  gsto_04 1.000 .889 .834 -.273 .228
gbv_04 .889 1.000 794 -.180 191

gea_04 .834 794 1.000 -.395 AT7

dibv_04 -.273 -.180 -.395 1.000 -.531

dlea_04 .228 191 AT7 -.531 1.000

Sig. (1-tailed) gsto_04 . .000 .000 .033 .064
gbv_04 .000 . .000 116 102

gea_04 .000 .000 . .003 .000

dibv_04 .033 116 .003 . .000

dlea_04 .064 .102 .000 .000 .

N gsto_04 46 46 46 46 46
gbv_04 46 46 46 46 46

gea_04 46 46 46 46 46

dibv_04 46 46 46 46 46

dlea_04 46 46 46 46 46

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

dlea_04,
gbv_04,
dibv_04,
gea_04

Enter

a. All requested variables entered.

b. Dependent Variable: gsto_04

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9184 .842 .827 11.26444 .842 54.628 4 41 .000

a. Predictors: (Constant), dlea_04, gbv_04, dlbv_04, gea_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |27726.507 4 6931.627 54.628 .0002
Residual 5202.390 41 126.888
Total 32928.897 45
a. Predictors: (Constant), dlea_04, gbv_04, dibv_04, gea_04
b. Dependent Variable: gsto_04
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 2.361 2.648 .892 .378 -2.985 7.708
gbv_04 1.247 235 582 5.312 .000 773 1.721 889 639 1330 321 3.120
gea_04 5.349 1.676 396 3.191 003 1.963 8.734 834 446 198 1250 4.000
dibv_04 -1.026 1.100 -.070 -.932 357 -3.248 1.197 -273 -144 -.058 684 1.462
dlea_04 -5.484 4.070 -.110 -1.347 .185 -13.704 2.736 .228 -.206 -.084 .582 1.718
a. Dependent Variable: gsto_04
Coefficient Correlation$
Model dlea 04 gbv 04 dlbv 04 gea 04
1 Correlations  dlea_04 1.000 .284 375 -.422
gbv_04 .284 1.000 -.106 -.815
dibv_04 375 -.106 1.000 .196
gea_04 -.422 -.815 .196 1.000
Covariances dlea 04 16.567 271 1.679 -2.881
gbv_04 271 .055 -.027 -.321
dibv_04 1.679 -.027 1.211 .361
gea_04 -2.881 -.321 .361 2.810
a. Dependent Variable: gsto_04
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | gbv 04 gea 04 dibv 04 | dlea 04
1 1 2.500 1.000 .05 .02 .02 .00 .00
2 1.699 1.213 .00 .00 .01 .15 .14
3 434 2.399 .00 .00 .00 .76 .58
4 .285 2.959 91 .05 .08 .06 12
5 .082 5.534 .04 .92 .89 .02 .16

a. Dependent Variable: gsto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_05 33.0254 32.04593 46
gbv_05 15.2335 14.25430 46
gea_05 1.7187 2.24925 46
dibv_05 .4609 1.66452 46
dlea_05 -.1546 49754 46

Correlations

gsto 05 gbv 05 gea 05 dlbv_05 dlea 05

Pearson Correlation  gsto_05 1.000 .906 915 -.198 .250
gbv_05 .906 1.000 .846 =177 .258

gea_05 .915 .846 1.000 -.370 486

dlbv_05 -.198 =177 -.370 1.000 -.606

dlea_05 .250 .258 486 -.606 1.000

Sig. (1-tailed) gsto_05 . .000 .000 .093 .047
gbv_05 .000 . .000 120 .041

gea_05 .000 .000 . .006 .000

dlbv_05 .093 120 .006 . .000

dlea_05 .047 .041 .000 .000 .

N gsto_05 46 46 46 46 46
gbv_05 46 46 46 46 46

gea_05 46 46 46 46 46

dlbv_05 46 46 46 46 46

dlea_05 46 46 46 46 46

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

dlea_05,
gbv_05,
dibv_05,
gea_05

Enter

a. All requested variables entered.

b. Dependent Variable: gsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9602 921 .914 9.42132 921 119.909 4 41 .000

a. Predictors: (Constant), dlea_05, gbv_05, dlbv_05, gea_05
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |42573.163 4 10643.291 119.909 .0002
Residual 3639.211 41 88.761
Total 46212.374 45
a. Predictors: (Constant), dlea_05, gbv_05, dlbv_05, gea_05
b. Dependent Variable: gsto_05
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 1.599 2.228 718 477 -2.901 6.099
gbv_05 .820 .197 .365 4.159 .000 422 1.218 .906 545 1182 .250 4.006
gea_05 9.924 1.389 .697 7.145 .000 7.119 12.729 915 745 313 .202 4.948
dibv_05 387 1.076 1020 360 721 -1.785 2.560 -.198 .056 016 615 1.625
dlea_05 -10.993 3.892 -171 -2.824 .007 -18.854 -3.133 .250 -.404 -.124 526 1.901
a. Dependent Variable: gsto_05
Coefficient Correlation$
Model dlea 05 gbv 05 dlbv 05 gea 05
1 Correlations  dlea_05 1.000 224 479 -.370
gbv_05 224 1.000 -.128 -.856
dlbv_05 479 -.128 1.000 .166
gea_05 -.370 -.856 .166 1.000
Covariances dlea_05 15.149 172 2.004 -1.999
gbv_05 172 .039 -.027 -.234
dlbv_05 2.004 -.027 1.157 247
gea_05 -1.999 -.234 247 1.929
a. Dependent Variable: gsto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) [ gbv 05 gea 05 dlbv 05 | dlea 05
1 1 2.534 1.000 .05 .02 .02 .00 .00
2 1.751 1.203 .00 .00 .01 14 12
3 .382 2.576 12 .00 .01 .81 .38
4 .270 3.065 .80 .04 .05 .03 .39
5 .064 6.308 .03 .94 91 .02 A1

a. Dependent Variable: gsto_05

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_06 36.5013 35.56258 46
gbv_06 17.7885 15.88167 46
gea_06 2.4500 2.56398 46
dibv_06 .5517 1.82626 46
dlea_06 -.0450 14787 46

Correlations

gsto 06 gbv 06 gea 06 dibv_06 dlea 06
Pearson Correlation  gsto_06 1.000 .896 .765 -.270 .281
gbv_06 .896 1.000 .786 -.220 .267
gea_06 .765 .786 1.000 -.336 .360
dlbv_06 -.270 -.220 -.336 1.000 -.615
dlea_06 .281 .267 .360 -.615 1.000
Sig. (1-tailed) gsto_06 . .000 .000 .035 .029
gbv_06 .000 . .000 .071 .036
gea_06 .000 .000 . 011 .007
dlbv_06 .035 .071 .011 . .000
dlea_06 .029 .036 .007 .000 .
N gsto_06 46 46 46 46 46
gbv_06 46 46 46 46 46
gea_06 46 46 46 46 46
dlbv_06 46 46 46 46 46
dlea_06 46 46 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_06,
bv 06,
glb\/__OGa Enter
gea_06
a. All requested variables entered.
b. Dependent Variable: gsto_06
Model Summary
Change Statistics
Adjusted | Std. Error of | R Square
Model R R Square | R Square |the Estimate | Change |F Change dfl df2 Sig. F Change |
1 .9032 .815 797 16.00463 .815 45.295 4 41 .000

a. Predictors: (Constant), dlea_06, gbv_06, dlbv_06, gea_06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |46409.289 4 11602.322 45.295 .0002
Residual 10502.074 41 256.148
Total 56911.363 45
a. Predictors: (Constant), dlea_06, gbv_06, dlbv_06, gea_06
b. Dependent Variable: gsto_06
Coefficients
Unstandardized tandardize(i
Coefficients  [Coefficients| Confidence Interval fi Correlations pllinearity Statistig
Mode B btd. Erro Beta t Sig. jower Boun{pper Bounfero-orde| Partial | Part [olerancg VIF
1 (Constal 1.338 | 3.985 336 | .739| -6.711 9.386
gbv_06| 1.745| .244 779 | 7.155| .000 1.252 2.237 .896 | .745| .480| .379| 2.635
gea 06| 1.892 | 1.576 136 | 1.201| .237| -1.290 5.074 765 | .184| .081| .349| 2.867
dibv_06( -1.197 | 1.682 -061 | -712| .480| -4.593 2199 | -270| -111| -048| .604 | 1.657
dlea_06( -3.345 | 20.919 -014 | -160| .874| -45.591| 38.901 281 | -025| -011| .595| 1.681
a.Dependent Variable: gsto_06
Coefficient Correlation$
Model dlea 06 gbv 06 dlbv_06 gea 06
1 Correlations  dlea_06 1.000 -.017 .562 -.120
gbv_06 -.017 1.000 -.072 -.768
dibv_06 .562 -.072 1.000 .155
gea_06 -.120 -.768 155 1.000
Covariances dlea_06 437.587 -.086 19.765 -3.945
gbv_06 -.086 .059 -.030 -.295
dibv_06 19.765 -.030 2.828 410
gea_06 -3.945 -.295 410 2.482
a. Dependent Variable: gsto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | gbv 06 gea 06 [ dlbv 06 | dlea 06
1 1 2.631 1.000 .04 .02 .02 .01 .01
2 1.666 1.257 .00 .00 .01 14 14
3 .353 2.729 .01 .00 .00 .82 71
4 .252 3.234 .93 .07 A1 .02 .13
5 .097 5.200 .01 91 .86 .02 .00

a. Dependent Variable: gsto_06

244




FRANCE 2003/2006 INCLUDING OUTLIERS/EXTREMES

Regression

Descriptive Statistics

Mean Std. Deviation N
fsto_03 44,4960 64.71097 50
fbv_03 28.5592 45.16815 50
fea_03 3.2650 4.80163 50
dibv_03 .1638 .75805 50
dlea_03 -.0054 .02533 50

Correlations

fsto 03 fov_03 fea 03 dibv_03 dlea 03
Pearson Correlation  fsto_03 1.000 .809 .962 -.134 .136
fbv_03 .809 1.000 .896 -.122 122
fea_03 .962 .896 1.000 -.155 153
dibv_03 -.134 -.122 -.155 1.000 -.875
dlea_03 .136 122 .153 -.875 1.000
Sig. (1-tailed) fsto_03 ) .000 .000 A77 174
fbv_03 .000 . .000 .200 .199
fea_03 .000 .000 . 142 144
dibv_03 177 .200 142 . .000
dlea_03 174 .199 144 .000 .
N fsto_03 50 50 50 50 50
fbv_03 50 50 50 50 50
fea_03 50 50 50 50 50
dibv_03 50 50 50 50 50
dlea_03 50 50 50 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 dlea_03,
fbv_03,
dibv_03,
fea_03

a. All requested variables entered.

Enter

b. Dependent Variable: fsto_03
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9692 .940 .934 16.57071 .940 175.564 4 45 .000
a. Predictors: (Constant), dlea_03, fov_03, dlbv_03, fea_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 192831.5 4 48207.877 175.564 .0002
Residual 12356.486 45 274.589
Total 205188.0 49
a. Predictors: (Constant), dlea_03, fov_03, dlbv_03, fea_03
b. Dependent Variable: fsto_03
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 2.170 2.953 .735 .466 -3.776 8.117
fov_03 -.387 118 -.270 -3.280 .002 -.625 -.149 .809 -.439 -.120 .197 5.075
fea_03 16.267 1.116 1.207 14.576 .000 14.019 18.515 .962 .908 533 .195 5.124
dibv_03 2.089 6.446 024 324 747 -10.894 15.073 -134 048 012 235 4.261
dlea_03 12.743 | 192.844 .005 .066 948 -375.664 401.150 136 010 002 235 4.258
a. Dependent Variable: fsto_03
Coefficient Correlation$
Model dlea 03 fov 03 dlbv 03 fea 03
1 Correlations  dlea_03 1.000 .003 .871 -.020
fov_03 .003 1.000 -.016 -.894
dibv_03 871 -.016 1.000 .034
fea_03 -.020 -.894 .034 1.000
Covariances dlea_03 |37188.679 .075 | 1083.169 -4.261
fov_03 .075 .014 -.012 -.118
dibv_03 1083.169 -.012 41.555 .241
fea_03 -4.261 -.118 241 1.246

a. Dependent Variable: fsto_03
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Collinearity Diagnostiés

Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 03 fea 03 dlbv_03 | dlea 03
1 1 2.420 1.000 .07 .02 .02 .00 .00
2 1.880 1.135 .00 .00 .00 .05 .05
3 .508 2.182 .92 .04 .02 .01 .01
4 .120 4.494 .00 .00 .00 .93 .94
5 .072 5.808 .01 .94 .95 .00 .00
a. Dependent Variable: fsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_04 53.3320 74.21944 50
fbv_04 30.1792 47.84843 50
fea_04 3.0666 4.83295 50
dibv_04 .5634 4.06248 50
dlea_04 -.1252 .62651 50
Correlations
fsto 04 fov_04 fea 04 dibv_04 dlea 04
Pearson Correlation  fsto_04 1.000 .795 941 .028 .066
fbv_04 .795 1.000 .829 -.003 .078
fea_04 .941 .829 1.000 -.167 .264
dibv_04 .028 -.003 -.167 1.000 -571
dlea_04 .066 .078 .264 -571 1.000
Sig. (1-tailed) fsto_04 ) .000 .000 422 324
fbv_04 .000 . .000 493 .296
fea_04 .000 .000 . 123 .032
dibv_04 422 493 123 . .000
dlea_04 .324 .296 .032 .000 .
N fsto_04 50 50 50 50 50
fbv_04 50 50 50 50 50
fea_04 50 50 50 50 50
dibv_04 50 50 50 50 50
dlea_04 50 50 50 50 50
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Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

dlea_04,
fov_04,
dibv_04,
fea_04

Enter

a. All requested variables entered.
b. Dependent Variable: fsto_04

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9662 .933 927 20.03055 .933 156.934 4 45 .000
a. Predictors: (Constant), dlea_04, fov_04, dlbv_04, fea_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 251862.7 4 62965.673 156.934 .0002
Residual 18055.026 45 401.223
Total 269917.7 49
a. Predictors: (Constant), dlea_04, fov_04, dlbv_04, fea_04
b. Dependent Variable: fsto_04
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 3.564 3.548 1.005 320 -3.582 10.709
fov_04 -.110 112 -.071 -.982 332 -.335 115 .795 -.145 -.038 .286 3.496
fea_04 16.229 1.143 1.057 14.197 .000 13.927 18.531 941 .904 547 .268 3.727
dibv_04 2.353 865 129 2.720 009 610 4.095 028 376 1105 663 1.508
dlea_04 -15.872 5.758 -134 -2.757 008 -27.468 -4.275 066 -380 -.106 1629 1.589

a. Dependent Variable: fsto_04
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Coefficient Correlation€

Model dlea 04 fov 04 dlbv 04 fea 04
1 Correlations  dlea_04 1.000 .156 .523 -.242
fbv_04 .156 1.000 -.127 -.843
dibv_04 .523 -.127 1.000 118
fea_04 -.242 -.843 118 1.000
Covariances dlea 04 33.152 .100 2.604 -1.592
fbv_04 .100 .013 -.012 -.108
dibv_04 2.604 -.012 748 117
fea_04 -1.592 -.108 A17 1.307

a. Dependent Variable: fsto_04

Collinearity Diagnostics

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov_04 fea 04 dlbv_04 dlea 04
1 1 2.331 1.000 .07 .03 .03 .00 .00
2 1.629 1.196 .00 .00 .01 .18 .18
3 .540 2.078 72 .05 .03 21 .03
4 .395 2.429 19 .02 .00 .59 .73
5 .105 4.707 .02 .90 .94 .02 .06
a. Dependent Variable: fsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_05 71.2290 104.14441 50
fbv_05 40.6282 70.63590 50
fea_05 4.0380 6.42557 50
dibv_05 .6316 3.62725 50
dlea_05 -.0566 .32679 50
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Correlations

fsto 05 fov_05 fea 05 dlbv_05 dlea 05
Pearson Correlation  fsto_05 1.000 .821 .869 -.012 .010
fbv_05 .821 1.000 776 -.049 .049
fea_05 .869 776 1.000 -.164 .163
dibv_05 -.012 -.049 -.164 1.000 -.995
dlea_05 .010 .049 .163 -.995 1.000
Sig. (1-tailed) fsto_05 ) .000 .000 468 471
fbv_05 .000 . .000 .367 .368
fea_05 .000 .000 . .128 128
dibv_05 .468 .367 .128 . .000
dlea_05 471 .368 .128 .000 .
N fsto_05 50 50 50 50 50
fbv_05 50 50 50 50 50
fea_05 50 50 50 50 50
dibv_05 50 50 50 50 50
dlea_05 50 50 50 50 50

Variables Entered/Removed

Model

Variables
Entered

Variables
Removed

Method

1 dlea_05,
fbv_05,
fea_05, a
dibv_05

Enter

a. All requested variables entered.

b. Dependent Variable: fsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9062 .821 .805 46.01466 .821 51.500 4 45 .000
a. Predictors: (Constant), dlea_05, fbv_05, fea_05, dlbv_05
ANOVAP
Sum of
Model Squares df Mean Square Sig.
1 Regression 436176.1 4 109044.029 51.500 .0002
Residual 95280.719 45 2117.349
Total 531456.8 49

a. Predictors: (Constant), dlea_05, fbv_05, fea_05, dlbv_05
b. Dependent Variable: fsto_05
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 8.095 7.956 1.018 .314 -7.928 24.119
fbv_05 514 .149 .348 3.455 .001 214 .813 .821 .458 .218 .392 2.554
fea_05 9.987 1.655 .616 6.034 .000 6.653 13.321 .869 .669 .381 .382 2.618
dibv_05 -1.072 18.900 -.037 -.057 .955 -39.137 36.994 -.012 -.008 -.004 .009 108.758
dlea_05 -46.072 209.763 -.145 -.220 .827 -468.556 376.412 .010 -.033 -.014 .009 108.745
a. Dependent Variable: fsto_05
Coefficient Correlation$
Model dlea 05 fbv_05 fea 05 dibv 05
1 Correlations  dlea_05 1.000 .006 -.007 .995
fbv_05 .006 1.000 =779 -.006
fea_05 -.007 =779 1.000 .012
dibv_05 .995 -.006 .012 1.000
Covariances dlea_05 |44000.389 .196 -2.588 | 3945.341
fbv_05 .196 .022 -.192 -.017
fea_05 -2.588 -.192 2.740 .379
dibv_05 3945.341 -.017 379 357.192
a. Dependent Variable: fsto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 05 fea 05 | dlbv 05 | dlea 05
1 1 2.315 1.000 .07 .04 .03 .00 .00
2 1.978 1.082 .00 .01 .01 .00 .00
3 .545 2.061 .90 .09 .04 .00 .00
4 157 3.834 .02 .86 91 .00 .00
5 .004 22.756 .00 .00 .00 1.00 1.00
a. Dependent Variable: fsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_06 78.7562 105.78080 50
fov_06 45.4568 82.13782 50
fea_06 4.0824 10.28106 50
dibv_06 2.1086 9.81331 50
dlea_06 -.6612 3.99999 50
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Correlations

fsto 06 fov_06 fea 06 dlbv_06 dlea 06
Pearson Correlation  fsto_06 1.000 .801 .696 -.072 .054
fbv_06 .801 1.000 729 .004 -.025
fea_06 .696 729 1.000 -.473 467
dibv_06 -.072 .004 -.473 1.000 -.956
dlea_06 .054 -.025 467 -.956 1.000
Sig. (1-tailed) fsto_06 ) .000 .000 .310 .354
fbv_06 .000 . .000 490 431
fea_06 .000 .000 . .000 .000
dibv_06 .310 490 .000 . .000
dlea_06 .354 431 .000 .000 .
N fsto_06 50 50 50 50 50
fbv_06 50 50 50 50 50
fea_06 50 50 50 50 50
dibv_06 50 50 50 50 50
dlea_06 50 50 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea_06,
fbv_06,
fea_ 06, ) Enter
dibv_06
a. All requested variables entered.
b. Dependent Variable: fsto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8202 672 .642 63.25030 672 23.013 4 45 .000
a. Predictors: (Constant), dlea_06, fbv_06, fea_06, dlbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 368262.3 4 92065.578 23.013 .0002
Residual 180027.0 45 4000.601
Total 548289.3 49

a. Predictors: (Constant), dlea_06, fov_06, fea_06, dlbv_06
b. Dependent Variable: fsto_06
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Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 30.736 10.648 2.886 .006 9.289 52.183
fbv_06 723 .202 .561 3.587 .001 317 1.129 .801 472 .306 .298 3.357
fea_06 3.352 1.826 .326 1.836 .073 -.325 7.029 .696 .264 157 232 4.315
dibv_06 .017 3.167 .002 .005 .996 -6.362 6.396 -.072 .001 .000 .085 11.830
dlea_06 -2.175 7.922 -.082 -.275 .785 -18.131 13.782 .054 -.041 -.023 .081 12.299
a. Dependent Variable: fsto_06
Coefficient Correlation$
Model dlea 06 fov_06 fea 06 dlbv_06
1 Correlations  dlea_06 1.000 215 -.210 915
fbv_06 215 1.000 -.837 -.031
fea_06 -.210 -.837 1.000 .083
dibv_06 915 -.031 .083 1.000
Covariances dlea_06 62.762 .344 -3.038 22.947
fov_06 344 .041 -.308 -.020
fea_06 -3.038 -.308 3.333 478
dibv_06 22.947 -.020 478 10.030
a. Dependent Variable: fsto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 06 fea 06 dibv 06 [ dlea 06
1 1 2.218 1.000 .00 .01 .03 .01 .01
2 2.051 1.040 .09 .04 .01 .01 .01
3 579 1.957 .87 .06 .03 .00 .00
4 110 4.492 .00 .87 .92 .04 .01
5 .041 7.312 .03 .02 .01 .94 .97

a. Dependent Variable: fsto_06

Regression
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Descriptive Statistics

Mean Std. Deviation N
fsto_03 30.8457 23.58114 46
fov_03 18.4702 17.77167 46
fea 03 2.2576 2.12467 46
dibv03 .1780 .78938 46
dlea03 -.0059 .02638 46

Correlations

fsto 03 fov 03 fea 03 dibv03 dlea03
Pearson Correlation  fsto_03 1.000 .698 .827 -.250 .258
fbv_03 .698 1.000 .893 -.193 .195
fea_03 .827 .893 1.000 -.256 .255
dibv03 -.250 -.193 -.256 1.000 -.874
dlea03 .258 195 .255 -.874 1.000
Sig. (1-tailed) fsto_03 . .000 .000 .047 .042
fbv_03 .000 . .000 .100 .097
fea_03 .000 .000 . .043 .044
dibv03 .047 .100 .043 . .000
dlea03 .042 .097 .044 .000 .
N fsto_03 46 46 46 46 46
fbv_03 46 46 46 46 46
fea_03 46 46 46 46 46
dibv03 46 46 46 46 46
dlea03 46 46 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea03,
fov_03,
dibvo3,, Enter
fea 03
a. All requested variables entered.
b. Dependent Variable: fsto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8332 .695 .665 13.65345 .695 23.308 4 41 .000

a. Predictors: (Constant), dlea03, fov_03, dlbv03, fea_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |[17380.070 4 4345.017 23.308 .0002
Residual 7643.080 41 186.417
Total 25023.150 45

a. Predictors: (Constant), dlea03, fbv_03, dlbv03, fea_03
b. Dependent Variable: fsto_03

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 11.011 3.163 3.482 .001 4.624 17.398
fov_03 -.258 .255 -.195 -1.013 317 =773 .257 .698 -.156 -.087 .202 4.955
fea_03 10.994 2.166 991 5.076 .000 6.620 15.368 .827 .621 438 .196 5.112
dlbv03 532 5.324 .018 .100 921 -10.221 11.285 -.250 .016 .009 .235 4.264
dlea03 52.918 159.136 .059 .333 741 -268.464 374.299 .258 .052 .029 .235 4.254
a. Dependent Variable: fsto_03
Coefficient Correlation$
Model dlea03 fbv 03 dibv03 fea 03
1 Correlations  dlea03 1.000 .004 .864 -.033
fbv_03 .004 1.000 -.038 -.889
dibv03 .864 -.038 1.000 .067
fea_03 -.033 -.889 .067 1.000
Covariances  dlea03 [25324.250 .165 732.441 -11.531
fbv_03 .165 .065 -.052 -.491
dibv03 732.441 -.052 28.349 771
fea_03 -11.531 -.491 771 4.691
a. Dependent Variable: fsto_03
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 03 fea 03 dibv03 dlea03
1 1 2.655 1.000 .05 .01 .01 .00 .00
2 1.875 1.190 .00 .00 .00 .05 .05
3 301 2.971 .95 .05 .03 .01 .01
4 .120 4.707 .00 .00 .00 .93 .93
5 .049 7.339 .01 .94 .95 .00 .00

a. Dependent Variable: fsto_03

Regression
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Descriptive Statistics

Mean Std. Deviation N
fsto_04 37.2522 25.50839 46
fov_04 19.5841 18.97240 46
fea 04 2.1528 2.33498 46
dibv0o4 .6124 4.23558 46
dlea04 -.1361 .65260 46

Correlations

fsto 04 fov_04 fea 04 dibv04 dlea04
Pearson Correlation  fsto_04 1.000 794 762 .180 .067
fbv_04 794 1.000 794 .075 .086
fea_04 762 794 1.000 -.304 .488
dibv04 .180 .075 -.304 1.000 -.570
dlea04 .067 .086 .488 -.570 1.000
Sig. (1-tailed) fsto_04 . .000 .000 116 .328
fbv_04 .000 . .000 .309 .285
fea_04 .000 .000 . .020 .000
dibv04 116 .309 .020 . .000
dlea04 .328 .285 .000 .000 .
N fsto_04 46 46 46 46 46
fbv_04 46 46 46 46 46
fea_04 46 46 46 46 46
dibv04 46 46 46 46 46
dlea04 46 46 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea04,
fov_04,
dlbvo4,, Enter
fea_04
a. All requested variables entered.
b. Dependent Variable: fsto_04
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8902 791 771 12.20487 791 38.892 4 41 .000

a. Predictors: (Constant), dlea04, fov_04, dlbv04, fea_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |23173.189 4 5793.297 38.892 .0002
Residual 6107.315 41 148.959
Total 29280.503 45
a. Predictors: (Constant), dlea04, fbv_04, dlbv04, fea_04
b. Dependent Variable: fsto_04
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound [ Zero-order Partial Part Tolerance VIF
1 (Constant) 11.996 2.823 4.250 000 6.296 17.697
fov_04 092 206 .068 446 658 -324 507 794 070 032 217 4.600
fea_04 9.854 1.887 902 5.222 .000 6.043 13.666 762 632 372 170 5.866
dlbvo4 2.077 562 345 3.697 001 942 3.211 1180 500 264 585 1.710
dlead4 -7.137 4.050 -183 -1.762 086 -15.317 1.043 067 -.265 -126 474 2.111
a. Dependent Variable: fsto_04
Coefficient Correlation$
Model dlea04 fov 04 dibv04 fea 04
1 Correlations  dlea04 1.000 403 .285 -.530
fov_04 403 1.000 -.365 -.881
dibv04 .285 -.365 1.000 .337
fea 04 -.530 -.881 337 1.000
Covariances dlea04 16.405 .336 .648 -4.049
fov_04 .336 .042 -.042 -.342
dibv04 .648 -.042 .316 .357
fea_04 -4.049 -.342 .357 3.561
a. Dependent Variable: fsto_04
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 04 fea 04 dibv04 dlea04
1 1 2.548 1.000 .05 .01 .01 .00 .00
2 1.666 1.237 .00 .00 .00 .15 13
3 .459 2.357 14 .01 .00 .59 31
4 278 3.025 77 .07 .02 12 .29
5 .049 7.178 .04 91 .96 13 27

a. Dependent Variable: fsto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
fsto_05 49.4337 36.89064 46
fbv_05 27.8148 46.28572 46
fea_05 2.5374 2.50056 46
dibv05 .6865 3.77994 46
dlea05 -.0615 .34055 46
Correlations
fsto 05 fov_05 fea 05 dibv05 dlea05
Pearson Correlation  fsto_05 1.000 .650 .710 .076 -.078
fbv_05 .650 1.000 278 -.027 .027
fea_05 .710 278 1.000 -.329 .328
dibv05 .076 -.027 -.329 1.000 -.995
dlea05 -.078 .027 .328 -.995 1.000
Sig. (1-tailed) fsto_05 . .000 .000 .309 .302
fbv_05 .000 . .031 429 429
fea_05 .000 .031 . .013 .013
dibv05 .309 429 .013 . .000
dlea05 .302 429 .013 .000 .
N fsto_05 46 46 46 46 46
fbv_05 46 46 46 46 46
fea_05 46 46 46 46 46
dibv05 46 46 46 46 46
dlea05 46 46 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea05,
fov_05,
fea:OSa Enter
dibv05
a. All requested variables entered.
b. Dependent Variable: fsto_05
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9028 .814 .796 16.66070 .814 44.907 4 41 .000

a. Predictors: (Constant), dlea05, fbv_05, fea_05, dlbv05
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |49860.617 4 12465.154 44,907 .0002
Residual 11380.739 41 277.579
Total 61241.356 45
a. Predictors: (Constant), dlea05, fbv_05, fea_05, dlbv05
b. Dependent Variable: fsto_05
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIFE
1 (Constant) 11.397 3.841 2.967 .005 3.639 19.154
fbv_05 374 .056 469 6.674 .000 .261 487 .650 722 449 .918 1.089
fea_05 10.069 1.097 .683 9.178 .000 7.853 12.285 .710 .820 .618 .820 1.220
dlbv0s -1.101 6.844 -113 -161 873 -14.923 12.721 .076 -.025 -.011 .009 108.499
dlea05 -46.291 75.954 -.427 -.609 .546 -199.683 107.101 -.078 -.095 -.041 .009 108.468
a. Dependent Variable: fsto_05
Coefficient Correlation$
Model dlea05 fbv_05 fea 05 dibv05
1 Correlations  dlea05 1.000 .005 -.013 .995
fov_05 .005 1.000 -.285 -.003
fea_05 -.013 -.285 1.000 .021
dibv05 .995 -.003 .021 1.000
Covariances dlea05 | 5769.004 .019 -1.090 517.128
fov_05 .019 .003 -.017 -.001
fea_05 -1.090 -.017 1.204 .158
dlbv05 517.128 -.001 .158 46.841
a. Dependent Variable: fsto_05
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv_05 fea 05 dibv05 dlea05
1 1 2.256 1.000 .06 .07 .04 .00 .00
2 1.971 1.070 .01 .02 .03 .00 .00
3 529 2.064 14 .90 .08 .00 .00
4 .239 3.072 .80 .01 .84 .00 .00
5 .004 22.461 .00 .00 .00 1.00 1.00

a. Dependent Variable: fsto_05

Regression
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Descriptive Statistics

Mean Std. Deviation N
fsto_06 53.8572 40.53953 46
fbv_06 30.9987 49.56186 46
fea_06 2.1483 5.94616 46
dibv06 2.2920 10.21918 46
dlea06 -.7187 4.16892 46
Correlations
fsto 06 fov 06 fea 06 dibv06 dlea06
Pearson Correlation  fsto_06 1.000 671 484 -.055 .040
fbv_06 671 1.000 .258 .073 -.095
fea_06 484 .258 1.000 -.781 .786
dibv06 -.055 .073 -.781 1.000 -.956
dlea06 .040 -.095 .786 -.956 1.000
Sig. (1-tailed) fsto_06 . .000 .000 .358 .397
fbv_06 .000 . .042 .314 .265
fea_06 .000 .042 . .000 .000
dibv06 .358 314 .000 . .000
dlea06 .397 .265 .000 .000 .
N fsto_06 46 46 46 46 46
fbv_06 46 46 46 46 46
fea_06 46 46 46 46 46
dibv06 46 46 46 46 46
dlea06 46 46 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 dlea06,
fov_06,
fea:OGa Enter
dibv06
a. All requested variables entered.
b. Dependent Variable: fsto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8072 .652 .618 25.05243 .652 19.208 4 41 .000

a. Predictors: (Constant), dlea06, fov_06, fea_06, dlbv06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |48222.813 4 12055.703 19.208 .0002
Residual 25732.595 41 627.624
Total 73955.408 45
a. Predictors: (Constant), dlea06, fbv_06, fea_06, dlbvO6
b. Dependent Variable: fsto_06
Coefficients?
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIFE
1 (Constant) 26.771 5.021 5.332 .000 16.631 36.912
fbv_06 326 .090 398 3.616 .001 144 508 671 492 333 700 1.429
fea_06 5.797 1.223 850 4739 .000 3.327 8.266 484 595 437 264 3.792
dlbv0o6 671 1.267 .169 .530 .599 -1.887 3.229 -.055 .082 .049 .083 12.012
dlea06 -4.174 3.222 -.429 -1.295 202 -10.681 2.334 040 -.198 -119 077 12.939
a. Dependent Variable: fsto_06
Coefficient Correlation$
Model dlea06 fov 06 fea 06 dlbv06
1 Correlations  dlea06 1.000 .231 -.301 .855
fov_06 231 1.000 -.540 -.033
fea_06 -.301 -.540 1.000 154
dlbv06 .855 -.033 154 1.000
Covariances  dlea06 10.383 .067 -1.185 3.488
fov_06 .067 .008 -.059 -.004
fea_06 -1.185 -.059 1.496 .239
dlbv06 3.488 -.004 .239 1.604
a. Dependent Variable: fsto_06
Collinearity Diagnostiés
Condition Variance Proportions
Model Dimension |Eigenvalue Index (Constant) | fbv 06 fea 06 dibv06 dlea06
1 1 2.523 1.000 .00 .00 .02 .01 .01
2 1.823 1.177 A2 A1 .02 .00 .00
3 467 2.325 .60 51 .00 .00 .00
4 .146 4,157 .26 .36 .95 .07 .05
5 .041 7.809 .02 .02 .01 91 .94

a. Dependent Variable: fsto_06
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9.2.2. Common explanatory power

UK 2003/2006 COMMON EXPLANATORY POWER

Regression

Descriptive Statistics

Mean Std. Deviation N
usto_03 293.8367 161.10354 48
ubv_03 1.4885 1.20820 48
uea_03 .2065 .16782 48
Correlations
usto 03 ubv 03 uea 03
Pearson Correlation  usto_03 1.000 413 .569
ubv_03 413 1.000 .673
uea_03 .569 .673 1.000
Sig. (1-tailed) usto_03 . .002 .000
ubv_03 .002 . .000
uea 03 .000 .000 .
N usto_03 48 48 48
ubv_03 48 48 48
uea_ 03 48 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 uea_ 03
—%
ubv_03 Enter

a. All requested variables entered.

b. Dependent Variable: usto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 5714 .325 .296 135.22122 .325 10.857 45 .000
a. Predictors: (Constant), uea_03, ubv_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 397039.5 2 198519.728 10.857 .0002
Residual 822815.0 45 18284.777
Total 1219854 47
a. Predictors: (Constant), uea_03, ubv_03
b. Dependent Variable: usto_03
Coefficierfts
Unstandardized ftandardize
Coefficients [oefficients Confidence Interval Correlations llinearity Statisti
Mode B ptd. Erro| Beta t Sig. pwer Bounpper Bounjero-orde Partial | Part [olerancq{ VIF
1 (Constd77.527 |32.952 5.387 | .000 | 111.158 | 243.896
ubv_03| 7.201 |22.073 .0564| .326| .746| -37.256 | 51.658 413 | .049( .040( .547| 1.828
uea_03]11.439 [58.911 533 | 3.218 | .002 | 191.377 | 831.502 569 | .433| .394( .547| 1.828
aDependent Variable: usto_03
Coefficient Correlation$
Model uea 03 ubv 03
1 Correlations  uea_03 1.000 -.673
ubv_03 -.673 1.000
Covariances uea_03 |25252.587 | -2360.794
ubv_03 | -2360.794 487.216
a. Dependent Variable: usto_03
Collinearity Diagnostic$
Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 03 uea 03
1 1 2.621 1.000 .04 .03 .03
2 .251 3.235 .96 A3 14
3 .128 4.520 .00 .84 .84

a. Dependent Variable: usto_03

Regression

Descriptive Statistics

Mean Std. Deviation N
usto_03 293.8367 161.10354 48
ubv_03 1.4885 1.20820 48
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Correlations

usto 03 ubv 03

Pearson Correlation  usto_03 1.000 413
ubv_03 413 1.000

Sig. (1-tailed) usto_03 . .002
ubv_03 .002 .

N usto_03 48 48
ubv_03 48 48

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 ubv_032 Enter

a. All requested variables entered.

b. Dependent Variable: usto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 4132 .170 152 148.33946 170 9.436 1 46 .004
a. Predictors: (Constant), ubv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 207643.1 1 207643.078 9.436 .0042
Residual 1012211 46 22004.594
Total 1219854 47
a. Predictors: (Constant), ubv_03
b. Dependent Variable: usto_03
Coefficients$®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 211.946 34.192 6.199 .000 143.121 280.771
ubv_03 55.014 17.909 413 3.072 .004 18.965 91.063 413 413 413 1.000 1.000

a. Dependent Variable: usto_03
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Coefficient Correlation$

Model ubv 03
1 Correlations  ubv_03 1.000
Covariances  ubv_03 320.730

a. Dependent Variable: usto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 03
1 1 1.780 1.000 A1 A1
2 .220 2.842 .89 .89
a. Dependent Variable: usto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_03 | 293.8367 161.10354 48
uea_03 .2065 .16782 48
Correlations
usto 03 uea 03

Pearson Correlation  usto_03 1.000 .569

uea 03 .569 1.000
Sig. (1-tailed) usto_03 . .000

uea_ 03 .000 .
N usto_03 48 48

uea_ 03 48 48

Variables Entered/Removed
Variables Variables

Model Entered Removed Method
1 uea_032 Enter

a. All requested variables entered.

b. Dependent Variable: usto_03

Model Summary

Model

R R Square

Adjusted
R Square

Std. Error of
the Estimate

Change Statistics

R Square
Change

F Change

dfl df2

Sig. F Change

1

.5692 324

.309

133.90140

.324

22.036

1

46

.000

a. Predictors: (Constant), uea_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 395093.5 1 395093.500 22.036 .0002
Residual 824760.9 46 17929.585
Total 1219854 47

a. Predictors: (Constant), uea_03

b. Dependent Variable: usto_03

Coefficients$®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 181.042 30.837 5.871 .000 118.971 243.113
uea_03 546.331 116.383 .569 4.694 .000 312.063 780.598 .569 .569 .569 1.000 1.000
a. Dependent Variable: usto_03
Coefficient Correlation$
Model uea 03
1 Correlations  uea_03 1.000
Covariances uea_03 |13545.073

a. Dependent Variable: usto_03

Collinearity Diagnostic$

Condition Variance Proportions

Model Dimension | Eigenvalue Index (Constant) uea 03
1 1 1.779 1.000 A1 A1
2 221 2.839 .89 .89

a. Dependent Variable: usto_03

Regression

Descriptive Statistics

Mean Std. Deviation N
usto_04 | 346.5590 196.81511 48
ubv_04 1.5581 1.16789 48
uea 04 .1690 .22821 48
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Correlations

usto 04 ubv 04 uea 04
Pearson Correlation  usto_04 1.000 403 .617
ubv_04 .403 1.000 .067
uea_04 .617 .067 1.000
Sig. (1-tailed) usto_04 . .002 .000
ubv_04 .002 . .326
uea_ 04 .000 .326 .
N usto_04 48 48 48
ubv_04 48 48 48
uea_04 48 48 48

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 uea_ 04
— 7y
ubv_04 Enter

a. All requested variables entered.

b. Dependent Variable: usto_04

Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7162 512 491 140.45206 512 23.645 2 45 .000
a. Predictors: (Constant), uea_04, ubv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 932895.6 2 466447.806 23.645 .0002
Residual 887705.1 45 19726.781
Total 1820601 a7
a. Predictors: (Constant), uea_04, ubv_04
b. Dependent Variable: usto_04
Coefficients$®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 164.693 36.561 4.505 .000 91.055 238.331
ubv_04 61.297 17.581 .364 3.486 .001 25.886 96.708 .403 461 .363 .996 1.005
uea_04 511.118 89.973 .593 5.681 .000 329.903 692.332 .617 .646 591 .996 1.005

a. Dependent Variable: usto_04
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Coefficient Correlation€

Model uea 04 ubv 04
1 Correlations  uea_04 1.000 -.067
ubv_04 -.067 1.000
Covariances uea_04 8095.105 -105.895
ubv_04 -105.895 309.103

a. Dependent Variable: usto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 04 uea 04
1 1 2.285 1.000 .05 .05 .08
2 527 2.083 .04 .15 .86
3 .188 3.485 91 .79 .07
a. Dependent Variable: usto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_04 346.5590 196.81511 48
ubv_04 1.5581 1.16789 48
Correlations
usto 04 ubv 04
Pearson Correlation  usto_04 1.000 403
ubv_04 .403 1.000
Sig. (1-tailed) usto_04 . .002
ubv_04 .002 .
N usto_04 48 48
ubv_04 48 48

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 ubv_042 Enter

a. All requested variables entered.

b. Dependent Variable: usto_04
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Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 4032 .163 145 182.03668 .163 8.941 1 46 .004
a. Predictors: (Constant), ubv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 296282.6 1 296282.593 8.941 .0042
Residual 1524318 46 33137.351
Total 1820601 a7

a. Predictors: (Constant), ubv_04

b. Dependent Variable: usto_04

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 240.633 44.105 5.456 .000 151.853 329.412
ubv_04 67.983 22.736 .403 2.990 .004 22.219 113.748 403 .403 403 1.000 1.000
a. Dependent Variable: usto_04
Coefficient Correlation$
Model ubv 04
1 Correlations  ubv_04 1.000
Covariances  ubv_04 516.909

a. Dependent Variable: usto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 04
1 1 1.803 1.000 .10 .10
2 197 3.027 .90 .90
a. Dependent Variable: usto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_04 | 346.5590 196.81511 48
uea_04 .1690 .22821 48
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Correlations

usto 04 uea 04
Pearson Correlation  usto_04 1.000 .617
uea 04 .617 1.000
Sig. (1-tailed) usto_04 . .000
uea_04 .000 .
N usto_04 48 48
uea 04 48 48

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 uea_042 Enter

a. All requested variables entered.
b. Dependent Variable: usto_04

Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6172 .381 .367 156.55915 .381 28.278 1 46 .000
a. Predictors: (Constant), uea_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 693105.4 1 693105.383 28.278 .0002
Residual 1127495 46 24510.769
Total 1820601 a7
a. Predictors: (Constant), uea_04
b. Dependent Variable: usto_04
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 256.653 28.222 9.094 .000 199.845 313.461
uea_04 532.117 100.066 617 5.318 .000 330.695 733.540 617 617 1.000 1.000
a. Dependent Variable: usto_04
Coefficient Correlation$
Model uea 04
1 Correlations  uea_04 1.000
Covariances uea_04 |10013.191

a. Dependent Variable: usto_04
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Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) uea 04
1 1 1.599 1.000 .20 .20
2 401 1.997 .80 .80
a. Dependent Variable: usto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_05 | 436.9921 272.88738 48
ubv_05 1.6288 1.13048 48
uea_05 .2302 .25442 48
Correlations
usto 05 ubv 05 uea 05
Pearson Correlation  usto_05 1.000 .504 .614
ubv_05 .504 1.000 .361
uea_05 .614 .361 1.000
Sig. (1-tailed) usto_05 . .000 .000
ubv_05 .000 . .006
uea_ 05 .000 .006 .
N usto_05 48 48 48
ubv_05 48 48 48
uea 05 48 48 48

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 uea_05
—
ubv_05 Enter

a. All requested variables entered.

b. Dependent Variable: usto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .6852 469 445 203.28740 469 19.846 2 .000

a. Predictors: (Constant), uea_05, ubv_05
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 1640314 2 820157.089 19.846 .0002
Residual 1859659 45 41325.765
Total 3499974 47
a. Predictors: (Constant), uea_05, ubv_05
b. Dependent Variable: usto_05
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 186.689 53.253 3.506 .001 79.431 293.947
ubv_05 78.344 28.125 .325 2.786 .008 21.697 134.990 .504 .383 .303 .870 1.150
uea_05 532.997 124.969 497 4.265 .000 281.297 784.698 614 537 463 .870 1.150
a. Dependent Variable: usto_05
Coefficient Correlations
Model uea 05 ubv 05
1 Correlations  uea_05 1.000 -.361
ubv_05 -.361 1.000
Covariances uea_ 05 |15617.247 | -1268.279
ubv_05 |-1268.279 791.011

a. Dependent Variable: usto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 05 uea 05
1 1 2.473 1.000 .04 .04 .06
2 .354 2.644 .18 .08 .92
3 174 3.774 a7 .88 .02

a. Dependent Variable: usto_05

Regression

Descriptive Statistics

Mean Std. Deviation N
usto_05 436.9921 272.88738 48
ubv_05 1.6288 1.13048 48
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Correlations

usto 05 ubv 05
Pearson Correlation  usto_05 1.000 .504
ubv_05 .504 1.000
Sig. (1-tailed) usto_05 . .000
ubv_05 .000 .
N usto_05 48 48
ubv_05 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 ubv_052 Enter

a. All requested variables entered.

b. Dependent Variable: usto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .5042 .254 .238 238.26351 .254 15.652 1 46 .000
a. Predictors: (Constant), ubv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 888576.7 1 888576.670 15.652 .0002
Residual 2611397 46 56769.499
Total 3499974 47

a. Predictors: (Constant), ubv_05

b. Dependent Variable: usto_05

Coefficients

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 238.890 60.745 3.933 .000 116.616 361.163
ubv_05 121.629 30.743 .504 3.956 .000 59.746 183.511 .504 .504 .504 1.000 1.000

a. Dependent Variable: usto_05

273




Coefficient Correlation$

Model ubv_ 05
1 Correlations  ubv_05 1.000
Covariances  ubv_05 945.129

a. Dependent Variable: usto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 05
1 1 1.824 1.000 .09 .09
2 176 3.222 .91 91
a. Dependent Variable: usto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_05 | 436.9921 272.88738 48
uea_05 .2302 .25442 48
Correlations
usto 05 uea 05

Pearson Correlation  usto_05 1.000 .614

uea 05 .614 1.000
Sig. (1-tailed) usto_05 . .000

uea_05 .000 .
N usto_05 48 48

uea_05 48 48

Variables Entered/Removed
Variables Variables

Model Entered Removed Method
1 uea_052 Enter

a. All requested variables entered.

b. Dependent Variable: usto_05
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .6142 377 .364 217.71149 377 27.842 1 46 .000
a. Predictors: (Constant), uea_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1319652 1 | 1319652.067 27.842 .0002
Residual 2180322 46 47398.294
Total 3499974 47
a. Predictors: (Constant), uea_05
b. Dependent Variable: usto_05
Coefficients$®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 285.374 42.581 6.702 .000 199.664 371.085
uea_05 658.611 124.819 .614 5.277 .000 407.363 909.858 .614 614 .614 1.000 1.000
a. Dependent Variable: usto_05
Coefficient Correlations
Model uea 05
1 Correlations  uea_05 1.000
Covariances uea_05 |15579.768

a. Dependent Variable: usto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) uea 05
1 1 1.675 1.000 .16 .16

2 .325 2.269 .84 .84

a. Dependent Variable: usto_05

Regression
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Descriptive Statistics

Mean Std. Deviation N
usto_06 473.7344 358.33513 48
ubv_06 1.6692 1.15738 48
uea 06 .2765 24875 48
Correlations
usto 06 ubv 06 uea 06
Pearson Correlation  usto_06 1.000 .605 717
ubv_06 .605 1.000 .607
uea 06 717 .607 1.000
Sig. (1-tailed) usto_06 . .000 .000
ubv_06 .000 . .000
uea_06 .000 .000 .
N usto_06 48 48 48
ubv_06 48 48 48
uea 06 48 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 uea 06
— A
ubv_06 Enter
a. All requested variables entered.
b. Dependent Variable: usto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7482 560 540 | 242.96572 560 28.616 2 45 1000
a. Predictors: (Constant), uea_06, ubv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3378536 2 | 1689267.879 28.616 .0002
Residual 2656455 45 59032.340
Total 6034991 47

a. Predictors: (Constant), uea_06, ubv_06

b. Dependent Variable: usto_06
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Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 113.987 62.877 1.813 .077 -12.654 240.628
ubv_06 83.559 38.514 .270 2.170 .035 5.988 161.129 .605 .308 .215 .632 1.582
uea_06 796.769 179.199 .553 4.446 .000 435.843 1157.695 717 .552 440 .632 1.582

a. Dependent Variable: usto_06

Coefficient Correlation$

Model uea 06 ubv 06
1 Correlations  uea_06 1.000 -.607
ubv_06 -.607 1.000

Covariances uea 06 [32112.405 | -4185.972
ubv_06 |-4185.972 | 1483.298

a. Dependent Variable: usto_06

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 06 uea 06
1 1 2.611 1.000 .04 .03 .04
2 .254 3.205 .68 .00 .48
3 135 4.401 .28 .97 48
a. Dependent Variable: usto_06
Regression
Descriptive Statistics
Mean Std. Deviation N
usto_06 | 473.7344 358.33513 48
ubv_06 1.6692 1.15738 48

Correlations

usto 06 ubv 06

Pearson Correlation  usto_06 1.000 .605
ubv_06 .605 1.000

Sig. (1-tailed) usto_06 . .000
ubv_06 .000 .

N usto_06 48 48
ubv_06 48 48
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Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 ubv_062 Enter

a. All requested variables entered.

b. Dependent Variable: usto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .6052 .366 .353 288.30409 .366 26.606 1 46 .000
a. Predictors: (Constant), ubv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 2211506 1 | 2211505.709 26.606 .0002
Residual 3823485 46 83119.247
Total 6034991 47
a. Predictors: (Constant), ubv_06
b. Dependent Variable: usto_06
Coefficients$®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 160.898 73.552 2.188 .034 12.845 308.951
ubv_06 187.421 36.335 .605 5.158 .000 114.282 260.559 .605 .605 .605 1.000 1.000
a. Dependent Variable: usto_06
Coefficient Correlations
Model ubv_06
1 Correlations  ubv_06 1.000
Covariances ubv_06 | 1320.226

a. Dependent Variable: usto_06

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) ubv 06
1 1 1.825 1.000 .09 .09

2 175 3.225 .91 .91

a. Dependent Variable: usto_06
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Regression

Descriptive Statistics

Mean Std. Deviation N
usto_06 473.7344 358.33513 48
uea 06 .2765 .24875 48
Correlations
usto 06 uea 06
Pearson Correlation  usto_06 1.000 717
uea_06 717 1.000
Sig. (1-tailed) usto_06 . .000
uea 06 .000 .
N usto_06 48 48
uea 06 48 48
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 uea_062 Enter
a. All requested variables entered.
b. Dependent Variable: usto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7172 514 .503 252.56630 514 48.608 1 46 .000
a. Predictors: (Constant), uea_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3100663 1 | 3100663.173 48.608 .0002
Residual 2934328 46 63789.736
Total 6034991 47

a. Predictors: (Constant), uea_06

b. Dependent Variable: usto_06
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Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 188.270 54.822 3.434 .001 77.919 298.620
uea_06 1032.578 148.105 717 6.972 .000 734.457 1330.699 717 717 717 1.000 1.000
a. Dependent Variable: usto_06
Coefficient Correlation$
Model uea 06
1 Correlations  uea_06 1.000
Covariances uea_06 |21935.209

a. Dependent Variable: usto_06

Collinearity Diagnostic$

Condition Variance Proportions

Model Dimension | Eigenvalue Index (Constant) uea 06
1 1 1.747 1.000 A3 A3
2 .253 2.627 .87 .87

a. Dependent Variable: usto_06

NETHERLANDS 2003/2006 COMMON EXPLANATORY POWER

Regression

Descriptive Statistics

Mean Std. Deviation N
nsto_03 14.7198 8.72358 50
nbv_03 8.6418 7.94925 50
nea_03 .9196 1.41273 50
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Correlations

nsto 03 nbv 03 nea 03

Pearson Correlation  nsto_03 1.000 571 423
nbv_03 571 1.000 .357

nea_03 423 .357 1.000

Sig. (1-tailed) nsto_03 . .000 .001
nbv_03 .000 . .005

nea_03 .001 .005 .

N nsto_03 50 50 50
nbv_03 50 50 50

nea_03 50 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nea 03
—
nbv_03 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6172 .381 .355 7.00785 .381 14.465 2 47 .000
a. Predictors: (Constant), nea_03, nbv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1420.768 2 710.384 14.465 .0002
Residual 2308.171 47 49.110
Total 3728.938 49
a. Predictors: (Constant), nea_03, nbv_03
b. Dependent Variable: nsto_03
Coefficients$
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 8.728 1.499 5.824 .000 5.713 11.743
nbv_03 .529 135 482 3.921 .000 .257 .800 571 496 .450 .873 1.146
nea_03 1.548 .759 .251 2.040 .047 .022 3.074 423 .285 .234 .873 1.146

a. Dependent Variable: nsto_03
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Coefficient Correlation€

Model nea 03 nbv 03
1 Correlations  nea_03 1.000 -.357
nbv_03 -.357 1.000
Covariances nea_03 .575 -.036
nbv_03 -.036 .018

a. Dependent Variable: nsto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 03 nea 03
1 1 2.267 1.000 .07 .06 .08
2 A78 2.179 22 .06 .88
3 .255 2.982 71 .88 .04
a. Dependent Variable: nsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_03 14.7198 8.72358 50
nbv_03 8.6418 7.94925 50
Correlations
nsto 03 nbv 03
Pearson Correlation  nsto_03 1.000 571
nbv_03 571 1.000
Sig. (1-tailed) nsto_03 . .000
nbv_03 .000 .
N nsto_03 50 50
nbv_03 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nbv_032 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_03
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 5712 .326 312 7.23506 .326 23.236 1 48 .000
a. Predictors: (Constant), nbv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1216.329 1 1216.329 23.236 .0002
Residual 2512.610 48 52.346
Total 3728.938 49

a. Predictors: (Constant), nbv_03

b. Dependent Variable: nsto_03

Coefficients$®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 9.303 1.520 6.122 .000 6.248 12.359
nbv_03 .627 130 571 4.820 .000 .365 .888 571 571 571 1.000 1.000
a. Dependent Variable: nsto_03
Coefficient Correlation$
Model nbv 03
1 Correlations  nbv_03 1.000
Covariances  nbv_03 .017

a. Dependent Variable: nsto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 03
1 1 1.739 1.000 .13 .13
2 .261 2.583 .87 .87
a. Dependent Variable: nsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_03 14.7198 8.72358 50
nea_03 .9196 1.41273 50
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Correlations

nsto 03 nea 03
Pearson Correlation  nsto_03 1.000 423
nea_03 423 1.000
Sig. (1-tailed) nsto_03 .001
nea_03 .001
N nsto_03 50 50
nea_03 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nea_032 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 4232 179 161 7.98862 179 10.431 1 48 .002
a. Predictors: (Constant), nea_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 665.674 1 665.674 10.431 .0022
Residual 3063.264 48 63.818
Total 3728.938 49
a. Predictors: (Constant), nea_03
b. Dependent Variable: nsto_03
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 12.321 1.352 9.112 .000 9.602 15.039
nea_03 2.609 .808 423 3.230 .002 .985 4.233 423 423 423 1.000 1.000

a. Dependent Variable: nsto_03
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Coefficient Correlation€

Model nea 03
1 Correlations  nea_03 1.000
Covariances nea_03 .653

a. Dependent Variable: nsto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nea 03
1 1 1.549 1.000 .23 .23
2 .451 1.854 77 a7
a. Dependent Variable: nsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_04 17.9540 9.84679 50
nbv_04 9.0224 8.23854 50
nea_04 .9702 1.13099 50
Correlations
nsto 04 nbv 04 nea 04
Pearson Correlation  nsto_04 1.000 .644 .835
nbv_04 .644 1.000 .634
nea_04 .835 .634 1.000
Sig. (1-tailed) nsto_04 . .000 .000
nbv_04 .000 . .000
nea_04 .000 .000 .
N nsto_04 50 50 50
nbv_04 50 50 50
nea_04 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 nea 04
—
nbv_04 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_04
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8482 719 707 5.33271 719 60.033 2 47 .000
a. Predictors: (Constant), nea_04, nbv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3414.428 2 1707.214 60.033 .0002
Residual 1336.575 47 28.438
Total 4751.003 49
a. Predictors: (Constant), nea_04, nbv_04
b. Dependent Variable: nsto_04

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 9.862 1.136 8.680 .000 7.576 12.147
nbv_04 229 120 192 1.919 .061 -.011 470 644 .270 .148 .598 1.672
nea_04 6.207 871 713 7.126 .000 4.455 7.959 .835 721 .551 .598 1.672
a. Dependent Variable: nsto_04
Coefficient Correlation$
Model nea 04 nbv 04
1 Correlations  nea_04 1.000 -.634
nbv_04 -.634 1.000
Covariances nea_04 .759 -.066
nbv_04 -.066 .014

a. Dependent Variable: nsto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 04 nea 04
1 1 2471 1.000 .06 .04 .05
2 .353 2.646 .78 .02 .34
3 176 3.745 A7 .94 .61

a. Dependent Variable: nsto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
nsto 04 17.9540 9.84679 50
nbv_04 9.0224 8.23854 50
Correlations
nsto 04 nbv 04
Pearson Correlation  nsto_04 1.000 .644
nbv_04 .644 1.000
Sig. (1-tailed) nsto_04 . .000
nbv_04 .000 .
N nsto_04 50 50
nbv_04 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 nbv_042 Enter
a. All requested variables entered.
b. Dependent Variable: nsto_04
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6442 415 .402 7.61144 415 34.007 1 48 .000
a. Predictors: (Constant), nbv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 1970.168 1 1970.168 34.007 .0002
Residual 2780.835 48 57.934
Total 4751.003 49

a. Predictors: (Constant), nbv_04

b. Dependent Variable: nsto_04
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Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 11.010 1.605 6.859 .000 7.782 14.237
nbv_04 770 132 .644 5.832 .000 .504 1.035 .644 .644 .644 1.000 1.000
a. Dependent Variable: nsto_04
Coefficient Correlation$
Model nbv 04
1 Correlations  nbv_04 1.000
Covariances nbv_04 .017

a. Dependent Variable: nsto_04

Collinearity Diagnostic$

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nea_042 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_04
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Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 04
1 1 1.742 1.000 A3 A3
2 .258 2.598 .87 .87
a. Dependent Variable: nsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto 04 17.9540 9.84679 50
nea_04 .9702 1.13099 50
Correlations
nsto_04 nea 04
Pearson Correlation  nsto_04 1.000 .835
nea_04 .835 1.000
Sig. (1-tailed) nsto_04 . .000
nea_04 .000 .
N nsto_04 50 50
nea_04 50 50




Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8352 .697 .690 5.47965 .697 110.226 1 48 .000
a. Predictors: (Constant), nea_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3309.726 1 3309.726 110.226 .0002
Residual 1441.277 48 30.027
Total 4751.003 49
a. Predictors: (Constant), nea_04
b. Dependent Variable: nsto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.904 1.025 10.634 .000 8.842 12.966
nea_04 7.267 .692 .835 10.499 .000 5.875 8.658 .835 .835 .835 1.000 1.000
a. Dependent Variable: nsto_04
Coefficient Correlation$
Model nea 04
1 Correlations  nea_04 1.000
Covariances nea_04 479

a. Dependent Variable: nsto_04

Collinearity Diagnostic$

Condition Variance Proportions

Model Dimension Eigenvalue Index (Constant) nea 04
1 1 1.655 1.000 17 17
2 .345 2.190 .83 .83

a. Dependent Variable: nsto_04

Regression
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Descriptive Statistics

Mean Std. Deviation N
nsto_05 24.7642 12.48141 50
nbv_05 9.4500 7.64998 50
nea_05 1.1330 1.41621 50
Correlations
nsto 05 nbv 05 nea 05
Pearson Correlation  nsto_05 1.000 .638 672
nbv_05 .638 1.000 .406
nea_05 672 .406 1.000
Sig. (1-tailed) nsto_05 . .000 .000
nbv_05 .000 . .002
nea_05 .000 .002 .
N nsto_05 50 50 50
nbv_05 50 50 50
nea_05 50 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 nea_05
— VA
nbv_05 Enter
a. All requested variables entered.
b. Dependent Variable: nsto_05
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7822 611 594 7.94958 611 36.896 2 47 1000
a. Predictors: (Constant), nea_05, nbv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 4663.289 2 2331.644 36.896 .0002
Residual 2970.203 47 63.196
Total 7633.492 49

a. Predictors: (Constant), nea_05, nbv_05
b. Dependent Variable: nsto_05
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Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 13.086 1.836 7.128 .000 9.393 16.778
nbv_05 714 162 437 4.394 .000 .387 1.040 .638 .540 .400 .835 1.197
nea_05 4.355 877 494 4.963 .000 2.590 6.120 672 .586 452 .835 1.197

a. Dependent Variable: nsto_05

Coefficient Correlation$

Model nea 05 nbv 05
1 Correlations  nea_05 1.000 -.406
nbv_05 -.406 1.000
Covariances nea_05 770 -.058
nbv_05 -.058 .026

a. Dependent Variable: nsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 05 nea 05
1 1 2.400 1.000 .05 .05 .06
2 .388 2.487 27 .05 .86
3 212 3.363 .68 .90 .07
a. Dependent Variable: nsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_05 24.7642 12.48141 50
nbv_05 9.4500 7.64998 50

Correlations

nsto 05 nbv 05

Pearson Correlation  nsto_05 1.000 .638
nbv_05 .638 1.000

Sig. (1-tailed) nsto_05 . .000
nbv_05 .000 .

N nsto_05 50 50
nbv_05 50 50
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Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nbv_052 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .6382 407 .395 9.71156 407 32.937 1 48 .000
a. Predictors: (Constant), nbv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3106.402 1 3106.402 32.937 .0002
Residual 4527.090 48 94.314
Total 7633.492 49

a. Predictors: (Constant), nbv_05

b. Dependent Variable: nsto_05

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 14.929 2.196 6.797 .000 10.513 19.344
nbv_05 1.041 181 .638 5.739 .000 676 1.405 .638 .638 .638 1.000 1.000
a. Dependent Variable: nsto_05
Coefficient Correlation$
Model nbv 05
1 Correlations  nbv_05 1.000
Covariances  nbv_05 .033

a. Dependent Variable: nsto_05

Collinearity Diagnostic$

Condition Variance Proportions

Model Dimension | Eigenvalue Index (Constant) nbv 05
1 1 1.780 1.000 A1 A1
2 .220 2.847 .89 .89

a. Dependent Variable: nsto_05
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Regression

Descriptive Statistics

Mean Std. Deviation N
nsto_05 24.7642 12.48141 50
nea_05 1.1330 1.41621 50
Correlations
nsto 05 nea 05
Pearson Correlation  nsto_05 1.000 672
nea_05 672 1.000
Sig. (1-tailed) nsto_05 . .000
nea_05 .000 .
N nsto_05 50 50
nea_05 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 nea_052 Enter
a. All requested variables entered.
b. Dependent Variable: nsto_05
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6722 451 .440 9.34365 451 39.436 1 48 .000
a. Predictors: (Constant), nea_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 3442.910 1 3442.910 39.436 .0002
Residual 4190.581 48 87.304
Total 7633.492 49

a. Predictors: (Constant), nea_05

b. Dependent Variable: nsto_05
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Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 18.058 1.699 10.629 .000 14.642 21.474
nea_05 5.919 .943 672 6.280 .000 4.024 7.814 672 672 672 1.000 1.000

a. Dependent Variable: nsto_05

Coefficient Correlation€

Model nea 05
1 Correlations  nea_05 1.000
Covariances nea_05 .888

a. Dependent Variable: nsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nea 05
1 1 1.629 1.000 .19 .19
2 371 2.094 .81 .81
a. Dependent Variable: nsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_06 28.3308 15.08275 50
nbv_06 10.4632 7.92054 50
nea_06 1.5630 1.19214 50
Correlations
nsto 06 nbv 06 nea 06
Pearson Correlation  nsto_06 1.000 .588 .860
nbv_06 .588 1.000 .5635
nea_06 .860 .5635 1.000
Sig. (1-tailed) nsto_06 . .000 .000
nbv_06 .000 . .000
nea_06 .000 .000 .
N nsto_06 50 50 50
nbv_06 50 50 50
nea_06 50 50 50
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Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nea_ 06
— O
nbv_06 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8732 762 752 7.51152 762 75.281 2 47 .000
a. Predictors: (Constant), nea_06, nbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 8495.102 2 4247.551 75.281 .0002
Residual 2651.877 47 56.423
Total 11146.979 49
a. Predictors: (Constant), nea_06, nbv_06
b. Dependent Variable: nsto_06
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 9.654 1.930 5.001 .000 5.770 13.537
nbv_06 .342 .160 179 2.131 .038 .019 664 .588 297 152 713 1.402
nea_06 9.662 1.066 764 9.066 .000 7.518 11.805 .860 798 .645 713 1.402
a. Dependent Variable: nsto_06
Coefficient Correlationg
Model nea 06 nbv 06
1 Correlations  nea_06 1.000 -.535
nbv_06 -.535 1.000
Covariances nea_06 1.136 -.091
nbv_06 -.091 .026

a. Dependent Variable: nsto_06
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Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 06 nea 06
1 1 2.620 1.000 .04 .03 .03
2 212 3.518 .96 .18 22
3 .168 3.951 .00 .79 .75
a. Dependent Variable: nsto_06
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_06 28.3308 15.08275 50
nbv_06 10.4632 7.92054 50
Correlations
nsto 06 nbv 06
Pearson Correlation  nsto_06 1.000 .588
nbv_06 .588 1.000
Sig. (1-tailed) nsto_06 . .000
nbv_06 .000 .
N nsto_06 50 50
nbv_06 50 50
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 nbv_062 Enter
a. All requested variables entered.
b. Dependent Variable: nsto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 5887 346 332 12.32352 346 25.399 1 48 .000

a. Predictors: (Constant), nbv_06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression 3857.255 1 3857.255 25.399 .0002
Residual 7289.724 48 151.869
Total 11146.979 49

a. Predictors: (Constant), nbv_06
b. Dependent Variable: nsto_06

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 16.610 2.906 5.715 .000 10.767 22.454
nbv_06 1.120 222 .588 5.040 .000 673 1.567 .588 .588 .588 1.000 1.000

a. Dependent Variable: nsto_06

Coefficient Correlations

Model nbv 06
1 Correlations  nbv_06 1.000
Covariances nbv_06 .049

a. Dependent Variable: nsto_06

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) nbv 06
1 1 1.800 1.000 .10 .10
2 .200 3.002 .90 .90
a. Dependent Variable: nsto_06
Regression
Descriptive Statistics
Mean Std. Deviation N
nsto_06 28.3308 15.08275 50
nea_06 1.5630 1.19214 50
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Correlations

nsto 06 nea 06
Pearson Correlation  nsto_06 1.000 .860
nea_06 .860 1.000
Sig. (1-tailed) nsto_06 . .000
nea_06 .000 .
N nsto_06 50 50
nea_06 50 50

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 nea_062 Enter

a. All requested variables entered.

b. Dependent Variable: nsto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8602 739 734 7.78358 739 135.992 1 48 .000
a. Predictors: (Constant), nea_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression 8238.944 1 8238.944 135.992 .0002
Residual 2908.035 48 60.584
Total 11146.979 49
a. Predictors: (Constant), nea_06
b. Dependent Variable: nsto_06
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 11.330 1.827 6.202 .000 7.657 15.003
nea_06 10.877 .933 .860 11.662 .000 9.002 12.752 .860 .860 .860 1.000 1.000

a. Dependent Variable: nsto_06
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Coefficient Correlation€

Model nea 06
1 Correlations  nea_06 1.000
Covariances nea_06 .870

a. Dependent Variable: nsto_06

Collinearity Diagnostic$

Condition Variance Proportions

Model Dimension | Eigenvalue Index (Constant) nea 06
1 1 1.798 1.000 .10 .10
2 .202 2.984 .90 .90

a. Dependent Variable: nsto_06

GERMANY 2003/2006 COMMON EXPLANATORY POWER

Regression

Descriptive Statistics

Mean Std. Deviation N
gsto_03 23.8265 24.90055 46
gbv_03 12.4987 11.40887 46
gea 03 1.2893 1.71542 46

Correlations

gsto 03 gbv 03 gea 03

Pearson Correlation  gsto_03 1.000 .843 .857
gbv_03 .843 1.000 792

gea_03 .857 792 1.000

Sig. (1-tailed) gsto_03 . .000 .000
gbv_03 .000 . .000

gea 03 .000 .000 .

N gsto_03 46 46 46
gbv_03 46 46 46

gea_03 46 46 46
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Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 gea_03
—
gbv 03 Enter

a. All requested variables entered.
b. Dependent Variable: gsto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8982 .807 798 11.20086 .807 89.698 2 43 .000
a. Predictors: (Constant), gea_03, gbv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |22506.938 2 11253.469 89.698 .0002
Residual 5394.751 43 125.459
Total 27901.689 45
a. Predictors: (Constant), gea_03, gbv_03
b. Dependent Variable: gsto_03
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 2.304 2.485 927 .359 -2.707 7.316
gbv_03 961 .240 440 4.007 .000 AT7 1.444 .843 521 .269 .373 2.684
gea_03 7.379 1.595 .508 4.627 .000 4.163 10.594 .857 577 .310 .373 2.684
a. Dependent Variable: gsto_03
Coefficient Correlationg
Model gea 03 gbv 03
1 Correlations  gea_03 1.000 -.792
gbv_03 -.792 1.000
Covariances gea_03 2.543 -.303
gbv_03 -.303 .057

a. Dependent Variable: gsto_03
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Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv 03 gea 03
1 1 2.485 1.000 .05 .03 .03
2 412 2.457 .70 .01 .18
3 .104 4.895 .25 .96 .78
a. Dependent Variable: gsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_03 23.8265 24.90055 46
gbv_03 12.4987 11.40887 46
Correlations
gsto 03 gbv 03
Pearson Correlation  gsto_03 1.000 .843
gbv_03 .843 1.000
Sig. (1-tailed) gsto_03 . .000
gbv_03 .000 .
N gsto_03 46 46
gbv_03 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 ghv_032 Enter
a. All requested variables entered.
b. Dependent Variable: gsto_03
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8432 .710 .704 13.55212 .710 107.920 1 44 .000

a. Predictors: (Constant), gbv_03
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |[19820.650 1 19820.650 107.920 .0002
Residual 8081.039 44 183.660
Total 27901.689 45
a. Predictors: (Constant), gbv_03
b. Dependent Variable: gsto_03
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) .835 2.982 .280 .781 -5.175 6.844
gbv_03 1.840 177 .843 10.388 .000 1.483 2.196 .843 .843 .843 1.000 1.000
a. Dependent Variable: gsto_03
Coefficient Correlation$
Model gbv_03
1 Correlations  gbv_03 1.000
Covariances  gbv_03 .031

a. Dependent Variable: gsto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv_03
1 1 1.742 1.000 A3 A3
2 .258 2.600 .87 .87
a. Dependent Variable: gsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_03 23.8265 24.90055 46
gea_03 1.2893 1.71542 46
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Correlations

gsto_03 gea 03
Pearson Correlation  gsto_03 1.000 .857
gea 03 .857 1.000
Sig. (1-tailed) gsto_03 . .000
gea_03 .000 .
N gsto_03 46 46
gea_03 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 gea_032 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_03

Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8572 734 .728 12.97672 734 121.692 1 44 .000
a. Predictors: (Constant), gea_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |20492.302 1 20492.302 121.692 .0002
Residual 7409.387 44 168.395
Total 27901.689 45
a. Predictors: (Constant), gea_03
b. Dependent Variable: gsto_03
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 7.787 2.403 3.240 .002 2.944 12.630
gea_03 12.440 1.128 .857 11.031 .000 10.167 14.713 .857 .857 .857 1.000 1.000
a. Dependent Variable: gsto_03
Coefficient Correlation$
Model gea 03
1 Correlations  gea_03 1.000
Covariances gea_03 1.272

a. Dependent Variable: gsto_03
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Collinearity Diagnostic$

a. All requested variables entered.

b. Dependent Variable: gsto_04

Model Summary

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gea 03
1 1 1.605 1.000 .20 .20
2 .395 2.016 .80 .80
a. Dependent Variable: gsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_04 27.4789 27.05094 46
gbv_04 13.7054 12.63793 46
gea_04 1.4700 2.00351 46
Correlations
gsto 04 gbv 04 gea 04
Pearson Correlation  gsto_04 1.000 .889 .834
gbv_04 .889 1.000 794
gea_04 .834 794 1.000
Sig. (1-tailed) gsto_04 . .000 .000
gbv_04 .000 . .000
gea 04 .000 .000 .
N gsto_04 46 46 46
gbv_04 46 46 46
gea_04 46 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 gea_04
—
gbv_04 Enter

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 9132 .834 .826 11.26802 .834 108.174 2

.000

a. Predictors: (Constant), gea_04, gbv_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |27469.260 2 13734.630 108.174 .0002
Residual 5459.637 43 126.968
Total 32928.897 45
a. Predictors: (Constant), gea_04, gbv_04
b. Dependent Variable: gsto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 2.606 2.490 1.047 .301 -2.416 7.629
gbv_04 1.312 219 613 6.002 .000 871 1.753 .889 675 373 .370 2.704
gea_04 4.690 1.379 .347 3.402 .001 1.909 7.470 .834 460 211 .370 2.704
a. Dependent Variable: gsto_04
Coefficient Correlations
Model gea 04 gbv 04
1 Correlations gea_04 1.000 - 794
gbv_04 -.794 1.000
Covariances gea_04 1.901 -.239
gbv_04 -.239 .048

a. Dependent Variable: gsto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv 04 gea 04
1 1 2.475 1.000 .05 .03 .03
2 421 2.426 .68 .01 .18
3 .104 4.878 .26 .96 .78
a. Dependent Variable: gsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_04 27.4789 27.05094 46
gbv_04 13.7054 12.63793 46
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Correlations

gsto_04 gbv 04

Pearson Correlation  gsto_04 1.000 .889
gbv_04 .889 1.000

Sig. (1-tailed) gsto_04 . .000
gbv_04 .000 .

N gsto_04 46 46
gbv_04 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 ghv_042 Enter

a. All requested variables entered.
b. Dependent Variable: gsto_04

Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8892 .790 .785 12.54876 .790 165.110 1 44 .000
a. Predictors: (Constant), gbv_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |26000.153 1 26000.153 165.110 .0002
Residual 6928.745 44 157.471
Total 32928.897 45
a. Predictors: (Constant), gbv_04
b. Dependent Variable: gsto_04
Coefficients

Unstandardized Standardized

Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics

Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 1.411 2.746 514 .610 -4.122 6.945
gbv_04 1.902 .148 .889 12.850 .000 1.604 2.200 .889 .889 .889 1.000 1.000
a. Dependent Variable: gsto_04
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Coefficient Correlation$

Model gbv_04
1 Correlations  gbv_04 1.000
Covariances gbv_04 .022

a. Dependent Variable: gsto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv_04
1 1 1.739 1.000 A3 A3
2 .261 2.580 .87 .87
a. Dependent Variable: gsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_04 27.4789 27.05094 46
gea_04 1.4700 2.00351 46
Correlations
gsto 04 gea 04

Pearson Correlation  gsto_04 1.000 .834

gea_04 .834 1.000
Sig. (1-tailed) gsto_04 . .000

gea 04 .000 .
N gsto_04 46 46

gea 04 46 46

Variables Entered/Removed
Variables Variables

Model Entered Removed Method
1 gea_0442 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_04

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8342 .695 .688 15.10086 .695 100.402 1 44 .000

a. Predictors: (Constant), gea_04
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |22895.313 1 22895.313 100.402 .0002
Residual 10033.585 44 228.036
Total 32928.897 45
a. Predictors: (Constant), gea_04
b. Dependent Variable: gsto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.929 2772 3.942 .000 5.342 16.516
gea_04 11.258 1.124 .834 10.020 .000 8.994 13.523 .834 .834 .834 1.000 1.000
a. Dependent Variable: gsto_04
Coefficient Correlations
Model gea 04
1 Correlations  gea_04 1.000
Covariances gea_04 1.262

a. Dependent Variable: gsto_04

Collinearity Diagnostic$
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Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gea 04
1 1 1.596 1.000 .20 .20
2 404 1.987 .80 .80
a. Dependent Variable: gsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_05 33.0254 32.04593 46
gbv_05 15.2335 14.25430 46
gea_05 1.7187 2.24925 46




Correlations

gsto 05 gbv 05 gea 05

Pearson Correlation  gsto_05 1.000 .906 915
gbv_05 .906 1.000 .846

gea_05 915 .846 1.000

Sig. (1-tailed) gsto_05 . .000 .000
gbv_05 .000 . .000

gea 05 .000 .000 .

N gsto_05 46 46 46
gbv_05 46 46 46

gea_05 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 gea_05
—
gbv_05 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9482 .899 .894 10.43762 .899 190.592 2 43 .000
a. Predictors: (Constant), gea_05, gbv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |41527.784 2 20763.892 190.592 .0002
Residual 4684.590 43 108.944
Total 46212.374 45

a. Predictors: (Constant), gea_05, gbv_05

b. Dependent Variable: gsto_05

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 4.319 2.302 1.876 .067 -.324 8.962
gbv_05 1.048 .205 466 5.117 .000 .635 1.461 .906 .615 .248 .284 3.518
gea_05 7.417 1.297 521 5.716 .000 4.800 10.034 915 .657 .278 .284 3.518

a. Dependent Variable: gsto_05
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Coefficient Correlation€

Model gea 05 gbv 05
1 Correlations  gea_05 1.000 -.846
gbv_05 -.846 1.000
Covariances gea_05 1.683 -.225
gbv_05 -.225 .042

a. Dependent Variable: gsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv 05 gea 05
1 1 2.506 1.000 .05 .02 .02
2 415 2.456 .73 .01 A2
3 .079 5.635 22 .97 .86
a. Dependent Variable: gsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_05 33.0254 32.04593 46
gbv_05 15.2335 14.25430 46
Correlations
gsto 05 gbv 05
Pearson Correlation  gsto_05 1.000 .906
gbv_05 .906 1.000
Sig. (1-tailed) gsto_05 . .000
gbv_05 .000 .
N gsto_05 46 46
gbv_05 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 gbv_052 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_05
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 9062 .822 .818 13.68854 .822 202.629 1 44 .000
a. Predictors: (Constant), gbv_05
ANOVAP
Sum of

Model Squares df Mean Square F Sig.
1 Regression |37967.822 1 37967.822 202.629 .0002

Residual 8244.552 44 187.376

Total 46212.374 45

a. Predictors: (Constant), gbv_05
b. Dependent Variable: gsto_05

Coefficients®

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 1.983 2971 .667 .508 -4.005 7.971
gbv_05 2.038 .143 .906 14.235 .000 1.749 2.326 .906 .906 .906 1.000 1.000
a. Dependent Variable: gsto_05
Coefficient Correlation$
Model gbv 05
1 Correlations  gbv_05 1.000
Covariances gbv_05 .020

a. Dependent Variable: gsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv_05
1 1 1.734 1.000 13 13
2 .266 2.553 .87 .87
a. Dependent Variable: gsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_05 33.0254 32.04593 46
gea_05 1.7187 2.24925 46
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Correlations

gsto_05 gea 05
Pearson Correlation  gsto_05 1.000 915
gea 05 915 1.000
Sig. (1-tailed) gsto_05 . .000
gea_05 .000 .
N gsto_05 46 46
gea_05 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 gea 052 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 9152 .837 .833 13.08815 .837 225.775 1 44 .000
a. Predictors: (Constant), gea_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |38675.183 1 38675.183 225.775 .0002
Residual 7537.190 44 171.300
Total 46212.374 45
a. Predictors: (Constant), gea_05
b. Dependent Variable: gsto_05
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.624 2.439 4.357 .000 5.710 15.539
gea_05 13.034 .867 915 15.026 .000 11.286 14.782 915 915 915 1.000 1.000

a. Dependent Variable: gsto_05
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Coefficient Correlation€

Model gea 05
1 Correlations  gea_05 1.000
Covariances gea_05 752

a. Dependent Variable: gsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gea 05
1 1 1.611 1.000 .19 .19
2 .389 2.036 .81 .81
a. Dependent Variable: gsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_06 36.5013 35.56258 46
gbv_06 17.7885 15.88167 46
gea_06 2.4500 2.56398 46
Correlations
gsto_06 gbv 06 gea 06
Pearson Correlation  gsto_06 1.000 .896 765
gbv_06 .896 1.000 .786
gea_06 .765 .786 1.000
Sig. (1-tailed) gsto_06 . .000 .000
gbv_06 .000 . .000
gea_06 .000 .000 .
N gsto_06 46 46 46
gbv_06 46 46 46
gea_06 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 gea_06
— A
gbv_06 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_06
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Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .9022 .813 .804 15.74031 .813 93.353 2 43 .000
a. Predictors: (Constant), gea_06, gbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression [46257.792 2 23128.896 93.353 .0002
Residual 10653.572 43 247.757
Total 56911.363 45
a. Predictors: (Constant), gea_06, gbv_06
b. Dependent Variable: gsto_06
Coefficients$
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) .381 3.518 .108 914 -6.713 7.475
gbv_06 1.730 .239 773 7.236 .000 1.248 2.213 .896 741 AT7 .382 2.620
gea_06 2.180 1.481 157 1.472 .148 -.807 5.167 .765 .219 .097 .382 2.620
a. Dependent Variable: gsto_06
Coefficient Correlation$
Model gea 06 gbv 06
1 Correlations  gea_06 1.000 -.786
gbv_06 -.786 1.000
Covariances gea_06 2.194 -.278
gbv_06 -.278 .057

a. Dependent Variable: gsto_06

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv_06 gea_06
1 1 2.563 1.000 .05 .02 .03
2 .337 2.758 .89 .04 .14
3 .100 5.058 .06 .94 .84

a. Dependent Variable: gsto_06

Regression
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Descriptive Statistics

Mean Std. Deviation N
gsto_06 36.5013 35.56258 46
gbv_06 17.7885 15.88167 46

Correlations

gsto_06 gbv 06

Pearson Correlation  gsto_06 1.000 .896
gbv_06 .896 1.000

Sig. (1-tailed) gsto_06 . .000
gbv_06 .000 .

N gsto_06 46 46
gbv_06 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 ghv_062 Enter

a. All requested variables entered.

b. Dependent Variable: gsto_06

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8962 .803 .799 15.94748 .803 179.777 1 44 .000
a. Predictors: (Constant), gbv_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |45721.193 1 45721.193 179.777 .0002
Residual 11190.171 44 254.322
Total 56911.363 45
a. Predictors: (Constant), gbv_06
b. Dependent Variable: gsto_06
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) .799 3.552 .225 .823 -6.360 7.958
gbv_06 2.007 .150 .896 13.408 .000 1.705 2.309 .896 .896 .896 1.000 1.000

a. Dependent Variable: gsto_06

315




Coefficient Correlation$

Model gbv_06
1 Correlations  gbv_06 1.000
Covariances  gbv_06 .022

a. Dependent Variable: gsto_06

Collinearity Diagnostic$

a. All requested variables entered.

b. Dependent Variable: gsto_06

Model Summary

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gbv_06
1 1 1.750 1.000 A3 A3
2 .250 2.643 .87 .87
a. Dependent Variable: gsto_06
Regression
Descriptive Statistics
Mean Std. Deviation N
gsto_06 36.5013 35.56258 46
gea_06 2.4500 2.56398 46
Correlations
gsto 06 gea 06

Pearson Correlation  gsto_06 1.000 .765

gea_06 .765 1.000
Sig. (1-tailed) gsto_06 . .000

gea_06 .000 .
N gsto_06 46 46

gea_06 46 46

Variables Entered/Removed
Variables Variables

Model Entered Removed Method
1 gea_062 Enter

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7652 .585 575 23.17263 .585 61.986 1 44 .000

a. Predictors: (Constant), gea_06
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ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |33284.644 1 33284.644 61.986 .0002
Residual 23626.719 44 536.971
Total 56911.363 45
a. Predictors: (Constant), gea_06
b. Dependent Variable: gsto_06
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.514 4.751 2.213 .032 .939 20.088
gea_06 10.607 1.347 .765 7.873 .000 7.892 13.322 .765 .765 .765 1.000 1.000
a. Dependent Variable: gsto_06
Coefficient Correlation$
Model gea 06
1 Correlations  gea_06 1.000
Covariances gea_06 1.815

a. Dependent Variable: gsto_06

FRANCE 2003/2006 COMMON EXPLANATORY POWER

Regression

Descriptive Statistics

Mean Std. Deviation N
fsto_03 30.8457 23.58114 46
fbv_03 18.4702 17.77167 46
fea 03 2.2576 2.12467 46
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Correlations

fsto 03 fov 03 fea 03
Pearson Correlation  fsto_03 1.000 .698 .827
fov_03 .698 1.000 .893
fea_03 .827 .893 1.000
Sig. (1-tailed) fsto_03 . .000 .000
fov_03 .000 . .000
fea_03 .000 .000 .
N fsto_03 46 46 46
fov_03 46 46 46
fea_03 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea 03
— 4
fbv_03 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_03

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8322 .693 678 13.37270 .693 48.464 2 43 .000
a. Predictors: (Constant), fea_03, fbv_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |17333.500 2 8666.750 48.464 .0002
Residual 7689.650 43 178.829
Total 25023.150 45

a. Predictors: (Constant), fea_03, fov_03
b. Dependent Variable: fsto_03

Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.545 2.922 3.609 .001 4.653 16.437
fov_03 -.266 .249 -.201 -1.071 .290 -.768 235 .698 -.161 -.091 .203 4.921
fea_03 11.172 2.081 1.007 5.368 .000 6.974 15.369 .827 .633 454 .203 4.921

a. Dependent Variable: fsto_03
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Coefficient Correlation$

Model fea 03 fov 03
1 Correlations  fea_03 1.000 -.893
fov_03 -.893 1.000
Covariances fea_03 4.332 -.462
fbv_03 -.462 .062

a. Dependent Variable: fsto_03

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov 03 fea 03
1 1 2.609 1.000 .05 .01 .01
2 341 2.767 .95 .04 .04
3 .050 7.193 .00 .94 .95
a. Dependent Variable: fsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_03 30.8457 23.58114 46
fov_03 18.4702 17.77167 46
Correlations
fsto 03 fov_03
Pearson Correlation  fsto_03 1.000 .698
fbv_03 .698 1.000
Sig. (1-tailed) fsto_03 . .000
fbv_03 .000 .
N fsto_03 46 46
fov_03 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fov_032 Enter

a. All requested variables entered.
b. Dependent Variable: fsto_03
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Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6982 .487 475 17.08400 487 41.736 1 44 .000
a. Predictors: (Constant), fov_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |12181.175 1 12181.175 41.736 .0002
Residual 12841.975 44 291.863
Total 25023.150 45
a. Predictors: (Constant), fbv_03
b. Dependent Variable: fsto_03
Coefficients$
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 13.746 3.654 3.762 .000 6.382 21.110
fbv_03 .926 .143 .698 6.460 .000 .637 1.215 .698 .698 .698 1.000 1.000
a. Dependent Variable: fsto_03
Coefficient Correlation$
Model fov_03
1 Correlations  fbv_03 1.000
Covariances fbv_03 .021

a. Dependent Variable: fsto_03

Collinearity Diagnostic$

Variance Proportions

Condition
Model Dimension | Eigenvalue Index (Constant) fov 03
1 1 1.724 1.000 .14 .14
2 276 2.501 .86 .86
a. Dependent Variable: fsto_03
Regression

Descriptive Statistics

Mean Std. Deviation N
fsto_03 30.8457 23.58114 46
fea_03 2.2576 2.12467 46
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Correlations

fsto 03 fea 03
Pearson Correlation  fsto_03 1.000 .827
fea_03 .827 1.000
Sig. (1-tailed) fsto_03 . .000
fea_03 .000 .
N fsto_03 46 46
fea_03 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea_03% Enter

a. All requested variables entered.

b. Dependent Variable: fsto_03

Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8272 .685 677 13.39494 .685 95.463 1 44 .000
a. Predictors: (Constant), fea_03
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |17128.474 1 17128.474 95.463 .0002
Residual 7894.676 44 179.424
Total 25023.150 45
a. Predictors: (Constant), fea_03
b. Dependent Variable: fsto_03
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 10.115 2.899 3.490 .001 4.273 15.957
fea_03 9.183 .940 .827 9.771 .000 7.288 11.077 .827 .827 .827 1.000 1.000
a. Dependent Variable: fsto_03
Coefficient Correlation$
Model fea 03
1 Correlations  fea_03 1.000
Covariances fea_03 .883

a. Dependent Variable: fsto_03
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Collinearity Diagnostic$
Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fea 03
1 1 1.732 1.000 A3 A3
2 .268 2.542 .87 .87
a. Dependent Variable: fsto_03
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_04 37.2522 25.50839 46
fbv_04 19.5841 18.97240 46
fea_04 2.1528 2.33498 46
Correlations
fsto 04 fov 04 fea 04
Pearson Correlation  fsto_04 1.000 794 .762
fov_04 794 1.000 794
fea_04 762 794 1.000
Sig. (1-tailed) fsto_04 . .000 .000
fov_04 .000 . .000
fea_04 .000 .000 .
N fsto_04 46 46 46
fov_04 46 46 46
fea_04 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea 04
—
fbv_04 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_04

Model Summary

Model

R R Square

Std. E
the Es

Adjusted
R Square

Change Statistics

rror of
timate

R Square
Change

F Change

dfl df2

Sig. F Change

1

.8232 .678

.663 14.

80715 .678

45.274

2 43

.000

a. Predictors: (Constant), fea_04, fov_04

322



ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |19852.680 2 9926.340 45.274 .0002
Residual 9427.824 43 219.252
Total 29280.503 45
a. Predictors: (Constant), fea_04, fov_04
b. Dependent Variable: fsto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 15.400 3.178 4.847 .000 8.992 21.809
fov_04 .689 191 512 3.601 .001 .303 1.074 794 481 312 .370 2.701
fea_04 3.886 1.554 .356 2.501 .016 753 7.019 762 .356 216 .370 2.701
a. Dependent Variable: fsto_04
Coefficient Correlations
Model fea 04 fov 04
1 Correlations  fea_04 1.000 -.794
fbv_04 -.794 1.000
Covariances fea_04 2.414 -.236
fov_04 -.236 .037

a. Dependent Variable: fsto_04

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov 04 fea 04
1 1 2.536 1.000 .05 .03 .03
2 .361 2.652 91 .05 A1
3 .104 4.944 .03 .93 .86
a. Dependent Variable: fsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_04 37.2522 25.50839 46
fov_04 19.5841 18.97240 46
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Correlations

fsto 04 fbv_04
Pearson Correlation  fsto_04 1.000 794
fov_04 794 1.000
Sig. (1-tailed) fsto_04 . .000
fov_04 .000 .
N fsto_04 46 46
fov_04 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fov_042 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_04

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7942 631 623 15.66672 631 75.295 1 44 .000
a. Predictors: (Constant), fov_04
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |18480.876 1 18480.876 75.295 .0002
Residual 10799.627 44 245.446
Total 29280.503 45
a. Predictors: (Constant), fbv_04
b. Dependent Variable: fsto_04
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 16.333 3.339 4.892 .000 9.604 23.062
fbv_04 1.068 123 794 8.677 .000 .820 1.316 .794 794 .794 1.000 1.000

a. Dependent Variable: fsto_04
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Coefficient Correlation$

Model fov_04
1 Correlations  fbv_04 1.000
Covariances fbv_04 .015

a. Dependent Variable: fsto_04

Collinearity Diagnostic$

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea_04% Enter

a. All requested variables entered.
b. Dependent Variable: fsto_04

Model Summary

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov 04
1 1 1.722 1.000 14 14
2 .278 2.489 .86 .86
a. Dependent Variable: fsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_04 37.2522 25.50839 46
fea_04 2.1528 2.33498 46
Correlations
fsto 04 fea 04
Pearson Correlation  fsto_04 1.000 .762
fea_04 762 1.000
Sig. (1-tailed) fsto_04 . .000
fea_04 .000 .
N fsto_04 46 46
fea_04 46 46

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7622 .581 571 16.70020 .581 60.987 1 44 .000

a. Predictors: (Constant), fea_04

325




ANOVAP

Sum of
Model Squares df Mean Square F Sig.
1 Regression |17009.048 1 17009.048 60.987 .0002
Residual 12271.456 44 278.897
Total 29280.503 45
a. Predictors: (Constant), fea_04
b. Dependent Variable: fsto_04
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 19.327 3.366 5.742 .000 12.543 26.111
fea_04 8.326 1.066 762 7.809 .000 6.178 10.475 762 762 762 1.000 1.000
a. Dependent Variable: fsto_04
Coefficient Correlations
Model fea 04
1 Correlations  fea_04 1.000
Covariances fea_04 1.137

a. Dependent Variable: fsto_04

Collinearity Diagnostic$
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Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fea 04
1 1 1.682 1.000 .16 .16
2 .318 2.299 .84 .84
a. Dependent Variable: fsto_04
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_05 49.4337 36.89064 46
fov_05 27.8148 46.28572 46
fea_05 2.5374 2.50056 46




Correlations

fsto 05 fov 05 fea 05
Pearson Correlation  fsto_05 1.000 .650 .710
fov_05 .650 1.000 .278
fea_05 .710 278 1.000
Sig. (1-tailed) fsto_05 . .000 .000
fov_05 .000 . .031
fea_05 .000 .031 .
N fsto_05 46 46 46
fov_05 46 46 46
fea_05 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea 05
— V4
fbv_05 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 .8522 726 713 19.75898 726 56.931 2 43 .000
a. Predictors: (Constant), fea_05, fbv_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |44453.418 2 22226.709 56.931 .0002
Residual 16787.939 43 390.417
Total 61241.356 45

a. Predictors: (Constant), fea_05, fov_05
b. Dependent Variable: fsto_05

Coefficients$

Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 17.093 4.287 3.987 .000 8.448 25.738
fov_05 .391 .066 491 5.905 .000 .258 525 .650 .669 AT72 923 1.084
fea_05 8.457 1.226 573 6.897 .000 5.985 10.930 710 725 551 923 1.084

a. Dependent Variable: fsto_05
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Coefficient Correlation$

Model fea 05 fov 05
1 Correlations  fea_05 1.000 -.278
fov_05 -.278 1.000
Covariances fea_05 1.504 -.023
fbv_05 -.023 .004

a. Dependent Variable: fsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov_05 fea 05
1 1 2.187 1.000 .07 .09 .07
2 .530 2.031 .15 91 .10
3 .283 2.778 .78 .00 .82
a. Dependent Variable: fsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_05 49.4337 36.89064 46
fbv_05 27.8148 46.28572 46
Correlations
fsto 05 fov 05
Pearson Correlation  fsto_05 1.000 .650
fov_05 .650 1.000
Sig. (1-tailed) fsto_05 . .000
fov_05 .000 :
N fsto_05 46 46
fov_05 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fov_052 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_05

328




Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6502 423 1409 28.34885 423 32.203 1 44 .000
a. Predictors: (Constant), fov_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |25880.431 1 25880.431 32.203 .0002
Residual 35360.925 44 803.657
Total 61241.356 45

a. Predictors:
b. Dependent

(Constant), fov_05
Variable: fsto_05

Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 35.022 4.891 7.161 .000 25.165 44.879
fbv_05 .518 .091 .650 5.675 .000 .334 .702 .650 .650 .650 1.000 1.000
a. Dependent Variable: fsto_05
Coefficient Correlation$
Model fbv_05
1 Correlations  fbv_05 1.000
Covariances fbv_05 .008

a. Dependent Variable: fsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fbv 05
1 1 1.519 1.000 .24 .24
2 .481 1.778 .76 .76
a. Dependent Variable: fsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_05 49.4337 36.89064 46
fea_05 2.5374 2.50056 46
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Correlations

fsto 05 fea 05
Pearson Correlation  fsto_05 1.000 .710
fea_05 .710 1.000
Sig. (1-tailed) fsto_05 . .000
fea_05 .000 .
N fsto_05 46 46
fea_05 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea_052 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_05

Model Summary

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7102 .504 492 26.28636 .504 44.631 1 44 .000
a. Predictors: (Constant), fea_05
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |30838.551 1 30838.551 44,631 .0002
Residual 30402.805 44 690.973
Total 61241.356 45
a. Predictors: (Constant), fea_05
b. Dependent Variable: fsto_05
Coefficients
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 22.870 5.553 4.119 .000 11.679 34.060
fea_05 10.469 1.567 .710 6.681 .000 7.311 13.627 710 710 710 1.000 1.000

a. Dependent Variable: fsto_05
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Coefficient Correlation$

Model fea 05
1 Correlations  fea_05 1.000
Covariances fea_05 2.456

a. Dependent Variable: fsto_05

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fea 05
1 1 1.716 1.000 14 14
2 .284 2.459 .86 .86
a. Dependent Variable: fsto_05
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_06 53.8572 40.53953 46
fbv_06 30.9987 49.56186 46
fea_06 2.1483 5.94616 46
Correlations
fsto 06 fbv 06 fea 06
Pearson Correlation  fsto_06 1.000 671 484
fov_06 671 1.000 .258
fea_06 484 .258 1.000
Sig. (1-tailed) fsto_06 . .000 .000
fov_06 .000 . .042
fea_06 .000 .042 .
N fsto_06 46 46 46
fov_06 46 46 46
fea_06 46 46 46

Variables Entered/Removed

Variables Variables
Model Entered Removed Method
1 fea 06
— A
fov_06 Enter

a. All requested variables entered.

b. Dependent Variable: fsto_06
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Model Summar

y

Change Statistics

Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 7442 .553 .533 27.71314 .553 26.647 2 43 .000
a. Predictors: (Constant), fea_06, fov_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |40930.620 2 20465.310 26.647 .0002
Residual 33024.788 43 768.018
Total 73955.408 45
a. Predictors: (Constant), fea_06, fov_06
b. Dependent Variable: fsto_06
Coefficients$
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 34.151 4.909 6.956 .000 24.250 44.051
fbv_06 479 .086 .585 5.547 .000 .305 .653 671 .646 .565 .933 1.071
fea_06 2.267 719 .332 3.152 .003 .816 3.717 .484 433 321 .933 1.071
a. Dependent Variable: fsto_06
Coefficient Correlation$
Model fea 06 fov_06
1 Correlations  fea_06 1.000 -.258
fov_06 -.258 1.000
Covariances fea_06 517 -.016
fbv_06 -.016 .007
a. Dependent Variable: fsto_06
Collinearity Diagnostic$
Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov 06 fea 06
1 1 1.850 1.000 .13 .14 12
2 .688 1.639 .21 .08 .86
3 462 2.001 .66 .79 .02

a. Dependent Variable: fsto_06

Regression
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Descriptive Statistics

Mean Std. Deviation N
fsto_06 53.8572 40.53953 46
fbv_06 30.9987 49.56186 46
Correlations
fsto 06 fbv 06
Pearson Correlation  fsto_06 1.000 671
fbv_06 671 1.000
Sig. (1-tailed) fsto_06 . .000
fov_06 .000 .
N fsto_06 46 46
fov_06 46 46
Variables Entered/Removed
Variables Variables
Model Entered Removed Method
1 fov_062 Enter
a. All requested variables entered.
b. Dependent Variable: fsto_06
Model Summary
Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 6712 .450 438 30.39670 .450 36.042 1 44 .000
a. Predictors: (Constant), fov_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |33301.207 1 33301.207 36.042 .0002
Residual 40654.201 44 923.959
Total 73955.408 45
a. Predictors: (Constant), fbv_06
b. Dependent Variable: fsto_06
Coefficients®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 36.843 5.303 6.948 .000 26.156 47.529
fbv_06 .549 .091 671 6.003 .000 .365 .733 671 671 671 1.000 1.000

a. Dependent Variable: fsto_06
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Coefficient Correlation$

Model fov_06
1 Correlations  fbv_06 1.000
Covariances fbv_06 .008

a. Dependent Variable: fsto_06

Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) fov 06
1 1 1.534 1.000 .23 .23
2 .466 1.816 77 a7
a. Dependent Variable: fsto_06
Regression
Descriptive Statistics
Mean Std. Deviation N
fsto_06 53.8572 40.53953 46
fea_06 2.1483 5.94616 46
Correlations
fsto 06 fea 06

Pearson Correlation  fsto_06 1.000 484

fea_06 484 1.000
Sig. (1-tailed) fsto_06 . .000

fea_06 .000 .
N fsto_06 46 46

fea_06 46 46

Variables Entered/Removed
Variables Variables

Model Entered Removed Method
1 fea_06% Enter

a. All requested variables entered.
b. Dependent Variable: fsto_06
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Model Summary

Change Statistics
Adjusted Std. Error of | R Square
Model R R Square | R Square | the Estimate Change F Change dfl df2 Sig. F Change
1 4842 .234 .216 35.88419 .234 13.433 1 44 .001
a. Predictors: (Constant), fea_06
ANOVAP
Sum of
Model Squares df Mean Square F Sig.
1 Regression |17297.694 1 17297.694 13.433 .0012
Residual 56657.714 44 1287.675
Total 73955.408 45
a. Predictors: (Constant), fea_06
b. Dependent Variable: fsto_06
Coefficients$®
Unstandardized Standardized
Coefficients Coefficients 95% Confidence Interval for B Correlations Collinearity Statistics
Model B Std. Error Beta t Sig. Lower Bound | Upper Bound | Zero-order Partial Part Tolerance VIF
1 (Constant) 46.774 5.633 8.304 .000 35.422 58.126
fea_06 3.297 .900 484 3.665 .001 1.484 5.110 484 484 484 1.000 1.000
a. Dependent Variable: fsto_06
Coefficient Correlation$
Model fea 06
1 Correlations  fea_06 1.000
Covariances fea_06 .809

a. Dependent Variable: fsto_06

Collinearity Diagnostic$

Variance Proportions

Condition
Model Dimension | Eigenvalue Index (Constant) fea 06
1 1 1.343 1.000 .33 .33
2 .657 1.430 .67 .67

a. Dependent Variable: fsto_06
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Collinearity Diagnostic$

Condition Variance Proportions
Model Dimension | Eigenvalue Index (Constant) gea 06
1 1 1.695 1.000 15 .15

2 .305 2.357 .85 .85

a. Dependent Variable: gsto_06
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